
 Eindhoven University of Technology

MASTER

Factors that explain actual marketing-generated lead follow-up

van Nies, S.J.L.

Award date:
2017

Link to publication

Disclaimer
This document contains a student thesis (bachelor's or master's), as authored by a student at Eindhoven University of Technology. Student
theses are made available in the TU/e repository upon obtaining the required degree. The grade received is not published on the document
as presented in the repository. The required complexity or quality of research of student theses may vary by program, and the required
minimum study period may vary in duration.

General rights
Copyright and moral rights for the publications made accessible in the public portal are retained by the authors and/or other copyright owners
and it is a condition of accessing publications that users recognise and abide by the legal requirements associated with these rights.

            • Users may download and print one copy of any publication from the public portal for the purpose of private study or research.
            • You may not further distribute the material or use it for any profit-making activity or commercial gain

https://research.tue.nl/en/studentTheses/f9379235-7030-4a4e-b0bd-3499010c9035


  

 

 

 

  

 

Factors that explain actual marketing-generated 

lead follow-up 

 

 

 

 

 

 

 

1st supervisor:  dr. ir. W. (Michel) van der Borgh 

2nd supervisor:  dr. J.J.L. (Jeroen) Schepers 

3rd assessor:  E. (Elisa) Maira, MSc 

Author:   Sjoerd van Nies – 0919927 

Program:  Master Innovation Management 

Date:   13-09-2017 

  



ii 

 

Eindhoven University of Technology 

Series Master Thesis Innovation Management 

 

 

Due to publication in the library of the Eindhoven University of Technology, this Master 

Thesis is anonymized and the company where the graduation project was carried out is 

mentioned as ‘Company XYZ’. 

 

 

 

 

 

 

Keywords: lead follow-up, marketing-generated leads, marketing, salesperson, sales team, 

motivation-opportunity-ability. 

 

  



iii 

 

Abstract 

A poor follow-up between Marketing and Sales is crucial since it could result in costs by 

focusing on ‘wrong’ leads and moreover, in missing sales revenue by losing ‘good’ leads. 

Company XYZ globally faces this issue by following-up on only 2% of marketing-generated 

leads and the Benelux Sales department on barely 13%. The goal of this research is to find an 

applicable solution for this problem by identifying lead-specific and sales representative-

specific factors, in a B2B context, that affect the decision-making on whether sales 

representatives actually follow-up on a marketing-generated lead. By conducting preliminary 

interviews and using the Motivation-Opportunity-Ability framework, several factors are 

identified: 1) Motivation; Prequalification, Marketing Campaign Lead, and Time to Target 

Date, 2) Opportunity; Marketing Lead Volume, and 3) Ability; Sales Experience and Customer 

Knowledge Utilization. A binary logistic regression is performed including 568 leads, related 

to 46 sales representative surveys to test these factors. Sales reps actually follow-up on 

marketing-generated leads when they are motivated to do so. Factors to either increase sales 

reps’ motivation or prevent demotivation are identified, which are not yet identified by previous 

studies, such as marketing campaign leads and customer knowledge utilization. The lead 

catcher can prevent demotivation of sales reps by distributing qualified marketing campaign 

leads towards less experienced sales reps with low customer knowledge utilization. In addition, 

the sales manager could motivate sales reps by involving sales reps in marketing campaigns 

and moreover, by creating targets for marketing-generated lead follow-up. Besides, sales reps 

should clarify the specifications of a ‘hot’ lead to reach consensus between Sales and Marketing 

by rewriting the prequalification criteria. Lastly, marketing-generated lead follow-up is 

important for individual sales performance, which strengthens the need to motivate sales reps 

to actual follow-up on marketing-generated leads.  
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Management Summary 
Introduction 

Research has shown that, in B2B settings, only 30% of marketing-generated leads are followed-

up by a Sales department (Marcus, 2002). A so-called poor follow-up could result in significant 

costs by focusing on ´wrong´ leads and moreover, missing sales revenue by losing ´good´ leads 

(Sabnis, Chatterjee, Grewal, & Lilien, 2013; Monat, 2011). Although this percentage can be 

experienced as low, Company XYZ (globally) converts only 2% of marketing-generated leads 

and the Benelux Sales department barely 13%. To illustrate, the Marketing department (i.e. lead 

catcher) distributes (dis)qualified leads to one sales representative (sales rep). Meanwhile, sales 

reps generate leads by themselves (i.e. self-generated leads). The flow of leads is explained in 

Figure 1, including the number of distributed leads and the percentage of no follow-up.  

ALL MARKETS (August 2016 – June 2017)

BENELUX (August 2016 – June 2017)

Inquiry

(51.478)

(2.239)

Marketing-

generated lead

(24.530)

(971)

Converted lead

(105.269)

(9.114)

66%

71%

98%

87%

17.704

659

500

124

Other Sources Self-generated lead

6.826

312 104.769

8.990

  
Figure 1 Flow of leads 
 

The purpose of this research is to find an applicable solution for the abovementioned problem 

by identifying lead-specific and sales rep-specific factors that affect the decision-making on 

whether sales reps actually follow-up on marketing-generated leads in a B2B selling context. 

In addition, this study investigates contingencies between marketing-generated lead follow-up 

and individual sales performance, to understand the bottom-line impact of marketing activities. 

Therefore, the following research question and sub-questions are formulated: 

When do sales representatives actually follow-up on marketing-generated leads and what are 

the effects on individual sales performance? 

1. Which factors can be identified that explain variation in actual marketing-generated lead 

follow-up? 

2. Are there contingencies of the lead follow-up and individual sales performance?  

3. How can Company XYZ improve marketing-generated lead follow-up? 
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Literature Review and Hypotheses 

According to preliminary interviews, both marketing and sales managers acknowledged the 

problem of marketing-generated lead follow-up. Moreover, some studies stated that sales reps 

complain about the quality of marketing-generated leads, whereas Marketing criticizes Sales 

for poor follow-up. However, besides Sabnis et al. (2013), studies have largely ignored factors 

that affect decision-making on whether to follow-up on marketing-generated leads. Sabnis et 

al. (2013) used the Motivation-Opportunity-Ability (MOA) framework (MacInnis, Moorman, 

& Jaworski, 1991) to identify lead-specific and sales rep-specific factors that affect time 

allocation for follow-up. However, it remains uncertain whether sales reps actually followed-

up on marketing-generated leads since the relationship between intention (i.e. time allocation) 

and behavior (i.e. actual follow-up) does not always hold (Ajzen, 1991). Based on preliminary 

interviews and Sabnis et al. (2013), several MOA-related factors are identified and translated 

into hypotheses to test if MOA also explains actual marketing-generated lead follow-up. 

Moreover, a negative interaction effect of experience on ‘opportunity’ and ‘motivation’ is 

expected, although only the results of these effects are mentioned. The conceptual model is 

shown in Figure 2.  

Survey

Company 
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MOTIVATION

- Prequalification

- Marketing Campaign 

Lead*

- Time to Target Date*

ACTUAL LEAD 

FOLLOW-UP

CONTROL 

VARIABLE

- Time allocation

-  Country*

- Segment*

ABILITY

- Customer Knowledge 

Utilization*

- Sales Experience
- Sales Experience

OPPORTUNITY

- Marketing Lead 

Volume

INDIVIDUAL SALES 

PERFORMANCE*

H3a-b

H2

H1a-c
H6

H5

H4a-c

* New Factors regarding to 

Sabnis et al. (2013)

 
Figure 2 Conceptual Model 
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MOA implies that sales reps can be motivated to follow-up on marketing-generated leads 

through a prequalification, involvement in marketing campaigns and by achieving their targets 

on time.  

H1a: As the qualification of leads become more positive, the probability of follow-up on 

marketing-generated leads also increases. 

H1b: When a marketing-generated lead is derived from a marketing campaign, the 

probability of follow-up on marketing-generated leads increases compared to non-

marketing campaign leads. 

H1c: As the time to target date decreases, the probability of follow-up on marketing-

generated leads increases. 

 

Next, Marketing can provide sales reps a greater opportunity to follow-up by distributing more 

leads (i.e. marketing lead volume). However, this can also result in an overload of leads. 

H2: There is an inverted U-shaped relationship between marketing lead volume and the 

probability of follow-up on marketing-generated leads.  

 

Lastly, whether sales reps follow-up on marketing-generated leads can depend on the ability of 

a sales rep, such as their experience or capability to use customer knowledge. 

H3a: As sales experience of sales rep increases, the probability of follow-up on 

marketing-generated leads decreases. 

H3b: As sales reps’ customer knowledge utilization increases, the probability of follow-

up on marketing-generated leads increases. 

 

Research Design 

Data is collected in two phases: 1) exploratory interviews to understand the context and identify 

factors not yet identified by previous studies, and 2) salesperson surveys and objective lead data 

from company records to test hypotheses. The research focuses on the Benelux since there are 

leads followed-up, so factors can be identified. Both lead-specific records and sales reps-

specific records are integrated to create a two-level dataset, which contains 568 leads and 46 

surveys. The hypotheses are tested using binary logistic regression analysis (i.e. lead is 

followed-up or not). Lastly, the Kendall’s tau-b correlation coefficient is measured to test 

contingencies of marketing-generated lead follow-up and individual sales performance. 
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Results 

First, higher prequalification, marketing campaign leads, and more marketing lead volume has 

a positive effect on marketing-generated lead follow-up. A quadratic term of marketing lead 

volume results in an even higher probability of follow-up. Moreover, greater sales experience 

and higher customer knowledge utilization have a negative impact on lead follow-up. 

Noteworthy, the post-hoc analysis shows that ‘hot’ leads are less likely to be followed-up 

compared to ‘warm’ leads. Secondly, the interaction effects are analyzed, where sales 

experience does negatively influence the positive effect of prequalification/marketing lead 

volume and lead follow-up. Furthermore, sales experience positively effects the relation of time 

to target date and lead follow-up. Lastly, marketing-generated lead follow-up has a positive 

effect on individual sales performance. 

 

Discussion and Conclusion 

This research provides both theoretical and managerial contributions to the Sales and Marketing 

department. Sales reps actually follow-up on marketing-generated leads when they are 

motivated to do so. Therefore, three conceptual solution designs to either increase sales reps’ 

motivation or prevent demotivation are developed to improve marketing-generated lead follow-

up. The lead catcher can prevent demotivation of sales reps by distributing qualified marketing 

campaign leads towards less experienced sales reps with low customer knowledge utilization. 

In addition, the sales manager could motivate sales reps by involving sales reps in marketing 

campaigns, in prequalification, and in distributing marketing leads and moreover, by creating 

targets for marketing-generated lead follow-up. Lastly, sales reps should clarify the 

specifications of a ‘hot’ lead to reach consensus between Sales and Marketing about the 

prequalification by rewriting the qualification criteria. 

In addition, factors are identified, which are not yet identified by previous studies, such 

as marketing campaign leads and customer knowledge utilization. Next, marketing-generated 

leads do have a crucial contribution towards individual sales performance, which strengthens 

the need to motivate sales reps and the relevance of this study. Lastly, time allocation on lead 

follow-up correlates with actual marketing-generated lead follow-up and therefore, empirical 

support that MOA-related factors explain the effects on actual marketing-generated lead follow-

up is provided.  
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1. Introduction 

This chapter will first introduce the analyzed company and their need for this research. Next, 

in chapter 1.3, the problem statement and research questions are developed, followed by the 

method and managerial relevance.  

 

1.1 Empirical Context 

Company XYZ, since 2016 a separated company, is a global leader in developing, producing, 

and selling lighting products and electronic devices. As a global leader, they pioneer the world 

changing development of electric light and LED and are leading the way in intelligent lighting 

systems (Company XYZ, 2017). Currently, Company XYZ has approximately 34,000 

employees in over 70 countries. To be successful as an independent company in a challenging 

competitive environment, an effective sales and marketing process is a key success factor 

(Biemans, Brenčič, & Malshe, 2010). ‘Lead Management’ is a sales and marketing process 

within Company XYZ and consists of generating and maintaining potential or existing 

customers that show interest in buying products (i.e. leads). Marketing distributes leads and 

ensures that these can be followed up by the Sales department. However, Company XYZ faces 

problems in the conversion rate between Sales and Marketing for the business-to-business 

(B2B) context. 

 

1.2 Research Motivation 

To illustrate, potential customers can contact Company XYZ by mail, telemarketing, face-to-

face, or via a web-form. A third-party receives these requests and will distribute the potential 

customers (i.e. inquiries) towards a Marketing employee of Company XYZ (i.e. lead catcher). 

These inquiries are prequalified by Marketing, and rated according to the BANT-criteria; 

Budget, Authority, Need, and Timing. So, what kind of financial possibilities does the lead 

have, which decision authority does the buyer have, how strong is the interest to buy, and lastly, 

in what time frame is the buying intention? Based on this, Marketing forwards these pre-

qualified leads towards Sales as ‘cold’, ‘warm’, ‘hot’, or ‘disqualified’, as can be seen in 

Appendix A. Next, the lead catcher possibly distributes these leads towards sales 

representatives (i.e. marketing-generated leads). If the lead catcher argues that a lead is not 

intended for the Sales department, the lead will not be distributed. Within the CRM-system 

‘Salesforce’, the lead catcher assigns a lead to one sales representative (sales rep). Meanwhile, 

sales reps generate leads by themselves as well (i.e. self-generated leads). Ideally, the sales rep 

should pick up these marketing-generated leads and finally turn both marketing-generated and 

self-generated leads into customers (Coe, 2004; Kotler, Rackham, & Krishnaswamy, 2006). 
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However, sales reps can decide themselves whether to pick up on marketing-generated leads or 

not. This flow of leads is briefly explained in Figure 3 including the actual inquiries and 

distributed (and converted) leads and the percentage of no follow-up. Sales reps followed-up 

on only 2% of the marketing-generated leads (500 out of 24.530) for Company XYZ global and 

followed-up on barely 13% in the Benelux Sales organization for the period August 2016 - June 

2017. This extremely low conversion rate between Sales and Marketing can be characterized 

as a poor lead follow-up1. Poor lead follow-up could result in significant costs, such as 

unnecessary marketing visits by focusing on ‘wrong’ leads and moreover, missing sales 

revenue, due to a misprediction of order bookings and losing ‘good’ leads (Sabnis, Chatterjee, 

Grewal, & Lilien, 2013; Monat, 2011). Therefore, an improvement in the marketing-generated 

lead follow-up is crucial for Company XYZ.  

ALL MARKETS (August 2016 – June 2017)

BENELUX (August 2016 – June 2017)

Inquiry

(51.478)

(2.239)

Marketing-

generated lead

(24.530)

(971)

Converted lead

(105.269)

(9.114)

66%

71%

98%

87%

17.704

659

500

124

Other Sources Self-generated lead

6.826

312 104.769

8.990

 
Figure 3 Flow of leads 
 

1.3 Problem Statement and Research Questions 

Research has shown that, in B2B settings, up to 70% of marketing-generated leads are not 

contacted by Sales (Marcus, 2002). In other words, approximately 30% of marketing-generated 

leads are actually followed-up; however, Company XYZ’s sales reps do not even reach this 

30% and are far below industry average. Company XYZ faces the crucial issue of poor lead 

follow-up and needs an applicable solution to prevent unnecessary costs and losses in sales 

revenue. Therefore, the following problem statement is formulated: 

The actual follow-up of marketing-generated leads of lead management by Company XYZ’s 

sales reps is too low (i.e. lower than 30%). 

1 Lead follow-up is defined as the decision of a sales rep to pick up a marketing-generated lead and convert it to the status of a 

‘potential customer’. 
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In order to find an applicable solution for the before mentioned problem statement, this research 

identifies organizational (i.e. lead-specific) and individual (i.e. sales rep-specific) factors that 

significantly affect the decision-making on whether sales reps actually follow-up on marketing-

generated leads. Furthermore, it is unknown whether marketing-generated leads, which are 

followed-up by the Sales department, are in the end more valuable compared to self-generated 

leads. Understanding the effect of marketing-generated leads on individual sales performance 

is essential; on the one hand to understand the bottom-line impact of marketing activities, on 

the other hand uncovering whether current sales practices are good or bad. If marketing-

generated leads are less valuable, there is an obvious explanation for not following-up on leads 

and marketing activities should clearly be reorganized. Therefore, the following research 

question is formulated:  

When do sales representatives actually follow-up on marketing-generated leads and what are 

the effects on individual sales performance? 

 

To answer this research question, the following sub-questions are formulated: 

1. Which factors can be identified that explain variation in actual marketing-generated lead 

follow-up? 

2. Are there contingencies of the lead follow-up and individual sales performance?  

3. How can Company XYZ improve marketing-generated lead follow-up? 

 

1.4 Research Method 

In order to generate the best solution, the empirical cycle (Van Aken, 1994) and the regulative 

cycle (Van Strien, 1997) are followed. The focus of this research is the empirical cycle, which 

is fully completed. The regulative cycle is followed since it is a business problem for Company 

XYZ, however, ends at step 3 with a conceptual solution design. This process is shown in Figure 

4 and a more detailed flowchart of chapters related to both cycles is shown in Appendix B.  

First, in chapter 1.3, the problem definition is formulated according to step 1 of the 

regulative cycle. Next, step 2 of the regulative cycle consists of exploration and validation. By 

conducting exploratory interviews, explained in chapter 2.3, the context of this research is 

explored and factors are identified beyond previous studies. All interviews are coded to identify 

factors that possibly affect the decision-making on whether to follow-up on marketing-

generated leads. Next, the empirical cycle is pursued by first performing a literature review and 

developing a theory. This is followed by generating hypotheses in Sections 2.5 to 2.9. In 

addition, according to the empirical cycle, the hypotheses are validated by integrating both lead-

specific and sales rep-specific data. This lead data was collected from Company XYZ’s CRM 
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system ‘Salesforce’ and from a survey to collect sales rep-specific data. Due to a binary 

outcome (i.e. a lead is followed-up or not), the hypotheses are tested by performing binary 

logistic regression analysis in IBM SPSS.  

Finally, back to the regulative cycle, insights from the results are transferred to usable 

concepts using CIMO-logic, which stands for ‘Context’, ‘Intervention’, ‘Mechanism’, and 

‘Outcome’ (Denyer, Tranfield, & Van Aken, 2008). The CIMO-logic is used to design a 

valuable solution for the lead management process within Company XYZ. Here, the first two 

steps of the design cycle are performed including design requirements and conceptual solution 

designs. 

1) Problem 

Definition

2) Analysis & 

Diagnosis

8) Solution 

Design
Intervention

Learning & 

Evaluation

3) Observation

4) Induction 

(developing 

theory)

5) Deduction 

(generating 

hypotheses)

6) Testing (of 

hypotheses)

7) Evaluation

Regulative Cycle Empirical Cycle

 

Figure 4 Regulative and Empirical Cycle 

1.5 Managerial Relevance 

This research contributes to the practices performed by Company XYZ in the following manner. 

First, if marketing-generated contributes to individual sales performance, Company XYZ 

should pay more attention to the follow-up on marketing-generated leads and the lead 

management process. Besides, this will strengthen the relevance of this study.  

Secondly, a broad explanation of factors whether sales reps’ follow-up on marketing-

generated leads is expected. If prequalification does influence whether to follow-up or not, 

Company XYZ can focus more on this qualification by distributing leads, and otherwise may 

wonder if it is still of added value. Next, if a marketing-generated lead derived from a marketing 

campaign is more likely to follow-up, possibly more marketing campaigns can be launched and 

especially, sales reps should be more involved in Marketing. Moreover, as a certain amount of 

distributed leads results in a work overload, Marketing could distribute leads more dispersed. 

Furthermore, if it is more likely that leads will be followed-up when a deadline approaches, 

Marketing can take this into account by distributing leads between various sales reps. Besides, 
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as the probability of follow-up leads depends on the sales reps’ ability, lead catchers can decide 

to forward leads only towards those skilled sales reps. All in all, Company XYZ can respond 

to these factors in order to increase the conversion rate, and so, to improve marketing-generated 

lead follow-up by investing more in possible successful leads or minimizing investments in 

non-successful leads. 

 

1.6 Structure 

This paper is organized as follows. In chapter two, a literature review is performed, followed 

by identified factors after preliminary interviews, the conceptual model, and hypotheses. Then, 

chapter three describes the data and methodology and the findings are presented in chapter four. 

Lastly, in chapter five, an explanation of the findings is given, recommendations for Company 

XYZ and theoretical contributions are provided, and limitations and suggestions for further 

research are elaborated. 
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2. Literature Review and Hypotheses 

According to step 1 of the empirical cycle, this chapter presents a literature review on lead 

follow-up to identify the study object. Next, in Section 2.2 a theory is developed as suggested 

in step 2. According to step 2 of the regulative cycle, the context of this research is analyzed 

and based on exploratory interviews and research, factors on lead follow-up are identified and 

defined in Section 2.3. Section 2.4 displays the conceptual model, followed by the generated 

hypotheses according to step 3 of the empirical cycle. 

2.1 Lead Follow-up 

One of the core activities of Marketing is to generate marketing-generated leads for Sales 

(Monat, 2011). Both functions have a common goal; generate profit and increase sales revenue 

(Kotler, Rackham, & Krishnaswamy, 2006) and ideally, Sales should follow-up on both types 

of leads and finally turn them into customers (Coe, 2004; Kotler, Rackham, & Krishnaswamy, 

2006). However, research has shown that, in B2B settings, up to 70% of marketing-generated 

leads are not contacted by Sales (Marcus, 2002). Moreover, practice shows that, in general, 

Sales is not following-up on marketing-generated leads (i.e. poor follow-up), which is 

acknowledged by both Sales and Marketing. 

Several studies have identified issues between Sales and Marketing, such as poor 

communication through a separation of both functions (Biemans, Brenčič, & Malshe, 2010), 

not understanding the buyers’ perspective which leads to a loss of sales opportunities (Friend, 

Curasi, Boles, & Bellenger, 2014) and poor sales performance through sales rep failures 

(Dubinsky, 1999). However, studies have largely neglected the issue of poor marketing-

generated lead follow-up. 

Existing research has identified some arguments for poor follow-ups, such as poor lead 

qualification through Marketing since it is often based on guesswork or intuition, probably 

because there is no consensus between both functions (D'Haen & van den Poel, 2013; Järvinen 

& Taiminen, 2016). In addition, Smith et al. (2006) found that leads are not followed-up on 

time, which results in a loss of potential sales revenue due to declining interest. Furthermore, 

poor follow-up can be attributed partly to the poor relationship between Sales and Marketing 

(Kotler, Rackham, & Krishnaswamy, 2006). In general, Sales complains about the quality of 

marketing-generated leads, whereas Marketing criticizes Sales for poor follow-up (Homburg, 

Jensen, & Krohmer, 2008; Homburg & Jensen, 2007; Biemans, Brenčič, & Malshe, 2010; 

Kotler, Rackham, & Krishnaswamy, 2006). Specifically, Oliva (2006) concludes that sales reps 

claim that marketing-generated leads lack the potential to be converted into a customer, and 
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therefore they focus only on ‘good’ leads. The study of Sabnis et al. (2013) found poor lead 

follow-up to be a crucial issue and argued that it needs an applicable solution. 

Moreover, the essence of understanding factors that affect lead follow-up is 

acknowledged by both practitioners and literature (Friend, Curasi, Boles, & Bellenger, 2014; 

Monat, 2011; Sabnis, Chatterjee, Grewal, & Lilien, 2013; Verbeke, Dietz, & Verwaal, 2011). 

To the best of our knowledge, besides Sabnis et al. (2013), studies have largely ignored factors 

that affect decision-making on whether to follow-up on marketing-generated leads. Sabnis et 

al. (2013) identified several factors that affect sales reps´ time allocation on lead follow-up, but 

it still remains uncertain whether sales reps actually followed-up on marketing-generated leads. 

Perceptual measure time allocation may also imply inefficiencies between people and do not 

necessarily correlate with actual follow-up. This is important because the relationship between 

intention (i.e. time allocation) and behavior (i.e. actual follow-up of marketing-generated leads) 

does not always hold (Ajzen, 1991). Besides, the Sabnis study was situated in the USA setting 

with four firms, which may limit generalizability. 

Furthermore, it is still unknown, when a marketing-generated lead is followed-up by the 

Sales department, if these leads are in the end more valuable compared to self-generated leads 

(i.e. individual sales performance). Understanding this relationship is essential; on the one hand 

to understand the bottom-line impact of Marketing activities, on the other hand uncovering 

whether current sales practices are good or bad. 

Therefore, this study focuses on actual marketing-generated lead follow-up instead of 

time allocation and in line with this defines lead follow-up as the decision of a sales rep to pick 

up a marketing-generated lead and convert it to the status of a ‘potential customer’. This implies 

that Sales actually adopt the lead and is responsible for transferring it into a deal. 

 

2.2 MOA Framework 

Sabnis et al. (2013) used the Motivation-Opportunity-Ability (MOA) framework (MacInnis, 

Moorman, & Jaworski, 1991) to identify lead-specific and sales rep-specific factors that affect 

the allocation of customer acquisition time for marketing-generated lead follow-up. The MOA 

theory is originally created to measure a behavioral outcome (i.e. motivation to process brand 

information in ads). Motivation captures the willingness of an individual to act; opportunity 

describes the environmental or contextual factors that support action; and ability represents 

individual skills or knowledge related to a particular action (MacInnis, Moorman, & Jaworski, 

1991). The basic MOA framework is shown in Figure 5.  
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Opportunity
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Outcome

 
Figure 5 Basic MOA framework 

 

The MOA framework is used since it includes both organizational and individual factors, which 

is applicable in this context. Besides, it has proven to be useful in several contexts to explain 

how MOA-related factors affect behavioral actions, including lead follow-up (Sabnis, 

Chatterjee, Grewal, & Lilien, 2013). In addition, Gruen et al. (2006) found that MOA predicts 

the level of customer-to-customer exchange and Kim et al. (2015) stated that MOA explains 

insights into factors that influence the effectiveness of buyer-driven knowledge transfer 

activities in a supplier development context. Next, MOA explains whether employees share 

knowledge among each other (Siemsen, Roth, & Balasubramanian, 2008). The goal of this 

research is to identify if MOA also explains whether sales reps actually follow-up on marketing-

generated leads and its effect on individual sales performance. 

 

2.3 MOA-related Factors 

To better understand lead follow-up in this context and identifying additional factors beyond 

Sabnis et al. (2013), seven interviews at Company XYZ were conducted. Detailed information 

can be found in Table 1 below, the method and coding can be found in Appendix C. 

 

Table 1 Description of interviews at Company XYZ 

 

 

Number Position Gender 

Length of 

Interview (in 

minutes) 

Type of 

Interview 

Sales experience at 

Company XYZ (in 

years) 

1 Process Expert Female 37 Telephone 4 

2 Process Expert Male 50 Telephone 10 

3 Digital Marketing Manager Female 25 Telephone 1 

4 Digital Marketing Specialist Male 40 In person 2 

5 Sales Manager Male 22 Telephone 6 

6 - 7 Sales Manager Male 23 + 14 Telephone 19 
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Company XYZ’s sales reps in the Benelux followed up on barely 13% of the distributed 

marketing-generated leads. In conversations with marketing and sales employees, the poor 

follow-up was acknowledged. According to the marketing manager [Interview 4]; “Sales have 

never worked with leads”, where the sales manager counters; “It often turns out that the quality 

of leads is not really good” [Interview 7]. In more detail, Marketing argues that sales reps are 

not used to follow-up on marketing-generated leads, and focus only on self-generated leads, do 

not share all the information they gather or under-valuate marketing-generated leads. Contrary, 

Sales mentioned that there is room for improvement regarding the quality of marketing-

generated leads, it often lacks important lead information and they do not have enough time to 

follow-up. However, in the end, both functions admit their own mistakes; Sales recognized they 

have become a bit indifferent over the years and do not follow-up on all marketing-generated 

leads anymore, whereas Marketing confirms that the quality of marketing-generated leads is a 

concern. Overall can be concluded that “the conversion rate of marketing-generated leads to 

potential customers is too low” [Interview 4]. 

According to Sabnis et al. (2013) and based on before mentioned preliminary 

interviews, the decision-making on whether to follow-up on marketing-generated leads can 

depend on several MOA-related factors. Table 2 displays sections from the preliminary 

interviews transcripts that provide support for the identified factors, their definitions, and 

literature to support these factors. Sales can be motivated to follow-up on marketing-generated 

leads through a proper pre-qualification, for example by only receiving ‘good’ leads. In 

addition, sales involvement in a marketing campaign could stimulate sales reps to follow-up 

and result in valuable leads. Next, if sales reps receive a bonus at the end of the month, but did 

still not achieve the targeted number of leads, the sales reps could be more motivated to follow-

up on marketing-generated leads. In order to validate Sabnis-model, marketing lead volume is 

of interest, which can provide sales reps a greater opportunity to follow-up. However, a high 

marketing lead volume could result in an overload of leads. Lastly, the ability of sales reps, so 

“who is on the receiving end of the lead” [Interview 1], could depend on the sales experience 

of the sales rep and the capability to use customer knowledge. Next, the factors are translated 

into hypotheses. 
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Factors Definition Quotes from Preliminary Qualitative Interviews Literature 

Motivation 

Prequalification 

Marketing screens and rates marketing-

generated leads as ´hot´, ´warm´, ´cold´ 

or ´disqualified´, based on Budget, 

Authority, Need and Timing. 

“And so-called prequalification is just an extra service which we can offer” 

[Interview 4]. 

“And the better you qualify, the higher your probability. That should be clear” 

[Interview 2]. 

“A lot of questions, via web or telephone, are not huge enough to send it to an 

account manager” [Interview 3]. 

(D'Haen & van den Poel, 2013; 

Monat, 2011; Ryan & Deci, 2000; 

Järvinen & Taiminen, 2016)  

Motivation 

Marketing 

Campaign Lead 

Whether a marketing-generated lead is 

derived from a marketing campaign or 

not. 

“But you really see, if we launch a campaign, we receive a lot. And often high-quality 

leads as well” [Interview 3]. 

“The campaigns we launch, are always streamlined. So, there is always a key account 

manager involved” [Interview 6]. 

“Actually, if it is derived from a campaign, it should be a no-brainer” [Interview 4]. 

(Moynihan & Pandey, 2007; Lewin, 

1947; Forsyth, 2009; Joshi & 

Hanssens, 2010; Brown, Cron, & 

Slocum Jr, 1998; Griffin & 

Moorhead, 2011) 

Motivation 

Time to Target 

Date 

The time between receiving a marketing-

generated lead and the date a target needs 

to be achieved (i.e. target date). 

“They get a certain target; I want you to visit so much customers, and generate so 

much leads” [Interview 6]. 

“Your manager set your objectives together with you and then you validate them and 

you basically review how close or far you are from achieving those objectives” 

[Interview 1]. 

(Brown, Cron, & Slocum Jr, 1998; 

Dubinsky, 1999; Schweitzer, 

Ordóñez, & Douma, 2004) 

Opportunity 

Marketing Lead 

Volume 

The number of marketing-generated 

leads a sales rep receives in total. 

 Derived from Sabnis et al. (2013) to 

validate their model. Additional 

proposal by (Lambert, 1991) 

Ability 

Sales Experience 

of Sales rep 

The number of years a sales rep is 

working in a Sales context. 

“I think it has to do with experience. Mainly experience, that’s really important.” 

[Interview 5]. 

“What you often see in B2B, that sales reps, especially if they already work for a 

while, they generated leads for themselves” [Interview 2]. 

(Sabnis, Chatterjee, Grewal, & 

Lilien, 2013; Dean, Brandes, & 

Dharwadkar, 1998; van der Borgh & 

Schepers, 2014) 

Ability 

Customer 

Knowledge 

Utilization 

The capability to exploit existing 

customer knowledge in order to improve 

the relationships (Salojärvi, Sainio, & 

Tarkiainen, 2010). 

“We take a look if we know their future plans. And if not, we make it more clear” 

[Interview 5]. 

 “And depending on what it is, what the account manager knows about the opportunity, 

then they can change the stage at which the lead is” [Interview 1]. 

(Sabnis, Chatterjee, Grewal, & 

Lilien, 2013; Salojärvi, Sainio, & 

Tarkiainen, 2010; Verbeke, Dietz, & 

Verwaal, 2011) 

Individual Sales 

Performance 

The total predicted value (i.e. number of 

sales revenue in euros) by comparing the 

ratio between marketing-generated leads 

and total generated leads. 

  

Table 2 Factors preliminary interviews and literature 
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2.4 Model Overview 

This research assumes that the decision-making on whether to follow-up on marketing-

generated leads depends on several MOA-related factors. We expect that lead-specific factors 

regarding motivation and sales rep-specific factors regarding ability and opportunity, directly 

affect actual lead follow-up. Next, we expect a moderation effect of sales reps’ experience on 

the relationship between ‘opportunity’ and ‘motivation’ on lead follow-up. Since ability is an 

individual factor and motivation and opportunity are organizational factors, it can be compared 

with the person-situation theory (Dickson, 1982). Here, personal factors (i.e. experience) affect 

behavior (i.e. lead follow-up) differently in particular contexts. Lastly, individual sales 

performance is also of interest to understand the bottom-line impact of marketing-generated 

lead follow-up. 

Based on preliminary interviews and Sabnis et al. (2013), the following factors are 

analyzed; 1) Motivation; Prequalification, Marketing Campaign Lead and Time to Target Date, 

2) Opportunity; Marketing Lead Volume, and 3) Ability; Sales Experience of a sales rep and 

Customer Knowledge Utilization. In addition, the following control variables are added to test 

the relative relationship between the dependent and independent variables; country (Belgium 

or the Netherlands), customer segment (Unknown, Public, Office & Industry or Retail & 

Hospitality) and time allocation to compare with actual lead follow-up. In Figure 6, the 

conceptual model and hypotheses are shown, all new factors are indicated with the symbol; *. 

The hypotheses are explained in Section 2.6 till 2.9. 

Survey

Company 

Records

MOTIVATION

- Prequalification

- Marketing Campaign 

Lead*

- Time to Target Date*

ACTUAL LEAD 

FOLLOW-UP

CONTROL 

VARIABLE

- Time allocation

-  Country*

- Segment*

ABILITY

- Customer Knowledge 

Utilization*

- Sales Experience
- Sales Experience

OPPORTUNITY

- Marketing Lead 

Volume

INDIVIDUAL SALES 

PERFORMANCE*

H3a-b

H2

H1a-c
H6

H5

H4a-c

* New Factors regarding to 

Sabnis et al. (2013)

 

Figure 6 Conceptual Model 
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2.5 Motivation 

Motivation is one of the most important predictors of a salesperson´s performance (Churchill 

Jr, Ford, Hartley, & Walker Jr, 1985) and can be divided into intrinsic and extrinsic. Intrinsic 

motivation can be defined as; the motivation to work mainly for “his/her own sake”, such as 

own interest, engagement or satisfaction. Extrinsic motivation means; the motivation to work 

mainly for an external goal, such as tangible incentives, recognition, or constraint by others 

(Amabile, Hill, Hennessey, & Tighe, 1994). The latter one (i.e. extrinsic motivation) has a 

positive impact on activities performed by a sales rep in the sales process (Miao, Evans, & 

Shaoming, 2007) and moreover, is directly influential by a company (Sabnis, Chatterjee, 

Grewal, & Lilien, 2013). This research focuses on the following external factors that can 

motivate sales reps to follow-up on marketing-generated leads: Prequalification, Marketing 

Campaign Lead and Time to Target Date. 

 Marketing screens leads, a so-called prequalification, and rates them according to the 

BANT-criteria as explained in chapter 1 and as can be seen in Appendix A. However, this 

prequalification is often based on guesswork, intuition or gut-feeling (D'Haen & van den Poel, 

2013; Monat, 2011; Järvinen & Taiminen, 2016). Järvinen & Taiminen (2016) found two 

possible reasons for this; There is no consensus between Sales and Marketing about a ‘hot’ lead, 

or there is a lack of information, where both reasons are acknowledged by Company XYZ 

[Interview 6]. Sales is not even familiar with the BANT-criteria. Nevertheless, Marketing filters 

out a lot of leads which are not valuable enough and identifies prequalification as “an extra 

service” which increases the probability to follow-up [Interview 2, 3 & 4]. Moreover, Sabnis et 

al. (2013) found a positive effect of perceived quality of prequalification on marketing-

generated lead follow-up. In addition, introjection is a kind of internal regulation and a type of 

extrinsic motivation, and such behavior is often meant to avoid guilt or anxiety (Ryan & Deci, 

2000). A form of introjection is focusing on approval of others. In this context, the approval of 

Marketing (i.e. high prequalification) can result in sales reps’ guilt to not follow-up an 

enormous potential customer. Therefore, we suppose that receiving ‘cold’ leads demotivate 

sales reps to follow-up and receiving ‘hot’ leads will motivate sales reps to follow-up. 

H1a: As the qualification of leads by marketing become more positive, the probability of 

follow-up on marketing-generated leads also increases. 

 

A marketing campaign lead is derived from a marketing campaign, which is launched by 

Marketing. Company XYZ launched some marketing campaigns over the past years, such as 

campaigns focused on cities and sports clubs. The marketing campaigns are always streamlined, 
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which implies that there is always at least one sales rep involved in developing the marketing 

campaign [Interview 6]. Involvement in work positively influences work motivation (Moynihan 

& Pandey, 2007; Griffin & Moorhead, 2011), so a sales rep should be extra motivated to follow-

up on ‘his’ marketing campaign leads. Mainly this particular sales rep receives leads related to 

their marketing campaign, however, this is not always the case. If the sales rep was not involved 

in this marketing campaign lead, but a colleague was, group dynamic can play an important 

role. Group dynamic has a serious impact on individuals’ actions and feelings (i.e. motivation) 

(Lewin, 1947; Forsyth, 2009). Hence, these sales reps should be extra motivated to follow-up 

on a ‘Sales’ lead. Next, Joshi & Hanssens (2010) state that marketing campaigns have a positive 

impact on the organization and since salespeople are usually competitive and performance-

oriented (Brown, Cron, & Slocum Jr, 1998), especially marketing campaigns should motivate 

sales reps to increase sales performance and so, particular follow-up on marketing campaign 

leads. Therefore, we suggest that marketing campaigns increase the motivation to follow-up on 

marketing-generated leads. 

H1b: When a marketing-generated lead is derived from a marketing campaign, the 

probability of follow-up on marketing-generated leads increases compared to non-

marketing campaign leads. 

 

Lastly, time to a target date is conceptualized as the time between receiving a marketing-

generated lead and the date a sales target needs to be achieved. Sales reps set targets together 

with their manager about generating a certain number of leads before the end of the month, 

which could result in a reward [Interview 4 & 6]. One of the tangible incentives, a dimension 

of extrinsic motivation, is rewards. Dubinsky (1999) found that rewarding positively influences 

sales performance, and moreover, increases the motivation (Gagné & Deci, 2015). Next, people 

with unachieved targets are more likely to exaggerate performance (Schweitzer, Ordóñez, & 

Douma, 2004), which implies that sales reps with unachieved targets are more motivated to 

perform and so, are more likely to follow-up on marketing-generated leads. We assume that the 

targets are not reached directly at the begin of a month, which implies a too low target. Leads 

are spread over the month, whereby they should exaggerate at the end of the month to achieve 

their target. Therefore, we suggest that when the target date gets closer, the sales reps’ 

motivation increases to follow-up on marketing-generated leads. 

H1c: As the time to target date decreases, the probability of follow-up on marketing-

generated leads increases. 
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2.6 Opportunity 

An opportunity reflects the degree to which something is supportive in order to achieve a certain 

outcome (Jaworski & MacInnis, 1989). As Sabnis et al. (2013) stated, sales reps should have 

the opportunity to follow-up on marketing-generated leads. This study focuses on marketing 

lead volume that could give sales reps the opportunity to follow-up on marketing-generated 

leads. 

 Marketing lead volume is the number of marketing-generated leads a sales rep receives 

in total. This factor is derived from Sabnis et al. (2013) in order to validate their model since 

the intention to follow-up does not always correlate with an actual follow-up. Of course, if sales 

reps do not receive any marketing-generated leads, they cannot follow-up. Therefore, we 

assume that more marketing-generated leads will lead to a higher probability of follow-up. 

Although this will probably not directly increase the percentage of lead follow-up, since a sales 

rep can receive 10 leads and follows-up on only two (20%) and another sales rep can receive 

20 leads and follows-up on four leads (also 20%). Besides, too many leads could result in a 

work overload, which is “the extent to which the job does not allow workers the time needed to 

do their job tasks well” (Lambert, 1991). A work overload is negatively related to motivation, 

so, receiving too many leads (i.e. work overload) can demotivate sales reps to follow-up. 

Therefore, we suppose that marketing lead volume has an inverted U-shaped relationship with 

the probability of marketing-generated lead follow-up.  

H2: There is an inverted U-shaped relationship between marketing lead volume and the 

probability of follow-up on marketing-generated leads.  

 

2.7 Ability 

Ability represents personal skills or knowledge related to a particular action (Rothschild, 1999). 

Similar to motivation, ability is an important predictor of a salesperson’s performance 

(Churchill Jr, Ford, Hartley, & Walker Jr, 1985). Assumed is that sales reps’ ability affects the 

action whether to follow-up on marketing-generated leads. This assumption is confirmed by 

practitioners, who stated that “the key is who is on the receiving end of the lead” [Interview 1]. 

In addition to sales rep experience (Sabnis, Chatterjee, Grewal, & Lilien, 2013), this research 

focuses on customer knowledge utilization. 

 Sales experience indicates the number of years a sales rep spends in a Sales context. 

Based on qualitative interviews, practitioners indicate that sales experience influences whether 

sales reps’ follow-up on marketing-generated leads or not [Interview 2 & 5]. In addition, Sales 
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acknowledge that they have become a bit indifferent in following-up marketing-generated 

leads, probably because experienced sales reps have received many ‘cold’ leads over the years 

[Interview 6]. This issue with receiving ‘cold’ leads could demotivate sales reps to follow-up 

on marketing-generated leads, because by receiving new leads possibly encounter “‘cold’ leads 

again” [Interview 6]. Moreover, Sabnis et al. (2013) stated that experienced sales reps believe 

in other ways to achieve their targets, such as focusing on self-generated leads. This implies 

that experienced sales reps focus less on marketing-generated leads. Therefore, we hypothesize 

that more experienced sales reps are less likely to follow-up on marketing-generated leads. 

H3a: As sales experience of sales rep increases, the probability of follow-up on 

marketing-generated leads decreases. 

 

Perceived customer knowledge utilization expresses the capability to exploit existing customer 

knowledge in order to improve the relationship (Salojärvi, Sainio, & Tarkiainen, 2010) and is 

positively related to sales performance (Verbeke, Dietz, & Verwaal, 2011). Sabnis et al. (2013) 

suggested that an increase of “customer knowledge and relationship quality” (i.e. customer 

knowledge utilization) should increase the ability of sales reps to follow-up on leads. So, if 

sales reps are able to develop new customer relationships by using existing customer knowledge 

(i.e. high customer knowledge utilization), they are possibly able to turn even low-quality leads 

(i.e. marketing-generated leads) into a customer. Therefore, we suggest that sales reps with high 

customer knowledge utilization are more likely to follow-up on marketing-generated leads. 

H3b: As sales reps’ customer knowledge utilization increases, the probability of follow-

up on marketing-generated leads increases. 

 

2.8 Moderating Hypotheses 

Similar to Sabnis et al. (2013), we suppose that sales rep experience moderates the relationship 

between motivation/opportunity and lead follow-up. Initially, since customer knowledge 

utilization is a perceptual measure, we do not consider an interaction effect of customer 

knowledge utilization on the relation between motivation/opportunity and lead follow; 

however, we will test this effect in the post-hoc analysis. Therefore, only sales experience is 

hypothesized as moderator. 
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Motivation-Related Moderation Hypotheses 

Prequalification and Sales Experience 

Prequalification by marketing should have a positive effect on following-up on marketing-

generated leads (H1a) and marketing campaign leads should increase the probability of 

marketing-generated lead follow-up (H1b). In addition, as sales reps’ experiences increases, we 

propose that the probability of follow-up decreases (H3a). Organization cynicism implies certain 

behavioral tendencies towards an organization and is mostly based on experience (Dean, 

Brandes, & Dharwadkar, 1998). In addition, it is associated with negative emotions, such as 

distrust. Since experienced sales reps received many ‘cold’ leads in the past and have become 

a bit indifferent, we assume that these sales reps tend to undervalue the prequalification or even 

do not trust the prequalification or marketing campaigns anymore (i.e. organizational cynicism) 

[Interview 6]. Moreover, age strengthens the relationship between autonomy and sales 

performance (van der Borgh & Schepers, 2014), which implies that older (i.e. more 

experienced) sales reps are more likely to adapt their own selling tactics to perform better. So, 

experienced sales reps tend to focus more on successful leads in the past, which are, according 

to them, self-generated leads. Therefore, we expect greater experience negatively moderates the 

positive effect of pre-qualification and marketing campaign leads on marketing-generated lead 

follow-up. 

H4a: The positive effect of the prequalification on the probability of follow-up on 

marketing-generated leads decreases as sales rep experience increases. 

H4b: The positive effect of marketing-generated leads derived from a marketing 

campaign on the probability of follow-up on marketing-generated leads decreases as 

sales rep experience increases. 

 

Time to Target Date and Sales Experience 

Shorter time between receiving a marketing-generated lead and the target date should enhance 

marketing-generated lead follow-up (H1c). Experience positively affects the ability to integrate 

information more effectively; however, the relationship of experience on ability stabilizes under 

time pressure (Thompson, et al., 2008). So, we assume that sales reps, regardless of their 

experience, response similar under time pressure. Nevertheless, targets are not particular set for 

marketing-generated leads, but for leads in general (i.e. self- and marketing-generated lead). 

Sabnis et al. (2013) stated that experienced sales reps believe in other ways to achieve their 

targets, such as focusing on self-generated leads. This implies that experienced sales reps, under 

equal time pressure, focus less on marketing-generated leads. Therefore, we suggest that greater 
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experience of sales reps reduces the positive effect of time to target date and marketing-

generated lead follow-up. 

H4c: The positive effect of a decrease in the time to target date on the probability of 

follow-up on marketing-generated leads decreases as sales rep experience increases. 

 

Opportunity-Related Moderation Hypothesis 

Marketing Lead Volume and Sales Experience 

We expect that receiving more marketing-generated leads positively affects the probability of 

marketing-generated lead follow-up (H2). Furthermore, we assume that a work overload will 

negatively influence the decision-making of follow-up on marketing-generated leads. Sabnis et 

al. (2013) stated that sales experience negatively moderates the positive relationship between 

marketing lead volume and marketing-generated lead follow-up. Sales reps with more 

experience have probably richer networks since they have been building relationships with an 

existing customer in the past years (Sabnis, Chatterjee, Grewal, & Lilien, 2013). Therefore, 

they probably focus more on their ‘own’ leads and less on marketing-generated leads. So, in 

line with Sabnis study, we assume that experienced sales reps are less likely to follow-up on 

marketing-generated leads. 

H5: The inverted U-shaped relationship between marketing lead volume and the 

probability of follow-up on marketing-generated leads will flatten as sales experience 

increases. 

2.9 Individual Sales Performance 

Individual sales performance is the number of sales revenue, predicted by a particular sales rep. 

The value of converted marketing-generated leads is compared to self-generated leads. 

Understanding contingencies between actual lead follow-up and individual sales performance 

is crucial; to understand the bottom-line impact of Marketing activities. In addition, it also may 

uncover whether current sales rep decisions are good or bad. If marketing-generated leads are 

less valuable, there is an obvious explanation for not following-up. If marketing-generated leads 

are more valuable, it strengthens the issue of poor lead follow-up and the relevance of this study. 

Therefore, as a marketing-generated lead is followed-up by Sales, the predicted value is 

compared with the predicted value of self-generated leads to estimate any association between 

marketing-generated lead follow-up and individual sales performance. 

H6: The follow-up on marketing-generated leads is associated with individual sales 

performance.  
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3. Research Design 

Data is collected in two phases: 1) exploratory interviews to understand the context and identify 

factors not yet identified by previous studies, and 2) salesperson surveys and objective lead data 

from company records to test hypotheses. Although the Benelux market generated a higher 

conversion rate compared to Company XYZ Global, Benelux data is collected because factors 

can be identified that effect actual follow-up since there are at least some converted marketing-

generated leads. The leads are ‘in all shapes and sizes’ and can vary across features such as 

marketing campaign, segment, prequalification rating, and country. First, an overview of the 

variables derived from both the questionnaire and company records and their corresponding 

level is displayed, shown in Table 3. These variables are further explained in chapter 3.1 and 

3.2. Chapter 3.3 explains multilevel data and lastly, chapter 3.4 discusses individual sales 

performance. Detailed information about qualitative data from preliminary interviews can be 

found in Appendix C and the survey in Appendix D.  

Table 3 Overview of variables 

Type Level Variable Measure 

Dependent 1; Leads Lead Follow-up Binary (0-1) 

Independent 1; Leads Prequalification Nominal (0-3) 

Marketing Campaign Lead Binary (0-1) 

Time to Target Date Nominal (1-31) 

2; Sales Reps Marketing Lead Volume Scale 

Sales Experience Nominal (0-6) 

Customer Knowledge Utilization Nominal (0-5) 

Control 1; Leads Country Binary (0-1) 

 Customer Segment Categorical (0-3) 

2; Sales Reps Time Allocation Marketing Scale 

3.1 Questionnaire 

Sample Structure Questionnaire 

The survey is conducted to support the formulated hypotheses. Before distributing the 

questionnaire, only sales reps are selected who are responsible for generating marketing, - as 

well as self-generated lead. All respondents are working in the Benelux and are responsible for 

improving customer relationships and generating revenue. In addition, they visit 

potential/existing customers and keep the status up-to-date in the CRM-system ‘Salesforce’. 

Every sales rep is placed in a customer segment (‘Public’, ‘Office & Industry’, or ‘Retail & 

Hospitality’), and is usually only responsible for one particular segment.  
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Data Collection Questionnaire 

The data is collected over a short period of time (i.e. cross-sectional), and therefore provides a 

snapshot of this context at a certain moment. The survey is developed in a specific Company 

XYZ´s communication tool (i.e. IBM Connections), to assure that all answers will be kept in 

the strictest confidentiality and in addition, by using this tool, the data is easy to export. In order 

to increase the response rate, the Sales Manager Benelux sent out an announcement and 

recommended filling in the survey. 

First, an invitation to participate was sent to the selected sales reps. A week after, a 

reminder was sent to sales reps who did not complete the survey till that moment. In the second 

and third week, personal reminders were sent via Skype. In total, the survey was distributed to 

110 salespeople, and especially due to sales managers’ support and personal reminders, 56 sales 

reps responded, resulting in a 51% response rate. After discarding 10 surveys which did not 

meet the minimum of receiving three marketing-generated leads, 46 surveys were retained for 

the study. Respondents provided information about factors within the conceptual framework, 

especially regarding their ability and time allocation. 

 

Measurement Instrument Questionnaire 

All factors measured by the survey can be indicated as level 2; Sales reps-level. First, ability 

factors are measured with this survey. Sales experience is measured in years spent in a Sales 

context (both within Company XYZ and overall). Customer knowledge utilization is measured 

according to the scale of Salojärvi et al. (2010), by asking three questions on a five-point Likert 

scale, ranging from ‘strongly disagree’ to ‘strongly agree’. Secondly, to test if time allocation 

is related to actual follow-up, Sabnis’ dependent variable is used as a control variable. The same 

measurement is used by asking the total number of hours a week, as well as the number of hours 

for following-up on marketing-generated or self-generated leads. Sales reps who did not fill in 

the total number of hours, the sum of ‘follow-up hours’ and non-sales activities is taken. These 

constructs and their corresponding scale are displayed in Table 4 below. 

Table 4 Constructs and scales 

Variables Scale Source 

Sales Experience Adapted from (Sabnis, Chatterjee, Grewal, & Lilien, 2013). 

Customer Knowledge 

Utilization 

Based on customer knowledge utilization on management 

level (Salojärvi, Sainio, & Tarkiainen, 2010). 

Time Allocation Marketing Adapted from (Sabnis, Chatterjee, Grewal, & Lilien, 2013). 
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3.2 Company Records 

Sample Structure Company Records 

Sales lead data is collected in order to test the hypotheses and measure the dependent variable. 

An overview of the reduction of the number of marketing-generated leads is displayed in Table 

5 and the data pre-processing steps are shown in Figure 7 on the next page. An overview of the 

reduction of self-generated leads and sales reps can be found in Appendix E. The first selected 

dataset contains 2074 leads in a period of 2.5 years (November 2015 - June 2017). However, 

due to the launch of a new lead management process in August 2016, only leads since then are 

selected as can be seen below. 

Table 5 Overview of marketing-generated leads 

Pre-processing 

step 

Description Marketing-

generated leads 

1 All Benelux Leads 2074 

2 Benelux Leads since August 2016 971 

3 Deleting 'test leads', accidentally non-Benelux leads and 

leads not distributed to a sales rep 

720 

6 Benelux Leads matched with respondents 568 

13 Benelux Qualified Leads matched with respondents 430 

12 Benelux leads followed-up 124 

12 Benelux leads followed-up matched with respondents  119 

12 Converted closed leads 37 

12 Converted won leads 7 

 

Data Collection Company Records 

The selected historical sales lead data is extracted from Company XYZ’s CRM system 

‘Salesforce’ and had to be prepared (i.e. select, clean, construct, integrate and format (Shearer, 

2000)). First, to clean the data, several leads are removed. For example, leads with clearly stated 

“This is a test lead”, some accidentally non-Benelux leads and some documentations requests. 

Leads are assigned to the lead catcher by a third party; however, the lead catcher does not 

always assign the leads to a sales rep. So, leads which are not passed on to a sales rep, are not 

included in this study, where all other leads are assigned to only one sales rep (i.e. lead owner). 

Concluding, out of these 971 leads, 720 leads can be analyzed. Data construction includes 

correcting date issues (i.e. Dutch or American date) and preparing the factor marketing lead 

volume by summing up the received leads and link it to a specific sales rep.
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1) Initial 

Dataset

2) Removing 

old Lead 

Management 

Process leads

3) Removing 

test, wrong and 

non-distributed 

leads

4) Preparing 

Factors

5) Calculate 

Cronbach;s 

Alpha

6) Matching 

firm-specific 

and sales rep-

specific data

7) Z-Score 

Normalization

8) Create 

Validation Set 

(50%)

Validation Set

10) Binary 

Logistic 

Regression

9) Perform 

Classification 

Table

Final Dataset

11) Estimate 

Model Fit

12) Individual 

Sales 

Performance

13) Post-hoc 

Analysis

 

Figure 7 Data pre-processing steps   
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Measurement Instrument Company Records 

The dependent variable is a binary variable (i.e. a marketing-generated lead is followed-up or 

not), which can be indicated as a level 1 variable. The group ‘follow-up’ is coded as 1, and ‘no 

follow-up’ as 0. Next, a prequalification is performed by Marketing as can be seen in Appendix 

A. The ranking is partly based on the certainty of the information, where disqualified leads are 

completely uncertain (i.e. unknown). However, ‘disqualified’ can be seen as an ‘outsider’ which 

does not fit the scale of prequalification. Therefore, the main research analyzes the complete 

scale and the post-hoc analysis includes research for disqualified compared to qualified leads 

(i.e. ‘hot’, ‘warm’ and ‘cold’), an analysis without disqualified leads and research including all 

dummy variables compared to the baseline; ‘warm’. Furthermore, marketing-generated leads 

derived from a marketing campaign are measured as a binary variable (i.e. derived from a 

marketing campaign or not). Both prequalification and marketing campaign leads are level 1. 

In addition, time to target date is measured by the time between the moment a marketing-

generated lead is received by a sales rep and the end of the month (i.e. target date). This 

independent variable is measured nominal since it has a maximum of 31 days before the target 

date. Since the time can be indicated per lead, it is a level 1 variable. Lastly, marketing lead 

volume is measured by adding all leads together a certain sales rep received. Since it is different 

per sales rep, it is a level 2 variable and measured as a, since it is different per sales rep. 

Three control variables are taken into account; Country, Customer Segment, and Time 

Allocation Marketing. Time allocation, as mentioned before, is to test if it is related to actual 

follow-up. Dummy variable country includes Belgium and Netherlands. Note; none of the 

Luxembourg’s sales reps responded, whereby this country is not included. Next, a lead is most 

of the time assigned to a specific segment, which can be seen as categorical variable including; 

‘Unknown’, ‘Public’, ‘Office & Industry’, and ‘Retail & Hospitality’. 

 

3.3 Multilevel Data 

In order to answer the research question, lead-specific data is matched with sales rep-specific 

data. So, both lead-specific records and sales rep-specific records are integrated creating a two-

level dataset, where the matching field in this dataset is the sales rep. The final dataset contains 

568 usable leads and 46 usable surveys. The post-hoc analysis contains 430 qualified leads 

(excluding 138 ‘disqualified’ leads). According to Hosmer & Lemeshow (2000), the 

recommended sample size of 400 is met. Moreover, Wieseke et al. (2008) state that a multilevel 

regression is sufficient as the sample size of sales reps is 50 or more. However, Maas & Hox 

(2005) stated that there is a minimum of 30 samples. Of course, a higher sample is more 
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sufficient for a better overview, however, we continue with a multi-level analyses with a 

macrolevel of 46. 

 

Method of Analysis 

The collected data is stored in Microsoft Excel 2016 since this is the default extracting format 

used by ‘Salesforce’ and ‘IBM connections’. Next, the data is analyzed using IBM SPSS. First, 

the descriptive statistics are displayed to show a brief overview of general information, such as 

relevant averages, the standard deviation and correlations between the variables. In addition, 

the Cronbach’s alpha for customer knowledge utilization is calculated. Lastly, all variables are 

normalized, using z-score normalization (i.e. rescaled to have a mean of zero and a standard 

deviation of one) to make sure that all variables contribute equally to a particular scale when 

additional variables are added to the model. Besides, it is easier to interpret results after 

normalization. The interaction variables are multiplied first and normalized afterwards. 

Secondly, since the outcome is binary, the hypotheses are tested by performing binary 

logistic regression analysis. The objective of logistic regression is identifying independent 

variables that impact whether marketing-generated leads are followed-up or not (Hair, Black, 

Babin, Anderson, & Tatham, 1998). According to Hair et al. (1998), and compared to 

assumptions of multiple regression, an advantage of binary logistic regression is disregarding 

assumptions like normal distribution or heteroscedasticity. In addition, it does not require linear 

relationships between the dependent variable and independent variable (Hair, Black, Babin, 

Anderson, & Tatham, 1998). Four different models are created in order to test the best model 

fit. Level 1 factors (i.e. motivation and opportunity) are included in model 1, after which ability 

as level 2 factor is added in model 2. Lastly, the two-way interactions of level 2 on level 1 are 

added in model 3. In addition, an extended model 4 is performed by adding quadratic terms. 

Binary logistic regression estimates the model by using the likelihood value, similar to the sums 

of squares values in multiple regression. The model estimation fit is measured by calculating 

and comparing the “Log of the Likelihood value (-2LL)”. The lower -2LL, the better the fit of 

the model. The model is validated by splitting the dataset into a validation sample. The 

validation sample contains 284 leads, which corresponds to a cut-value of 50% (Hair, Black, 

Babin, Anderson, & Tatham, 1998). Here, the overall predictive accuracy is measured over the 

validation sample by using the classification matrix, which measures how well leads are 

predicted and develops a percentage of correct predictions. This sample should exceed the 

predictive accuracy, compared to the predictive accuracy expected by chance.  
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3.4 Individual Sales Performance 

In order to determine whether converted marketing-generated leads are eventually more 

valuable compared to self-generated leads, all 124 converted leads in the Benelux are selected 

and in addition, 7.398 self-generated leads are added. Both datasets are over the period of 

August 2016 - June 2017. The correlation between the ratio of marketing-generated leads 

compared to total generated leads and the total sales value of 152 sales reps is measured. First, 

only won leads are analyzed, in order to be assured of the correct sales revenue, since these 

leads are already sold. If the sample size of won marketing-generated leads is too small, all 

leads (i.e. open and won) are analyzed. Here, the sales revenue is predicted by a sales rep and 

implies the value of sales revenue in euros. To ensure that the last predicted revenue correlates 

with the end sales revenue of closed leads, Kendall’s tau-b correlation coefficient is measured. 

This correlation coefficient is a nonparametric measure of correlation between two variables 

and is used since the data is not normal distributed (Hair, Black, Babin, Anderson, & Tatham, 

1998). Next, to test the correlation between the ratio of leads and the total predicted value, also 

Kendall’s tau-b coefficient is measured. Because there are many leads which did not follow-up 

any marketing-generated leads, whereby the data is not normal distributed (Hair, Black, Babin, 

Anderson, & Tatham, 1998).  
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4. Data Analysis 

According to step 4 of the empirical cycle, hierarchical binary logistic regression is applied to 

test the hypotheses. Chapter 4.1 shows the descriptive statistics of this research and the 

reliability and validity of measures are given. Besides, a Classification Table is shown to 

validate the model. Chapter 4.2 presents the results of the hypotheses, followed by the results 

of individual sales performance. Chapter 4.4 discusses the post-hoc analysis. Appendix F till K 

provides details of the analytical procedures. The implications of these findings will be 

discussed in chapter 5. 

 

4.1 Reliability and Validity of Measures 

Table 6 shows the correlations, the mean, standard deviation, and minimum and maximum for 

all variables. The 568 leads include 482 ‘Dutch’ and 86 ‘Belgium’ leads. As can be seen in 

Table 6, approximately 21% of the leads in this dataset is followed-up (i.e. 119 leads). From 

these 119 leads, 98 leads come from the Netherlands and 21 from Belgium. Only 21% of the 

leads are derived from a marketing campaign. The average of marketing lead volume is 86, 

mainly because there is one outlier of 213. This sales rep is working in the segment ‘Sports’ 

and is responsible for, among other things, all leads coming from a launched sports campaign. 

The total sample size contains 46 useful respondents (N = 46). Out of these 46, there 

were 43 men and only 3 women. Besides, 35 Dutch sales reps filled in the survey and 11 

respondents from Belgium. On average, the respondents were 40 years old and had 6-10 years 

of sales experience within Company XYZ and 11-15 years in total. Furthermore, the scale of 

customer knowledge utilization had a sufficient reliability with a Cronbach’s alpha of .736, as 

can be seen in Appendix F. The minimum of customer knowledge utilization is only 3.0, on a 

5-point scale, with an average of 4.3. So, the differences are quite small, indicating a standard 

deviation of .65. In addition, all respondents answered the question “How do you score the 

relationship between Marketing and Sales in general in Company XYZ?”, which is on average 

6.2, on a 10-point scale. 
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Table 6 Descriptive Statistics including correlations 

  1 2 3 4 5 6 7 8 9 10 

Level 1; Leads           

1. Follow-up 1.00          

2. Prequalification .182** 1.00         

3. Marketing Campaign Lead .062 -.027 1.00        

4. Time to target date -.058 .000 .170** 1.00       

Level 2; Sales Reps           

5. Marketing Lead Volume .101* -.613** -.076 -.027 1.00      

6. Experience -.001 .378** -.064 -.048 -.460** 1.00     

7. Customer Knowledge Utilization .034 -.533** -.113** -.022 .791** -.214** 1.00    

Control Variables           

8. Country -.036 -.018 -.094* -.079 .292** .105* .180** 1.00   

9. Segment -.134** .208** -.012 .115** -.193** .024 -.219** -.131** 1.00  

10. Time Allocation Marketing .054 -.496** .040 .003 .782** -.473** .517** .108* -.021 1.00 

Minimum 0 0 0 1 3 1 3 0 0 0 

Maximum 1 3 1 31 213 6 5 1 3 18 

Mean 0.2095 1.6127 0.2113 15.5933 86.9894 3.9120 4.3184 0.8486 1.0282 5.0405 

Std. Deviation 0.40732 1.19138 0.40857 8.62639 97.7985 1.51512 0.65264 0.35876 0.88446 4.91014 

n = 568 leads for N = 46 sales reps 

** p < .01 (two-tailed). * p < 0.05 (two-tailed) 
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The model is validated in order to ensure external as well as internal validity of the results. 

According to Hair et al. (1998), the most common way of validation binary regression is to 

create a validation sample to estimate the hypothesized model. Therefore, a random validation 

sample of 284 (i.e. the cut value is 50%) is created. Next, a classification Table is developed 

where step 0 represents the predictive accuracy expected by chance, without using any factors 

and step 1 represents the hypothesized model applied to the validation sample. The hit ratio (i.e. 

correctly classified follow-ups) of step 1 should exceed the predictive accuracy expected by 

chance (i.e. step 0). The validation sample correctly predicted 89.4% of the leads in step 1, 

compared to a standard hit ratio of 78.9% in step 0. So, external validity is supported (Hair, 

Black, Babin, Anderson, & Tatham, 1998). According to the classification Table, the 

hypothesized model can especially predict actual follow-up since step 1 indicates 37 correctly 

followed-up leads, whereas step 0 indicates none. This is shown in Table 7 below. 
 

Table 7 Classification Table 

   
Predicted 

follow-up 

Percentage 

Correct 
   

   
0 1 

 

Step 0 Observed 

follow-up 

0 224 0 100  
1 60 0 0  

Overall Percentage 78.9 

Step 1 Observed 

follow-up 

0 217 7 96.9  
1 23 37 61.7  

Overall Percentage 89.4 
 
 

4.2 Test of the Hypotheses 

First, the main effects of level 1 (i.e. motivation) to lead follow-up are analyzed in model 1. 

Next, we added the direct effects of level 2 to model 2. Lastly, the two-way interactions of level 

2 on level 1 are added to model 3. The results of all models can be found in Appendix G. Table 

8 summarizes the results of hypotheses related to motivation, opportunity and ability, the 

interaction effects and control variables and are explained after. In addition, the extended model 

shows quadratic terms and the interaction effect for customer knowledge utilization. In order to 

assess model fit, the -2LL is measured and compared to previous models. The lower -2LL, the 

better the fit of the model. ‘B’ shows the value for predicting the dependent variable from the 

factors in log-odds units. These are easy to convert into odds ratios; 

𝑂𝑑𝑑𝑠 =  𝐸𝐵 − 1 ∗ 100% 
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An increase/decrease in the probability can be calculated as follows;  

𝑃𝑟𝑜𝑏𝑎𝑏𝑖𝑙𝑖𝑡𝑦 =  
𝑂𝑑𝑑𝑠

1 + 𝑂𝑑𝑑𝑠
 

 

For example, a unit increase in prequalification in model 3, result in a greater probability of 

follow-up of 72%. 

𝐸1.287 − 1

1 + (𝐸1.287 − 1)
∗ 100% = 72% 
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Table 8 Effects on actual lead follow-up 

  

 
Dependent Variable: Actual Lead Follow-up  

Model 1 Model 2 Model 3 Model 4 
 

Level 1 only Level 1 and 2 Hypothesized 

model 

Extended Model 

Factor B SE B SE B SE B SE 

Motivation         

Prequalification .860*** .145 1.219*** .176 1.287*** .181 5.892*** 1.033 

Prequalification2       -4.423*** .938 

Marketing Campaign Lead .214* .113 .304** .118 .338*** .121 .097 .135 

Time to Target Date -.143 .113 -.164 .117 -.213* .121 -.215* .146 

Opportunity 
     

   

Marketing Lead Volume   2.083*** .364 .028 1.023 -10.126* 5.512 

Marketing Lead Volume2       22.830** 9.536 

Ability 
     

   

Sales Experience 
  

.303* .158 -2.372* 1.291 -4.318* 2.589 

Customer Knowledge 

Utilization 

  
-.558*** .215 -.820*** .232 -

11.444*** 

3.198 

Two-way Interactions 
     

   

Exp. * Preq. 
    

-.568*** .167 -.077 .170 

Exp. * Mark. Camp. Lead 
    

-.140 .122 .016 .133 

Exp. * Time to TD 
    

.256** .119 .310** .133 

Exp. * Mark. Lead Vol. 
    

-4.296** 1.795 -4.456* 2.439 

CKU * Preq.       .220 .187 

CKU * Mark. Camp. Lead       -.254* .143 

CKU * Time to TD       .079 .132 

CKU * Mark. Lead Vol.       -8.343*** 2.538 

Control Variables 
     

   

Country  -.207* .112 -.582*** .137 -.594*** .139 -.586*** .146 

Segment; Public -.666** .261 -.889*** .284 -.664** .306 .429 .367 

Segment; Office&Industry -.887** .342 -.778** .367 -.676* .380 .171 .429 

Segment; Retail&Hospitality -2.284*** .609 -1.249** .584 -.915 .587 -1.017 .654 

Time Allocation Marketing .591*** .132 -.306 .232 -.318 .208 -.580** .285 

-2 log-likelihood 518.356 473.632 450.912 395.763 

Change in fit index 
  

44.724 (d.f.= 3)*** 22.720 (d.f.= 4)*** 55.149 (d.f.= 6)*** 

*p-value <.10, **p-value <.05, ***p-value <.01 



32 

 

Motivation 

In line with H1a, the first model supports the proposed positive effect of prequalification on a 

sales reps’ decision to follow-up on a marketing-generated lead (B = .860, p < .01). Which 

implies that an increase in prequalification will result in an increase in the probability that a 

lead will be followed-up. Next, H1b is also confirmed; the probability that a lead derived from 

a marketing campaign will be followed-up is higher than a ‘normal’ lead (B = .214, p < .10). 

Lastly, H1c is not supported (B = -.143, n.s.), so the time between receiving a lead and the target 

date does not impact the decision-making of lead follow-up.  

 

Opportunity 

Model 1 has a -2LL of 518.356 (p < .01), by adding level 2 (i.e. opportunity and ability) to the 

model, the -2LL decreases with 44.724 (-2 x difference in log-likelihood ~ 2) increasing the 

model fit. As hypothesized in H2, marketing lead volume increases the probability of marketing-

generated lead follow-up (B = 2.083, p < .01). However, by analyzing both this and a quadratic 

effect in the extended model, the quadratic term has a huge positive impact on lead follow-up 

(B = 22.830, p < .01). Since there is an outlier of 213 receiving leads, an analysis is also 

performed without this sales rep. However, non-significant results are found as can be seen in 

Appendix H. Nevertheless, we found a slight peak by receiving 11 leads, which might be an 

indication of an optimal amount of volume, as can be seen in Appendix H. However, more 

research needs to be performed to validate this optimal number. 

 

Ability 

In contrast to H3a, sales rep experience has a positive, however, slightly significant impact on 

lead follow-up (B = .303, p < 0.1). In addition, we added the sales experience within Company 

XYZ, which noteworthy has a significant negative effect on lead follow-up (B = -.816, p < .01) 

as can be seen in Appendix I. Next, in contrast to H3b, customer knowledge utilization has a 

slightly negatively impact on lead follow-up (B = -.558, p < .01). So, the probability that a 

marketing-generated lead is converted by a sales rep with low knowledge customer utilization 

is higher.  

 

Multilevel Data 

In model 3, the hypothesized model, the log-likelihood difference test confirmed that including 

the two-way interactions provided the strongest fit with the data (2 = 22.720). Looking at the 

final model, we still found a significant, positive effect in support of H1a (B = 1.287, p < .01) 

and H1b (B = .338, p < .01). In contrast to H1c, we found a slightly significant negative effect of 
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time to target date on lead follow-up (B = -.213, p < .10). Next, by adding interaction effects, 

we found a non-significant positive effect of marketing lead volume on lead follow-up for H2 

(B = .028, n.s.). In contrast of model 2, but in support of H3a, this final model shows a slightly 

significant negative effect of sales experience on lead follow-up (B = -2.372, p < .10). Customer 

knowledge utilization, in contrast to H3b, has a negative impact on lead follow-up (B = -.820, p 

< .01). We posited that sales experience would negatively moderate the relationship between 

prequalification and actual lead follow-up and in support of H4a, we found a significant, 

negative interaction effect (B = -.568, p < .01). However, we did not find significant support 

for the interaction effect of marketing campaign lead and experience on lead follow-up (H4b) 

(B = -.140, n.s.). Next, we found support for H4c, since the negative effect of time to target date 

on lead follow-up will be strengthened due to sales experience (B = .256, p < .05). Lastly, in 

line with H5, the relationship between marketing lead volume and lead follow-up will flatten as 

sales experience increases (B = -4.296, p < .05). 

Moreover, we introduced country, customer segment and marketing time allocation as 

control variables. We found a significant negative effect for ‘country’ (i.e. 0 – Belgium and 1 

– The Netherlands). This implies that the probability a ‘Belgium’ lead will be followed-up is 

higher. Next, we found significant small negative effects for all other segments, compared to 

segment ‘Unknown’. Lastly, we found a significant positive effect of time allocation on lead 

follow-up; however, this effect became non-significant in the final model. Including the three 

control variables did not result in major changes in the significance or fit of our model. 

 

4.3 Individual Sales Performance 

First, won leads are analyzed in order to be assured of the correct value of sales revenue since 

these leads are already sold or lost. However, in total, there are 3039 leads closed; 3002 self-

generated and only 37 marketing-generated. Out of these closed leads, 2189 are won; 2182 self-

generated and 7 marketing-generated. So, this sample of won marketing-generated leads is too 

small to analyze. Therefore, the Kendall’s tau-b correlation is measured between the predicted 

sales value and the end sales value of closed leads to enable an analysis of both open and won 

opportunities. As can be seen in Appendix J, the value is significant and positive which implies 

that predicted values are comparable to real sales values (.616, p < .01). The final dataset (i.e. 

open and won) includes 7398 self-generated and 124 followed-up marketing-generated leads. 

This could differ from the converted marketing-generated leads before since some leads are 

included from sales reps who did not fill in the survey. The Kendall’s tau-b coefficient show, 
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in support of H6, a significant positive effect of the ratio ‘marketing-generated – total generated 

leads’ and the total predicted value (.302, p < 0.001), as can be seen in Appendix J. 

 

4.4 Post-hoc Analysis 

In the post-hoc analysis, prequalification is analyzed in various ways and customer knowledge 

utilization is tested as interaction effect. Since prequalification has a doubtful scale, we 

analyzed this variable in various ways. Descriptive statistics of prequalification are shown in 

Table 9. Next, we briefly explain the different effects, which are explained in more detail in 

Appendix K.  

Table 9 Descriptive statistics prequalification 

Prequalification Marketing-generated leads Followed-up 

Disqualified 138 2 

Cold 141 31 

Warm 92 47 

Hot 197 39 

 

First, prequalification as a whole is analyzed that resulted in a significant positive effect, which 

is explained above (H1a). Next, disqualified leads are compared to qualified leads, which 

resulted in a significant positive effect on the probability of follow-up (B = 1.747, p < 0.01). 

However, if the 138 disqualified leads are excluded from the dataset (430 qualified leads 

remaining), prequalification without disqualification has a non-significant positive effect on the 

probability of follow-up (B = .219, n.s.). Furthermore, an analysis is performed including 

dummy variables compared to the baseline; ‘warm’. Both ‘disqualified’ and ‘cold’ leads have 

a significant lower probability of follow-up, respectively (B = -2.106, p < 0.01) and (B = -.613, 

p < 0.01). However, ‘hot’ leads do also have a negative significant effect on marketing-

generated lead follow-up (B = -.596, p < 0.01). Moreover, a significant negative effect is found 

for the quadratic term of prequalification on lead follow-up (B = -4.4238, p < .01). Since ‘hot’ 

leads are less likely to be followed-up compared to ‘warm’ leads, the prequalification criteria 

is analyzed. Budget, Authority, Need and Timing are split and the importance of each item is 

tested. ‘Need’ is found as most important predictor for marketing-generated lead follow-up (B 

= 1.407, p < .01). The details are shown in Appendix K. 

 Customer knowledge utilization is tested as interaction effect in the extended model; 

however, only a significant negative effect is found for the relationship between marketing lead 

volume and lead follow-up (B = -.8343, p < .01) and for marketing campaign lead and lead 

follow-up (B = -.254, p < .10). 
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5. Discussion and Conclusion 

The goal of this study was to identify lead-specific and sales rep-specific factors that affect the 

decision-making on whether sales reps actually follow-up on marketing-generated leads in a 

B2B selling context. We argue that there are some factors of significant influence regarding 

lead follow-up. First, an explanation for this and for unexpected or non-significant hypotheses 

is given in Section 5.1, where an answer on sub-questions one and two is provided. Section 5.2 

provides managerial contributions for especially the Sales and Marketing department by using 

CIMO-logic regarding step three of the regulative cycle. Here, sub-question three and the 

research question is answered. Section 5.3 shows theoretical contributions, especially regarding 

Sabnis study. Lastly, Section 5.4 gives some limitations and suggestions for further research.  

 

5.1 Explanation of Findings 

First, regarding sub-question two; if there are contingencies of lead follow-up and individual 

sales performance, a positive impact of marketing-generated lead follow-up on individual sales 

performance is found. This implies that marketing-generated leads are valuable to follow-up 

compared to self-generated leads, and do have an important contribution towards individual 

sales performance. If a sales rep follow-up on more marketing-generated leads, the overall sales 

revenue of this individual probably increases. This finding strengthens the issue of poor 

marketing-generated lead follow-up and the relevance of this research to find factors that 

explain lead follow-up in order to increase the individual sales performance. 

According to interviews, research and after the data analysis, several MOA-related 

factors are identified and tested that explain variation in actual marketing-generated lead 

follow-up. Involvement of sales reps by marketing campaigns do motivate sales reps to actually 

pick up marketing-generated leads. So, marketing campaigns can be considered as valuable, 

which is not completely surprising since marketing campaigns have a positive impact on the 

organization (Joshi & Hanssens, 2010). More importantly, it seems that Sales involvement in 

Marketing is key to solve the issue of poor follow-up. Involvement in work is positively 

associated with employees´ motivation (Griffin & Moorhead, 2011), which implies that 

involvement in marketing campaigns motivate sales reps to focus on these leads. This is in line 

with Coe (2004), who stated that Sales and Marketing should work together to perform 

optimally. 

Moreover, important to note is the great positive effect of prequalification on marketing-

generated lead follow-up. The post-hoc analyses show noteworthy results, for example 

distributing qualified leads has a much higher probability of being followed-up compared to 
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disqualified leads. This support the predicted introjection behavior (Ryan & Deci, 2000) that 

sales reps’ actual follow-up on Marketing approved leads. However, the post-hoc analysis also 

shows that ‘hot’ leads are less likely to be followed-up compared to ‘warm’ leads. Previous 

research found that prequalification is often based on guesswork, intuition or gut-feeling and 

results in errors in qualification (D'Haen & van den Poel, 2013; Monat, 2011; Järvinen & 

Taiminen, 2016). A reason for these errors could be that there is no consensus between Sales 

and Marketing about a ‘hot’ lead (Järvinen & Taiminen, 2016), which could be an explanation 

for this interesting finding. This is partly acknowledged by Company XYZ, since Sales is not 

even familiar with the BANT-criteria [Interview 6]. Moreover, the post-hoc analysis shows the 

importance of especially one item of the BANT-criteria; ‘Need’. This issue can be connected 

to the before mentioned key solution by involving sales reps in the prequalification process. 

Lastly, the significant ability-factors of sales experience and customer knowledge 

utilization are noteworthy. Both factors demotivate sales reps to follow-up on marketing-

generated leads. The significant demotivating effect of sales experience (both total sales 

experience and within Company XYZ) on lead follow-up confirms the sales managers’ 

statement that the sales reps within Company XYZ have become a bit indifferent. Moreover, 

experienced sales reps created organization cynicism towards the prequalification of Marketing 

by receiving ‘poor’ leads in the past (Dean, Brandes, & Dharwadkar, 1998). Next, also customer 

knowledge utilization shows a negative effect on marketing-generated lead follow-up, which 

can be explained since higher customer knowledge utilization could result in more focus on 

improving existing relationships (Sabnis, Chatterjee, Grewal, & Lilien, 2013). Because 

customer knowledge utilization is mainly focused on improving existing customer relationships 

and marketing-generated leads are mostly new customers, sales reps are more likely to focus 

on their existing self-generated leads. 

 

5.2 Managerial Contributions 

The theoretical framework and empirical results suggest that there are several factors that 

influence the decision-making whether to follow-up on a marketing-generated lead. Therefore, 

this study is useful for sales reps, lead catchers, and sales managers who aim to improve 

marketing-generated lead follow-up. According to step 3 of the regulative cycle, 

recommendations are formulated into CIMO’s for respectively the lead catcher, the sales 

manager, and the sales rep (Denyer, Tranfield, & Van Aken, 2008). First, the design 

requirements are defined, which are displayed in Appendix L. Next, the CIMO’s are used as 

input for a visualization of the conceptual solution designs. 
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Lead Catcher 

When a lead catcher distributes marketing-generated leads to a sales rep (C), it is key to 

distribute only qualified marketing campaign leads towards less experienced sales reps with 

low customer knowledge utilization (I) due to introjection behavior on Marketing approved 

leads (Ryan & Deci, 2000) and organization cynicism by receiving non-qualified leads for 

especially experienced sales reps (Dean, Brandes, & Dharwadkar, 1998) (M) to improve 

marketing-generated lead follow-up (O). 

 

Based on this research, less experienced sales reps follow-up on qualified marketing-generated 

leads. Therefore, the lead catcher should distribute ‘good’ leads towards the right sales rep to 

increase the probability of marketing-generated lead follow-up, which implies; only qualified 

leads towards less experienced sales reps with low customer knowledge utilization. Since 

providing qualified leads and avoiding the distribution of non-leads, such as price requests or 

complaints [Interview 6] prevents demotivation (Oliva, 2006). Moreover, lead catchers should 

continuously wonder what motivates sales reps to follow-up on marketing-generated leads and 

why (D’Haen & Van den Poel, 2013). Therefore, lead catchers should implement criteria that 

take into account key factors as qualification, marketing campaigns, less sales experience, and 

low customer knowledge utilization. Besides, lead catchers should continually measure these 

factors and compare it to other Sales organizations in order to improve the overall process of 

lead management. For example, to ‘Belgium leads’, since here marketing-generated lead 

follow-up is significantly higher compared to the Netherlands. Figure 8 shows a visualization 

of the distribution of marketing-generated leads. 

 

 

 

 

 

 

 

 

  

Lead Catcher Sales Rep Checklist Lead 

Qualified lead 

Marketing campaign lead 

Less sales experience 

Low customer knowledge utilization 

 

Prevent demotivation 

Figure 8 Visualization of solution design for lead catcher 
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Sales Manager 

When marketing-generated leads are barely followed-up by Sales (C), it is desirable to involve 

sales reps in Marketing processes and create targets especially for marketing-generated leads 

(I) due to the positive effect of rewarding and involvement in marketing campaigns on sales 

reps’ motivation (Gagné & Deci, 2015; Griffin & Moorhead, 2011) (M) to improve marketing-

generated lead follow-up (O). 

 

This research explains that motivation is a crucial aspect whether a sales rep follow-up on 

marketing-generated leads or not. More detailed, it shows that involvement in marketing 

campaigns enhance lead follow-up, however, experienced sales reps are less motivated to 

follow-up on Marketing leads. Therefore, the sales manager should motivate (experienced) 

sales reps to actually follow-up on marketing-generated leads. For example, by involving sales 

reps in developing and launching marketing campaigns, in the prequalification of marketing-

generated leads, and in assigning (i.e. distributing) the marketing-generated leads towards the 

‘correct’ sales rep. Besides, targets can be created especially for marketing-generated leads to 

increase motivation, since current targets are intended for both marketing, - and self-generated 

leads (Gagné & Deci, 2015). A visualization of involving and rewarding sales reps is displayed 

in Figure 9. 

 

 

 

 

 

 

 

 

  

 

Sales Manager Sales Rep Involvement 

Rewarding 

Increase motivation 

Figure 9 Visualization of solution design for sales manager 
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Sales Rep 

When a sales rep receives ´poor´ marketing-generated leads (C), it is crucial to clarify the 

specifications of a ‘hot’ lead (I), in order to reach consensus between Sales and Marketing about 

a ‘hot’ lead (Järvinen & Taiminen, 2016) (M), to improve marketing-generated lead follow-up 

(O).  

 

Due to this research, an error is found in the prequalification, since ‘hot’ leads are less likely to 

be followed-up compared to ‘warm’ leads. Järvinen & Taiminen (2016) stated that no consensus 

between Sales and Marketing could cause this issue. Moreover, according to Oliva (2006), sales 

reps follow-up on only what they perceive as ‘hot’ leads. Noteworthy, Sales is not even familiar 

with the current prequalification criteria [Interview 6]. Therefore, sales reps should clearly 

clarify their perception of a ‘hot’ lead by for example rewriting (or splitting) the BANT-criteria 

of prequalification. Currently, for example, if a lead has a strong interest in buying products 

(i.e. need), although the time frame is unknown, the lead is qualified as ‘warm’ instead of ‘hot’. 

However, regarding the post-hoc analysis, a sales rep is more interested in the ‘need’ of a 

customer, so prequalification should be more focused on this item. A visualization of the 

clarification of a ´hot´ lead is shown in Figure 10.  

 

 

 

 

 

 

 

 

After successfully identifying factors that explain variation in marketing-generated lead follow-

up, finding contingencies of lead follow-up and individual sales performance and suggest 

improvements for Company XYZ, the research question can be answered; “When do sales 

representatives actually follow-up on marketing-generated leads and what are the effects on 

individual sales performance?”. Sales reps actually follow-up on marketing-generated leads 

when they are motivated to do so. There are various ways to either increase sales reps’ 

motivation or prevent demotivation, which is explained above. Moreover, marketing-generated 

lead follow-up is important for individual sales performance, which strengthens the need to 

motivate sales reps to actual follow-up on marketing-generated leads. 

Figure 10 Visualization of solution design for sales rep 

Specify a ‘hot’ lead 

Rewrite prequalification 

Sales & Marketing 

Reach consensus 

Sales Rep 
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5.3 Theoretical Contributions 

This article contributes to existing research in several ways. First, despite Sabnis study, studies 

thus far have largely ignored factors that affect decision-making on whether to follow-up on 

marketing-generated leads. We provide theoretical explanations and empirical support by 

identifying factors that explain variation in actual marketing-generated lead follow-up. Beyond 

Sabnis study, marketing campaign leads is important for marketing-generated lead follow-up, 

whereas customer knowledge utilization is critical. Besides, we validate that prequalification 

plays an important role in actual marketing-generated lead follow-up. Since sales reps only 

focus on, in their opinion, ‘good’ leads, prequalification can be seen as an important indicator 

of the quality of a lead (Oliva, 2006). However, as mentioned before, there are still some 

disagreements about a ‘hot’ lead. 

 Secondly, prior research has largely ignored the relation of marketing-generated lead 

follow-up and individual sales performance. This research offers actual insides into the 

contingencies between marketing-generated lead follow-up and individual sales performance. 

It shows the importance of marketing-generated leads compared to self-generated leads. 

Marketing-generated leads do have a crucial contribution towards individual sales performance, 

which strengthens the issue of poor follow-up and the relevance of this study. 

Thirdly, despite Sabnis et al. (2013) and much research in Sales and Marketing, research 

thus far has neglected to explain how sales reps’ behavior affect actual marketing-generated 

lead follow-up. However, Sabnis et al. (2013) used a perceptual measure for their dependent 

variable (i.e. lead follow-up), which was based on time allocation and in their own words “may 

not extend fully to the number of leads followed”. Time allocation partly matches with actual 

marketing-generated lead follow-up, whereby Sabnis study is supported. Therefore, we provide 

empirical support that MOA-related factors explain the effects on actual marketing-generated 

lead follow-up and moreover, show MOA framework’s utility for other Sales and Marketing 

contexts. 

 

5.4 Limitations and Further Research 

Although this study has both great theoretical and managerial contributions, it has limitations 

that create possibilities for further research. First, the findings might be limited to the settings 

of the organization we examined, namely B2B firms in an electronic context. Further research 

might assess the conceptual model and its relationships in other company settings and 

industries.  
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Secondly, derived from the flow of leads displayed in Figure 3, Benelux Sales organization is 

significant better in following-up marketing-generated leads compared to other Sales 

organizations. Since we argue that our findings are specific to this context, further research is 

needed to find out how generalizable the findings are to other Sales organizations. Although, 

this research only included leads from The Netherlands and Belgium and therefore, no 

conclusions can draft regarding Luxembourg. Further research in other Sales organizations 

could investigate how MOA explains actual follow-up. 

Thirdly, there are some limitations according to the dataset. The dataset contained too 

less closed marketing-generated leads, and therefore all (open and won) leads are included and 

the predicted value is used instead of the final sales value. Besides, the Kendall´s tau-b for 

individual sales performance can be perceived as low (lower than 0.40) (Hair, Black, Babin, 

Anderson, & Tatham, 1998). Further research should analyze a larger dataset including only 

won leads. Furthermore, customer knowledge utilization has only a small standard deviation, 

which implies slight differences in customer knowledge utilization. In addition, the moderate 

amount of leads can be considered as a limitation. Especially the distribution of leads towards 

sales reps, which is only limited divided. Further research on lead follow-up should include 

more marketing-generated leads and more variation over sales reps. 

 Fourth, more factors can be of interest to explain variation in actual lead follow-up. 

Probably, more predictors of sales performance could be of interest, such as role perceptions, 

personal skills and environmental variables (Churchill Jr, Ford, Hartley, & Walker Jr, 1985). 

Moreover, factors indicated in a Business-to-Consumer context can be of interest as well, such 

as the source of a lead or presence of products or services (Monat, 2011). 

 Despite these limitations, our conceptual framework and findings should prove useful 

for the Sales and Marketing department. We hope that our modest steps to address an 

explanation whether marketing-generated leads are followed-up or not prove interesting and 

generate additional research in this important area.  
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Appendices 

Appendix A; Prequalification Rating 

The tables below explain the prequalification rating and criteria within Company XYZ. 
 

 

Table 10 Rating Prequalification 

 

 

Table 11 BANT-criteria prequalification 

Budget What kind of financial possibilities does the lead have? 

Authority Which decision authority does the lead have? 

Need How strong is the interest/need to buy our products/solutions? 

Timing In what time frame (months) is the buying intention present? 
 

Table 12 BANT-criteria Input 

Budget Unknown (0) Unlikely (1) Neutral (2) Confident (3) 

Authority Unknown (0) No (1) Indirect (2) Direct (3) 

Need Unknown (0) Weak (1) Neutral (2) Strong (3) 

Timing Unknown (0) >12 (1) 3-12 (2) 0-3 (3) 

 

Main rule:  

• If Sum of the values ‘x ≤ 5’  Cold 

• If Sum of the values ‘5 < x < 9’  Warm 

• If Sum of the values ‘x ≥ 9’ and ‘no value is equal to 0 or 1’ Hot 

 

Exceptions: 

• If Sum leads to hot but at least one of the values is 0 or 1, then the Lead is warm. 

• If all the answers have a ‘0’ value then the Lead is disqualified. 

• If user selects ‘Urgent’ in the time value set, the lead will automatically be considered 

as hot. 

  

Prequalification Definition 

Hot lead A potential opportunity with enough information available to distribute 

the lead to sales, current buying intention has been validated. Sales will 

decide if they accept it and convert it into an opportunity. 

Warm lead Seems interesting but not enough information yet, needs to be nurtured 

further. 

Cold lead Further information has to be gathered to be able to decide whether this 

lead is interesting to follow-up. 

Disqualified lead Lead is not yet qualified 
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Appendix B; Flowchart Regulative and Empirical Cycle 

1) Problem 

Definition
Chapter 1.3

2) Analysis & 

Diagnosis
Chapter 2.3

3) Observation Chapter 2.1

4) Induction 

(developing 

theory)

Chapter 2.2

5) Deduction 

(generating 

hypotheses)

Chapter 2.5 
–    

6) Testing (of 

hypotheses)

7) Evaluation

8) Solution 

Design

Chapter 3 – 
 

Chapter 5

Chapter 5.2

 

Figure 11 Flowchart Regulative and Empirical Cycle  
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Appendix C; Research Design Preliminary Interviews 

Both qualitative and quantitative data is collected to develop and test the conceptual framework. 

Detailed information about qualitative data (i.e. preliminary interviews) is explained below. 

 

Sample Structure 

The main goal of preliminary interviews is to find support for the problem indicated by the 

literature and besides, to identify potential factors that influence whether to follow-up on a 

marketing-generated lead. In selecting interviewees, based on a theoretical sampling procedure, 

Company XYZ´s employees are identified across various functions and hierarchy levels. All 

interviewees were directly involved in marketing, sales or lead management and therefore had 

significant knowledge of lead follow-up. In selecting the sample, diversity among the 

interviewees is maximized. For example, respondents vary in terms of experience, and both 

sales and marketing participants are selected. 

 

Data Collection 

Before approaching the respondents, the sales manager of Company XYZ sent out an 

announcement, in order to create more willingness to cooperate. In addition, a brief introduction 

is given by the interviewer to create mutual trust. The interviews are semi-structured in order 

to allow aspects brought up by interviewees they considered as important. However, the main 

questions were; 1) “Can you describe the process of a lead?”, 2) “How do you (pre)qualify a 

lead?” and 3) “Which criteria do you have to accept a lead?”. Most interviews are conducted 

via skype, except for one, which was in person. On average, the interviews lasted 30 minutes 

and were all audiotaped. Of course, first permission for recording was given. Additionally, 

some interviewees provided extra information, such as Word-documents or PowerPoint-slides. 

 

Method of analysis 

According to the grounded theory (Saunders, Lewis, & Thornhill, 2007), all the interviews were 

coded. Firstly, open coding is performed by a line-by-line analyses of all documents in order to 

derive meaningful labels from the interviews. This method will lead to a more manageable 

project and is easier to proceed to the next step. Next, axial coding is about finding relationships 

between the before-mentioned labels (Strauss & Corbin, 1998). The main goal of axial coding 

is to identify and explain categories by indicating what and why something is happening 

(Saunders, Lewis, & Thornhill, 2007). Specifically, to relate lead stages to explored categories. 

Lastly, selective coding is performed, which consists of identifying specific factors and relating 
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different categories to these factors (Strauss & Corbin, 1998). In this case, to identify factors 

that possibly affect lead follow-up.   
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Table 13 Coding Preliminary Interviews 
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objectives together with 
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basically review how 
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objectives 
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vaak ziet in b2b, dat 

verkopers, zeker als ze 

wat langer in het vak 

zitten, zelf bij klanten 

rondlopen of zelf 

opzoek gaan dus ook 

zelf leads generen 

  X     
 

X 
  

X 
 

    
   

X 
  

  

5 We kijken naar in 

hoeverre wij op de 

hoogte zijn van de 

plannen en 

toekomstplannen die zij 

hebben. En daar waar 

we dat niet voldoende 

hebben, maken we dat 

scherper. 

X X     
 

X 
  

X 
 

    
  

X 
   

  

1 And depending on what 

it is, what the account 

manager knows about 

the opportunity, then 

they can change the 

stage at which the 

opportunity is. 

X X X     X   X X       X   X X       
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Appendix D; Survey Sales Representatives 

Introduction survey 

Thank you for agreeing to take part in this survey, measuring the relationship between sales and 

marketing. By gaining insights in this process, marketing can better serve sales in the future. 

This survey takes approximately 5 minutes to complete. Be assured that all answers will be kept 

in the strictest confidentiality. As part of this research, an anonymous benchmark can be 

provided to you.  

 

Ten-point scale: 1 = “very bad”, and 10 = “very good” 

 

How do you score the relationship between marketing and sales in general in Company XYZ?  

 

 

 

Five-point scale: 1 = “strongly disagree”, and 5 = “strongly agree” 

 

Follow-Up 

1. About how many hours do you work on average per week?  

… hours/week 

 

2. Looking at the process of contacting an opportunity till an opportunity is closed (won 

or lost). How many hours do you usually spend per week on the following; 

a. Marketing-generated leads? … hours/week 

b. Self-generated leads? … hours/week 

 

3. How many hours do you spend on customer retention (i.e. upselling, cross-selling, 

relationship management) and non-sales activities (i.e. paperwork, training)? 

a. Customer retention? … hours/week 

b. Non-sales activities? … hours/week 

 

Ability 

Customer Knowledge Utilization;  

1. I constantly assess customer relationships with the help of new customer knowledge. 

 

 

2. I regularly assess our sales processes to make sure they meet the customer expectations. 

 

 

3. I exploit customer-related knowledge actively in developing new value-added solutions to 

new customers. 

 

 

  

1 2 3 4 5 6 7 8 9 10 

1 2 3 4 5 

1 2 3 4 5 

1 2 3 4 5 
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Sales Experience; 

1. How many years of selling experience do you have in total? 

o < 1 

o 1 – 5 

o 6 – 10 

o 11 – 15 

o 16 – 20 

o > 20 

 

2. How many years of selling experience do you have in Company XYZ? 

o < 1 

o 1 – 5 

o 6 – 10 

o 11 – 15 

o 16 – 20 

o > 20 

 

Personal Questions 

Age; 

3. What is your age in years? 

o < 21 

o 21 – 30 

o 31 – 40 

o 41 – 50 

o 51 – 60  

o >60 
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Appendix E; Overview of Leads 

An overview of the reduction of the amount of self-generated leads is given below. In addition, 

an overview of the sales reps is given. 

 

Table 14 Overview of Self-generated leads 

Description Self-generated leads 

Benelux Leads since August 2016 8990 

Leads analyzed for individual sales performance 7398 

Closed leads 3002 

Closed won leads 2182 

 
Table 15 Overview of Sales representatives 

Description Sales reps 

All Benelux Sales Reps 110 

Respondents 56 

Minimum of three leads 46 
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Appendix F; Cronbach’s Alpha Customer Knowledge Utilization 

To validate the reliability of the scale of Customer Knowledge Utilization, a Cronbach’s Alpha 

is performed. The outcome is shown below. 

 

Table 16 Reliability Statistics 

Cronbach’s 

Alpha 

Cronbach’s Alpha Based on Standardized 

Items 

N of 

items 

.736 .737 3 

 
 

Table 17 Item Statistics 

Item Mean 

Std. 

Deviation N 

1. I constantly assess customer relationships with the help of 

new customer knowledge. 

3.9556 .63802 46 

2. I regularly assess our sales processes to make sure they 

meet the customer expectations. 

3.9111 .63325 46 

3. I exploit customer-related knowledge actively in 

developing new value-added solutions to new customers. 

4.0667 .61791 46 
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Appendix G; Details Data Analysis 

The details of the data analysis are showed below. All the three models are displayed separately.  

 

Table 18 Model 1; Level 1 

  B S.E. Wald df Sig. Exp(B) 

Step 1a Prequalification 0.86 0.145 35.013 1 0 2.363 

Time to Target Date -0.143 0.113 1.599 1 0.206 0.867 

Marketing Campaign Lead 0.214 0.113 3.62 1 0.057 1.239 

Country -0.207 0.112 3.435 1 0.064 0.813 

Time Allocation Marketing 0.591 0.132 20.077 1 0 1.806 

Segment     20.105 3 0   

Segment; Public -0.666 0.261 6.507 1 0.011 0.514 

Segment; Office & Industry -0.887 0.342 6.734 1 0.009 0.412 

Segment; Retail & Hospitality -2.284 0.609 14.059 1 0 0.102 

Constant -0.903 0.184 24 1 0 0.405 

 

Table 19 Model 2; Level 1 & 2 

  B S.E. Wald df Sig. Exp(B) 

Step 1a Prequalification 1.219 0.176 47.932 1 0 3.382 

Time to Target Date -0.164 0.117 1.957 1 0.162 0.849 

Marketing Campaign Lead 0.304 0.118 6.645 1 0.01 1.355 

Country -0.582 0.137 17.995 1 0 0.559 

Time Allocation Marketing -0.306 0.232 1.738 1 0.187 0.736 

Segment     13.407 3 0.004   

Segment; Public -0.889 0.284 9.816 1 0.002 0.411 

Segment; Office & Industry -0.778 0.367 4.496 1 0.034 0.459 

Segment; Retail & Hospitality -1.249 0.584 4.575 1 0.032 0.287 

Customer Knowledge Utilization -0.558 0.215 6.73 1 0.009 0.573 

Sales Experience 0.303 0.158 3.676 1 0.055 1.354 

Marketing Lead Volume 2.083 0.364 32.706 1 0 8.031 

Constant -1.042 0.21 24.629 1 0 0.353 
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Table 20 Model 3; Hypothesized Model 

  B S.E. Wald df Sig. Exp(B) 

Step 1a Time to Target Date -0.213 0.121 3.082 1 0.079 0.808 

Marketing Campaign Lead 0.338 0.121 7.85 1 0.005 1.403 

Prequalification 1.287 0.181 50.699 1 0 3.62 

Country -0.594 0.139 18.21 1 0 0.552 

Time Allocation Marketing -0.318 0.252 1.584 1 0.208 0.728 

Segment     6.615 3 0.085   

Segment; Public -0.664 0.306 4.724 1 0.03 0.515 

Segment; Office & Industry -0.676 0.38 3.169 1 0.075 0.509 

Segment; Retail & Hospitality -0.915 0.587 2.428 1 0.119 0.4 

Marketing Lead Volume 0.028 1.023 0.001 1 0.979 1.028 

Customer Knowledge Utilization -0.82 0.232 12.499 1 0 0.441 

Sales Experience -2.372 1.391 2.909 1 0.088 0.093 

Experience * Time to TD 0.256 0.119 4.64 1 0.031 1.291 

Experience * Campaign -0.14 0.122 1.325 1 0.25 0.869 

Experience * Prequal. -0.568 0.167 11.581 1 0.001 0.566 

Experience * Volume -3.125 1.306 5.727 1 0.017 0.044 

Constant -1.293 0.239 29.297 1 0 0.275 

 

Table 21 Model 4; Extended Model 

  B S.E. Wald df Sig. Exp(B) 

Step 

1a 

Prequalification 5.892 1.033 32.515 1 .000 361.994 

Marketing Campaign Lead .097 .135 .517 1 .472 1.102 

Time to Target Date -.215 .130 2.738 1 .098 .807 

Country -.586 .146 16.157 1 .000 .557 

Segment     4.641 3 .200   

Segment; Public .429 .367 1.368 1 .242 1.536 

Segment; Office & Industry .171 .429 .160 1 .689 1.187 

Segment; Retail & Hospitality -1.017 .654 2.415 1 .120 .362 

Time Allocation Marketing -.580 .285 4.152 1 .042 .560 

Sales Experience -4.318 2.589 2.781 1 .095 .013 

Customer Knowledge Utilization -11.444 3.198 12.807 1 .000 .000 

Marketing Lead Volume -10.126 5.512 3.375 1 .066 .000 

Experience * Time to TD .310 .133 5.405 1 .020 1.363 

Experience * Campaign .016 .133 .014 1 .904 1.016 

Experience * Prequalification -.077 .170 .206 1 .650 .926 

Experience * Volume -4.456 2.439 3.338 1 .068 .012 

Prequalification Quadratic -4.423 .938 22.256 1 .000 .012 

CKU * Prequalification .220 .187 1.391 1 .238 1.247 

CKU * Campaign -.254 .143 3.160 1 .075 .776 

CKU * Time to TD .079 .132 .356 1 .551 1.082 

CKU * Volume -8.343 2.538 10.803 1 .001 .000 

Marketing Lead Volume Quadratic 22.830 9.536 5.732 1 .017 8223646078.601 

Constant -2.218 .317 49.075 1 .000 .109 
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Appendix H; Marketing Lead Volume 

As described in the text, a non-significant effect is found for marketing lead volume by 

removing the outlier. Moreover, we found a slight peak by receiving 11 leads.  

 

 
Table 22 Marketing lead volume without outlier 

  B S.E. Wald df Sig. Exp(B) 

Step 1a Time to Target Date -0.052 0.148 0.123 1 0.726 0.949 

Marketing Campaign Lead 0.387 0.154 6.315 1 0.012 1.473 

Prequalification 0.271 0.175 2.392 1 0.122 1.311 

Marketing Lead Volume -0.127 0.156 0.666 1 0.415 0.881 

Country -0.725 0.188 14.793 1 0 0.485 

Segment -0.005 0.17 0.001 1 0.977 0.995 

Time Allocation Marketing 0.206 0.19 1.176 1 0.278 1.228 

Sales Experience 0.589 0.212 7.718 1 0.005 1.803 

Customer Knowledge 

Utilization 

-0.535 0.167 10.33 1 0.001 0.585 

Constant -1.716 0.166 106.307 1 0 0.18 
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Appendix I; Sales Experience Company XYZ 

The table below shows the significant negative effect of sales experience within Company 

XYZ on marketing-generated lead follow-up. 

 

Table 23 Sales experience within Company XYZ 

  B S.E. Wald df Sig. Exp(B) 

Step 1a Prequalification 1.265 0.179 49.919 1 0 3.543 

Marketing Campaign Lead 0.267 0.12 4.997 1 0.025 1.307 

Time to Target Date -0.188 0.119 2.51 1 0.113 0.828 

Sales Experience Company 

XYZ 

-0.816 0.227 12.916 1 0 0.442 

Sales Experience Total 0.918 0.235 15.291 1 0 2.503 

Marketing Lead Volume 2.028 0.383 27.99 1 0 7.598 

Customer Knowledge Utilization -0.592 0.228 6.78 1 0.009 0.553 

Country -0.533 0.14 14.578 1 0 0.587 

Segment     14.762 3 0.002   

Segment; Public -0.988 0.288 11.755 1 0.001 0.372 

Segment; Office & Industry -0.679 0.376 3.262 1 0.071 0.507 

Segment; Retail & Hospitality -1.338 0.597 5.027 1 0.025 0.262 

Time Allocation Marketing -0.147 0.251 0.342 1 0.559 0.864 

Constant -1.081 0.217 24.803 1 0 0.339 
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Appendix J; Individual Sales Performance 

This appendix will show the Kendall’s tau-b table for analyzing individual sales performance. 

 

 

Table 24 Correlation Kendall’s tau-b; Predicted value and End value 

 

 

 

 

 

 

 

Table 25 Correlations Kendall's tau-b; Individual Sales Performance 

 

  

  Predicted 

Sales Value 

End Sales Value 

Kendall's 

tau-b 

Predicted 

Sales 

Value 

Pearson Correlation 1 .616** 

Sig. (2-tailed) . .000 

N 1486 1486 

End 

Sales 

Value 

Pearson Correlation 
 

1 

Sig. (2-tailed) 
 

. 

N 
 

1486 

  Ratio 

mark/self 

Ratio 

mark/total 

€ 

Predicted 

Total 

Value 

€ 

Predicted 

average 

Kendall's 

tau-b 

Ratio 

mark/self 

Correlation Coefficient 1 1.000** .302** .319** 

Sig. (2-tailed) . .000 .000 .000 

N 152 152 152 152 

Ratio 

mark/total 

Correlation Coefficient 
 

1 .302** .319** 

Sig. (2-tailed) 
 

. .000 .000 

N 
 

152 152 152 

€ 

Predicted 

Total 

Value 

Correlation Coefficient 
 

 1 .420** 

Sig. (2-tailed) 
 

 . .000 

N 
 

 152 152 

€ 

Predicted 

average 

Correlation Coefficient 
 

  1 

Sig. (2-tailed) 
 

  . 

N 
 

  152 
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Appendix K; Post-hoc Analysis 

This appendix shows the results of the different prequalification scales. First, the model of 

prequalification as a dummy variable is displayed (i.e. 0 – disqualified, 1 – qualified), which 

has a great significant impact on lead follow-up. Next, a model without disqualified leads is 

displayed, which does not have any significant impact for prequalification. Lastly, a model is 

created including all dummy variables compared to a baseline; ‘warm’, as can be seen in table 

24 and 25. Noteworthy is the significant negative effect of a ‘hot’ lead on the probability of 

marketing-generated lead follow-up.  

Table 26 Prequalification as dummy variable 

  B S.E. Wald df Sig. Exp(B) 

Step 1a Time to Target Date -0.162 0.115 1.987 1 0.159 0.851 

Country -0.134 0.111 1.461 1 0.227 0.874 

Time Allocation Marketing 0.603 0.124 23.489 1 0 1.827 

Segment     11.017 3 0.012   

Segment; Public -0.13 0.266 0.238 1 0.625 0.878 

Segment; Office & Industry -0.463 0.329 1.982 1 0.159 0.629 

Segment; Retail & Hospitality -1.829 0.603 9.215 1 0.002 0.161 

Marketing Campaign Lead -0.108 0.113 0.92 1 0.338 0.897 

Qualified 1.747 0.322 29.378 1 0 5.738 

Constant -1.597 0.25 40.668 1 0 0.202 

 

   

Table 27 Prequalification without disqualified leads 

  B S.E. Wald df Sig. Exp(B) 

Step 1a Time to Target Date -0.165 0.118 1.948 1 0.163 0.848 

Country -0.121 0.12 1.017 1 0.313 0.886 

Time Allocation Marketing 0.621 0.123 25.512 1 0 1.861 

Segment     11.161 3 0.011   

Segment; Public -0.18 0.272 0.44 1 0.507 0.835 

Segment; Office & Industry -0.516 0.343 2.262 1 0.133 0.597 

Segment; Retail & 

Hospitality 

-1.904 0.616 9.556 1 0.002 0.149 

Marketing Campaign Lead -0.086 0.134 0.413 1 0.52 0.917 

Prequalification 0.094 0.137 0.472 1 0.492 1.099 

Constant -0.752 0.183 16.896 1 0 0.472 
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Table 28 Dummy Variables Prequalification 

Dummy Variable Group 0 Group 1 

Disqualified Cold, warm and hot Disqualified 

Cold Disqualified, warm and hot Cold 

Hot Disqualified, cold and warm Hot 

 

 

Table 29 Prequalification as dummy variables 

  B S.E. Wald df Sig. Exp(B) 

Step 1a Time to Target Date -0.18 0.117 2.352 1 0.125 0.835 

Country -0.117 0.114 1.065 1 0.302 0.889 

Time Allocation Marketing 0.418 0.132 9.973 1 0.002 1.518 

Segment     11.658 3 0.009   

Segment; Public 0.231 0.292 0.626 1 0.429 1.26 

Segment; Office & Industry -0.037 0.371 0.01 1 0.921 0.964 

Segment; Retail & Hospitality -1.836 0.615 8.92 1 0.003 0.159 

Marketing Campaign Lead 0.05 0.128 0.15 1 0.699 1.051 

Disqualified Dummy -2.106 0.334 39.654 1 0 0.122 

Cold Qualified Dummy -0.613 0.149 16.811 1 0 0.542 

Hot Qualified Dummy -0.596 0.166 12.885 1 0 0.551 

Constant -1.854 0.272 46.626 1 0 0.157 

 

 

Table 30 Items BANT-criteria 

  B S.E. Wald df Sig. Exp(B) 

Step 1a Budget -.080 0.203 .155 1 0.694 0.923 

Authority -.962 0.272 12.520 1 0 .382 

Need 1.407 0.221 40.392 1 0 4.084 

Timing .020 0.179 .013 1 0.911 1.020 

Constant -1.480 0.166 136.602 1 0 0.228 
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Appendix L; Design Requirements 

Before choosing the solution directions, it is important to set up design requirements. These 

requirements are composed after interviews with Company XYZ and previous knowledge. 

The requirements are divided into different categories (van Aken, Berends, & Van der Bij, 

2012): Functional requirements, user requirements, design restrictions, and boundary 

conditions. 

 

Functional Requirements 

- Design should be easy to implement within a year 

- Contribute to the improvement of marketing-generated lead follow-up 

- Benefits should exceed the costs 

- Applicable for each marketing-generated lead 

 

User Requirements 

- Design may not result in unnecessarily complicated processes 

- Risk of losing lead catchers or sales reps may not be heightened 

 

Design Restrictions 

- Design should fit the Company XYZ strategy and culture 

 

Boundary Conditions 

- No current employees should be lost due to implementation of the solution design 

- Design may not hinder the current lead management process 


