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Executive summary 
The liberalization of the Dutch energy market in July 2004, gradually changed the behaviour of energy 

customers. The number of customers that annually switch energy providers has risen to a peak of 1.8 

million households. For energy companies, this results in an annual turnover of a quarter of the 

customer database. In previous studies, researchers and practitioners approached this (lack of) loyalty 

behaviour in two customer groups; loyal or disloyal. However, a third group has appeared, the multi-

brand loyalist. Multi-brand loyal customers are not loyal to one, but a set of brands in a product or 

service category. They highly prefer only a couple of brands out of a broad range. But why are these 

customers loyal to a small set of multiple brands? Although the concept of multi-brand loyalty already 

exists for multiple decades, there is a gap in literature regarding how the main drivers of loyalty act on 

multi-brand loyal customers. This study aims to address the gap by comparing attitudes and behaviour 

of three customer loyalty groups (switcher, multi-brand loyal, single-brand loyal), predicted by the 

loyalty drivers satisfaction, trust, affective commitment, calculative commitment, perceived risk, and 

involvement. Additionally, this study examines if and how the brand values price orientation and 

sustainability orientation moderate the effect of specific drivers on the loyalty groups.  

Method 

To test the model empirically, a questionnaire was distributed to a sample of 7.867 customers of a 

Dutch energy brand. Quantitative data from 911 respondents was collected. After processing and 

extracting the data, 830 of these responses were relevant to predict the overall model. An ordinal 

logistic regression and multinomial logistic regression were performed to test the research 

hypotheses.  

Findings 

The findings show that multiple loyalty drivers have a share in predicting the odds that a customer fits 

in one of the three customer groups. Finding one is specified on the behavioural loyalty consideration 

of a customer. Finding two anticipates on the attitudinal loyalty preference. Finding three indicates 

the most important findings comparing both loyalty concepts. Finding four outlines the significant 

moderation effects.  

First, the effect of the drivers on the loyalty groups showed behaviourally a valid ordinal ranking from 

least loyal (switcher) to most loyal (single-brand loyalty). Results show that customers with higher 

levels of satisfaction, affective commitment, and to a lesser extent calculative commitment are more 

likely to be in a higher loyalty category (multi-brand loyalty or single-brand loyalty). 

Second, the effect of the drivers on the loyalty groups was compared in their attitude between single-

brand loyalists relative to multi-brand loyalists, and switchers relative to multi-brand loyalists. 
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Especially higher levels of the driver affective commitment indicated a very strong likelihood that a 

customer was single-brand loyal relative to multi-brand loyal. Contrary to the expectations, a 

remarkable finding is the effect of trust on the loyalty groups. Multi-brand loyalists have an 

exceptionally high level of trust relative to single-brand loyalists and switchers. Lastly, involvement 

tends to be a good predictor to differentiate a switching customer from a multi-brand loyal customer.  

Third, comparing the behavioural and attitudinal results all loyalty perspectives emphasize the 

importance of affective commitment, satisfaction, and to a lesser extent calculative commitment. The 

results show that the relationship between these drivers and the loyalty groups switchers and multi-

brand loyalists behaviourally differ, while their attitudes are fairly similar. These similarities can be 

explained by both groups preferring other energy companies as much as their current energy 

company, however, is contrary to previous literature findings. Furthermore, the perceived risks 

showed no effect on both models. An explanation for this result might be that the largest group of 

customers have overcome the uncertainty and consequences of brand switching. 

Fourth, study findings indicate that the effect of satisfaction on the loyalty groups is moderated by 

price orientation. There were two marginal significant effects of price orientation moderating the 

relationship of calculative commitment and trust on the loyalty groups. Overall, highly price-oriented 

customers diminish the relationship between the drivers and the loyalty groups, indicating a lower 

degree of loyalty. Lastly, study findings indicate that the effect of affective commitment on the loyalty 

groups is enhanced by the sustainability orientation. These findings were only related to the behaviour 

of the customer and not their attitude.  

Practical implication 

Firms should no longer perceive leaving customers as disloyal, but treat them as a prospect for a future 

contract, who could be more easily convinced of returning to the same organisation (multi-brand 

loyalty). This research proposes practical implications on specific drivers for increasing the attitudinal 

and behavioural loyalty of customers. Managers should focus on building customer relations to 

enhance commitment and customer satisfaction. Attitudinally, especially creating affective 

commitment should be highly listed on the investment portfolio, as this could largely contribute to the 

loyalty of a customer. If managers aim to obtain short-term results they should invest in behavioural 

measures, while in the long-run attitudinal measures are more effective to keep loyal customers in 

their customer base.  
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Research limitations & future research 

The dependent variables of interest categorizes the respondent’s loyalty group based on one single 

question. A customer could be categorized in model 1 as single-brand loyal, while in model 2 he or she 

could be multi-brand loyal or a switcher. However, in the end, it is not possible for the same customer 

to be single-brand loyal and a switcher at the same time. Future research could examine the 

behavioural aspect of customer loyalty more reliable by categorizing a respondents level of loyalty 

based on the existing data regarding the amounts of switches. Lastly, the present study identified three 

loyalty groups that are predicted by specific loyalty drivers. Future research might explore this topic 

further by determining the amount of value that should be allocated to each loyalty group or an 

individual customer as part of this group.  
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1. Introduction 
In 1998, the European Parliament and Commission ended the natural monopoly of energy providers 

by introducing a new law. The law was a result of the policy of free movement of goods, services, 

capital, and persons in the European Union (EU) (Bakas & Gastel, 2002). The Netherlands was one of 

the first countries in the EU to embrace the liberalization of its energy market in July 2004. The 

liberalization included that individuals and businesses were free to choose and switch to any brand 

they perceived most attractive (ACM, 2007; ACM, 2009). For some years, the market seemed relatively 

stable and unchanged. However, in the last ten years, customer switching numbers have risen 

continuously. The significant increase has peaked at 1.8 million households switching energy providers 

this year (ACM, 2019; ACM, 2020). 

These considerable changes in the market are affecting energy companies. About a quarter of the 

organization’s total customer database is expected to leave in the year 2020 alone. It is striking that 

most of the customers are not switching because they are unsatisfied with their energy supplier, 

instead, fifty percent see themselves coming back to that supplier in the future. When a consumer 

switches once, they continue this trend in the future (ACM, 2020).  

The allegiance towards energy providers has changed and is no longer a matter of course. For 

marketers, it is crucial to understand consumer loyalty behaviour in the fast-changing energy market 

in order to formulate proper marketing strategies. In the past, researchers and practitioners mainly 

approached the overall operating markets of firms in two groups of consumers; (1) consumers who 

switch from one brand to another, i.e. switchers and (2) consumers who repeatedly purchase one 

brand’s product over another, i.e. loyal customers (Peng & Wang, 2006). 

Recently, a third group appears to be emerging in the energy market, called the multi-brand loyal 

consumer. Multi-brand loyal customers are not loyal to one, but several brands in a product or service 

category. They highly prefer (and are committed) to a couple of brands out of a set of multiple brands 

(Olson & Jacoby, 1974). For example, the consumer is only interested in buying brand X or Y from all 

the available options in the market. Other brands are not considered in the buying process. As a result, 

the consumer sometimes purchases brand X and at a different point of time it purchases brand Y. They 

are divided or polygamous in their loyalty behaviour (Ehrenberg & Goodhardt, 1970).  

Current loyalty literature focuses mainly on the differentiation of switchers versus loyal customers 

(Moreira, Silva & Moutinho, 2016; Peng and Wang, 2006). The brand loyalty research has elaborately 

examined the brand loyalty facet and its drivers in two directions; behavioural and attitudinal (Watson, 

Beck, Henderson & Palmatier, 2015). While behavioural loyalty defines loyalty in terms of purchase 

behaviour over time (action), attitudinal loyalty captures loyalty in terms of the motives accompanied 
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by a positive attitude towards the brand (favour) (Chahal & Bala, 2010). However, there is a gap in 

literature about how loyalty drivers differ among the three loyalty groups, namely single-brand loyal 

customer, multi-brand loyal customers, and switchers. Therefore this study aims to answer the 

following research question; 

To what extent do the drivers of brand loyalty differ in importance for single-brand loyal customers, 

multi-brand loyal customers, and switchers? 

This present study contributes in several ways to previous literature findings. First, this study extends 

literature that explored the drivers of brand loyalty. Generally, literature comprises six drivers of 

loyalty; satisfaction, trust, commitment (affective & calculative), perceived risk, and involvement 

(Bennett, 2001; Gupta, Schivinski & Brzozowska-Woś, 2017; Quester & Lim, 2003; Watson et. al, 2015). 

These drivers are defined and framed in the literature review. There is an overall consensus that high 

mean levels of these drivers (e.g. high satisfaction, trust, etc.) are positively related to brand loyalty 

(Bennett, 2001; Oliver, 1980; Quan et al., 2020; Wangenheim & Bayon, 2004). On the contrary, low 

levels of these drivers are associated with switching behaviour (Han, Kim & Hyun, 2011). However, 

there is virtually no understanding of how multi-brand loyal customers anticipate to these drivers. They 

are behaviourally switching, but attitudinally loyal to a set of two or three brands. This study 

contributes to the existing literature by researching the multi-brand loyal consumer in the energy 

market and providing an understanding of its loyalty drivers. 

Secondly, customers form relationships with multiple brands because there may be little difference 

between the values that different brands are offering (Uncles, Dowling & Hammond, 2003). Product 

categories that are rated similarly to customers’ core values sustain a market environment that 

enhances the adherence of multi-brand loyalty (Ramaswami & Arunachalam, 2016). Literature on the 

energy market defines two important consumer brand values that endorse the distinctiveness of 

energy providers. One is the price, the other is sustainability orientation (Wieringa & Verhoef, 2007; 

Hartmann & Apaolaza-Ibáñez, 2012; Martínez, 2015). This research examines the extent to which these 

two brand values moderate the relationship between specific loyalty drivers and customer loyalty 

behaviour, to provide insight into the characteristics of a single-brand loyal, multi-brand loyal, and 

switching consumer.  

Finally, the research is practically relevant for service markets and future developments of energy 

markets in less progressive European countries. Their trend lines are following increasing slope 

patterns, that are comparable to the Netherlands a few years ago (Council of European Energy 

Regulators, 2019). The current research findings could help practitioners of other European countries 

to have a look at what might be their future. 
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Figure 1: Report structure 

This research consists of six chapters, that contribute to the overall understanding of the subject under 

study: (multi)brand loyalty. The empirical cycle of De Groot (1961) represents the main methodology. 

The consecutive steps outlined in this methodology are: observation (literature review), induction 

(research model and hypothesis), deduction (research methodology), testing (data analysis and 

results), and evaluation (discussion; conclusions, implications, limitations, and opportunities for 

further research). Figure 1 visualizes the cyclical research process.  
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2. Literature review 
The literature review consists of four sections that relate to the formulated research question. The first 

section comprises literature research on brand loyalty. First, the evolvement of the loyalty construct is 

discussed and two different approaches, attitudinal loyalty and behavioural loyalty, are separately 

explained. Subsequently, drivers that influence brand loyalty are separately outlined. The second 

section addresses the opposite concept of loyalty, namely disloyal switchers. The third section outlines 

existing research examined on loyal switchers also called multi-brand loyal customers. Each of the first 

three sections outlines how these specific customer groups differ on behavioural and attitudinal 

aspects. Lastly, the fourth section will outline how the brand values that customers perceive could 

influence their loyalty behaviour.  

2.1 Brand loyalty  
The origins of brand loyalty dated back to the 1920s. At that time, the word itself was not fully defined 

(Bennett, 2001). In the 1950s, brand loyalty research gained momentum and some behavioural 

measures were developed that mainly focused on consumer goods. Indicators were for instance, the 

purchase proportion of a household to a single brand (Cunningham, 1956). A decade later brand loyalty 

was more directed to a two-dimensional approach where attitudinal measures were added (Day, 

1969). Jacoby & Kyner (1973) conceptualised a definition that is still represented in present literature, 

where brand loyalty is defined based on a set of six necessary conditions; “brand loyalty is (1) the 

biased (i.e., non-random), (2) behavioural response (i.e., purchase), (3) expressed over time, (4) by some 

decision-making unit, (5) with respect to one or more alternative brands out of a set of such brands and 

(6) is a function of psychological (decision-making, evaluative) processes” (Jacoby & Kyner, 1973).  

Until today, the loyalty literature distinguishes these two main approaches towards loyalty. The first 

dimension is called behavioural loyalty. Behavioural loyalty, as the term suggests refers to actual 

customer behaviour. It predicts the customer’s tendency to repurchase a brand, revealed through past 

behaviour. Elements of behavioural loyalty refer to the proportion of purchasing from a brand within 

the same category and the tendency to purchase the same brand over time (Bennett, 2001; Chahal & 

Bala, 2010; Rundle-Thiele, 2005). Critique on the behavioural approach includes that it can cause 

‘spurious loyalty’, as the data/results of the past are not necessarily valid for the future (Mellens, 

Dekimpe & Steenkamp, 1996).  

Besides behavioural loyalty, there is attitudinal loyalty that opts to measure the attitude or ‘true 

loyalty’ towards the brand (Amine, 1998). Elements of attitudinal loyalty look into the devoted 

attachment, brand commitment, or affection towards a brand (Bennett, 2001; Chahal & Bala, 2010; 

Rundle-Thiele, 2005). It approaches brand loyalty not from a stochastic but deterministic approach and 

explores “the psychological commitment of a consumer in the purchase, without necessarily taking 
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the effective purchase behaviour into account” (Odin & Valette-Florence, 2001). Critique on attitudinal 

loyalty summarizes that it does not measure the actual purchase(s). For instance, an individual could 

express a favourable attitude towards a luxury item, while its budget never allows buying one. Critique 

on the concept is that attitudinal loyalty is often measured at a single point of time which could include 

reliability constraints (Mellens, Dekimpe & Steenkamp, 1996). Attitudinal measures are overall more 

common in service markets since it can be difficult for services to collect long term data to examine 

switching patterns (Rundle-Thiele & Bennett, 2001).  

Some researchers integrate both approaches and state that behavioural and 

attitudinal loyalty need to exist simultaneously to identify true loyalty 

(Gupta, Schibinski, Brzozowska-Woś, 2017). Therefore, this study explains 

brand loyalty by outlining both attitude and behaviour. This approach is called 

combined, multidimensional or composite loyalty (Oliver 1999). Figure 2 visualizes the similarities of 

the explained loyalty concepts. 

Behavioural, attitudinal or composite loyalty could be predicted by the drivers of brand loyalty. In other 

words, the drivers of brand loyalty reflect the components that could determine if a customer is brand 

loyal or not (Watson et. al, 2015). A literature study uncovered six frequently incorporated drivers to 

predict brand loyalty. Mainly considered drivers are satisfaction, trust, commitment (affective & 

calculative), perceived risk, and involvement. If a customer exhibits high levels of these drivers it is very 

likely the customer is brand loyal. The drivers are going to be separately explained in the next 

paragraphs.  

One frequently named driver in brand loyalty literature is satisfaction. Satisfaction can be defined as 

the customer’s evaluative judgment of whether a purchase decision fulfils their needs and 

expectations. The perceived difference between the expected and actual performance determines to 

what extent a customer is satisfied (Oliver, 1980). There is strong evidence that high customer 

satisfaction influences the loyalty intention of customers positively (Bennett, 2001). 

Another important driver of loyalty is trust. Trust could be expressed as the confidence in a brand in 

terms of reliability and integrity. The extent of trust is an important factor in developing a relationship 

with a customer (Sun & Lin, 2010). A trustworthy brand is seen as more honest and ethical. The 

customer will have the confidence that the brand will fulfil its obligations (Bennett, 2001). Having 

mutual trust between two parties (consumer and firm) increases the chance of a loyal long-term 

relationship (Watson et. al, 2015). 

Sometimes satisfaction and trust alone are not enough to ensure that a customer remains loyal 

(Fraering and Minor, 2013). Researchers like Gupta, Schivinski & Brzozowska-Woś (2017) are stating 

Figure 2: Visualisation loyalty concepts 
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that the devoted attachment (commitment) to a brand is equally important. Commitment represents 

the desire for maintaining a relationship with the preferred brand (Oliver, 1999). Literature describes 

two main types of commitment. First, affective commitment where the customer is committed to a 

brand because of emotional feelings. Secondly, calculative commitment where the customer is 

committed on a more rational base. According to this theory, the customer considers the gains of 

terminating a relationship greater than the losses (Amine, 1998; Hur, Kim & Kim, 2012). If the customer 

is affective or calculative committed to a single brand, it would be very likely he or she repurchases the 

service (Punniyamoorthy & Raj, 2007). 

Furthermore, customers could stay in a relationship because they perceive risks for leaving (Ryan & 

Peter, 1976; Verhage et al., 1990). Reasons for this behaviour could be a fear of loss or having the 

perception that the other brand cannot give the same performance on the aforementioned drivers 

(Verhage et al., 1990). Research shows that a loyal customer could have a higher risk aversion towards 

other brands. The risk aversion results in repetitive purchasing of the current brand (Wieringa & 

Verhoef, 2007) 

Lastly, the involvement of a customer in a certain industry, brand, or product could influence the 

loyalty behaviour. Involvement is the enduring commitment of a consumer concerning feelings, 

thoughts, and behavioural responses to a brand (Casper & Bloemer 1995; Quester & Lim, 2003).  The 

present study will focus on the involvement related to the brand, product class, or product category 

(Andersen, 2005). The aforementioned researchers state that if the involvement in a certain brand or 

product category increases the true loyalty towards the brand increases simultaneously.  

Table 1 summarizes an overview of all loyalty drivers. 
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Drivers of brand 
loyalty  

Definitions Common allies Representative paper 

Satisfaction The perceived 
difference between 
the expected and 
actual performance 

Overall satisfaction 
or satisfaction with a 
specific product or 
service 

Bennett (2001); Oliver, 
(1980); Quan et al. (2020); 
Wangenheim & Bayon 
(2004)  

Trust The confidence in a  
brand in terms of 
reliability and integrity 

Reliability, integrity, 
trustworthiness, and 
honesty 

Bennett (2001); Watson et. 
al (2015); Sun & Lin (2010) 

Commitment The desire for 
maintaining a 
relationship with a 
preferred brand 

Affective 
commitment, 
calculative 
commitment. 

Gupta, Schivinski & 
Brzozowska-Woś (2017); 
Oliver (1999); Hur, Kim & 
Kim (2012) 

Perceived risks The risk that someone 
perceives to switch 
from one brand to 
another 

Switching barriers, 
risk perceptions, risk 
probability, risk 
importance 

Bennett (2001); Verhage et 
al. (1990)  

Involvement  The enduring 
commitment of a 
consumer concerning 
feelings, thoughts, and 
behavioural response 
to a brand 

Affinity, 
participation, 
engagement 

Andersen (2005); Quester 
& Lim (2003); Casper & 
Bloemer (1995) 

Table 1 Overview of frequently named drivers in attitudinal brand loyalty research. 

The achievement of consumer loyalty on brand or product level is a central goal for most firms (Watson 

et. al, 2015). A large base of loyal customers can be a big asset for a brand due to their overall higher 

spending (Bennett, 2001) and return on investment (Ahmad, 2011). Nevertheless, it is a utopia that a 

firm’s base can exist out of loyal customers only. More often in consumer goods, the largest group of 

a customer base exists of non-loyal customers (Griffin, 2002). This type of consumer, also called 

switchers, is outlined in the next chapter.  

2.2 Switchers 
On the other side of the spectrum, there are the disloyal customers also called switchers. Switching 

behaviour is the tendency of customers to switch from one brand to another (Sathish, Kunar, Naveen, 

Jeevanantham, 2011). Switching behaviour mainly occurs when the consumer is confronted with an 

alternative, which is perceived to be better (Walsh, Groth, & Wiedmann, 2005). Switching literature 

can also be divided into a behavioural and attitudinal perspective.  

Literature concerned with the behavioural aspects of a switcher is mainly focused on stochastic data. 

For instance, in online marketing, the percentages of switchers in terms of outgoing movement are 

visualized with a churn rate. Based on these churn rates companies can analyse who is at risk and 

undertake action to reduce the number of switchers (Keaveney & Parthasarathy, 2001).  
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Attitudinally, the switching construct is often represented as the switching intention of a customer. 

The measured attitude of the customer towards a brand defines to what extent a customer intends to 

switch. A high switching intention increases the affirmed likelihood to switch (Han, Kim & Hyun, 2011; 

Bansal &Taylor 2015).  

The used drivers of switching behaviour are quite similar to brand loyalty research. However, 

hypotheses are mostly formulated from a contrary perspective. As repurchase intention or loyalty 

indicates positive consequences for a firm, switching behaviour entails negative consequences. This 

has resulted in literature revealing the following relationships. First, lower satisfaction results in a 

higher switching intention (Han, Kim & Hyun, 2011). Furthermore, relationship values such as trust and 

commitment are lower for switchers (Keaveney, 1995). Finally, switchers have a higher propensity for 

risk-taking and are less interested or involved in the overall product category (Parthasarathy & 

Keaveney, 2001; Quester & Lim, 2003).  

Switching behaviour literature related to the energy industry was increasingly examined just after the 

liberalization of the European energy market, where results suggest only small differences in 

comparing consumer behaviour before and after the liberalisation. For instance, Wieringa & Verhoef 

(2007) and Hartmann & Ibáñez (2007) find a large inertia segment where almost all the customers still 

remained at the same provider. After 16 years, the Dutch (and other European markets) have changed 

dramatically. Switching numbers have been quintupled, resulting in a larger segment of switchers for 

wider purposes of research (ACM, 2007; ACM, 2020).  

Currently, there are customers that are showing higher satisfaction levels but are still switching. They 

seem attitudinal loyal, however, behaviourally they are switching. Multi-brand loyalty literature 

performs research on this occurrence, elaborated in the next section.  

2.3 Multi-brand loyalty  
Papers in the mid-fifties were reporting first signs of multi-brand loyalty. Half of the people who were 

buying a given grocery product were buying it from multiple brands. However, the domain of multi-

brand loyalty was not conceptualized yet (Ehrenberg & Goodhardt, 1970). The concept evolved, just 

as single-brand loyalty, in the 70s (Jacoby & Kyner, 1973; Jeuland, 1979; Olson & Jacoby 1974). Olson 

& Jacoby (1974), define the concept of multi-brand loyalty as follows; “The consistent repurchase of 

more than one brand from among a set of brands”. Multi-brand loyalty (often abbreviated to MBL), is 

also named in the literature as divided loyalty (Ehrenberg, Uncles & Goodhardt, 2004), polygamous 

loyalty (O’Malley, 1998; Uncles, Dowling & Hammond, 2003) or transferred loyalty (Pearce & Kang, 

2009). Multi-brand loyalty is going to be explained in the next paragraphs from a behavioural and 

attitudinal perspective.  
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Behaviourally, multi-brand loyalty literature is identifying brand-choice patterns of consumer groups 

to show that they are not solely loyal to one brand, but purchasing from the same set of multiple 

brands (Jeuland, 1979; Olson & Jacoby, 1974). Ehrenberg & Goodhardt (1970) state that customers 

could have a preference for brand X and brand Y. A typical pattern as X, X, Y, X, Y, Y could not be defined 

as either disloyal behaviour or loyal, and would typically fit for a multi-brand loyal customer. When 

looking at a short period, consumers are allocating their purchases to only one brand, but most of the 

customers are divided (or promiscuous) in their loyalty over the long run (Uncles, Wang & Kwok, 2010).  

There are also studies that explain why the consumer is multi-brand loyal. These are focused on the 

attitude of the multi-brand loyal consumer (Atifine, Felix & Furrer, 2019; Quoquab, Yasin, & Dardak, 

2014; Uncles, Dowling & Hammond, 2003). The problem is that the outcomes of these studies are 

often not so generalizable to other markets. For example, Quoquab, Yasin, & Dardak (2014) identify 

that a customer in the telecom market could be multi-brand loyal because of network coverage or 

privacy. This result would not be applicable for the coffee industry where Fournier and Yao (1997) 

explain that a group of customers are multi-brand loyal because of nostalgic feeling towards brands, 

or different needs at different parts of the day (taking a Folgers Coffee in the morning and Starbucks 

in the afternoon). 

Though, it is broadly demonstrated that consumers form relationships with multiple brands when the 

overall brand values are relatively similar. In markets where the service is similar in the provision of 

quality and experience, the perceived and functional differences among competing brands are smaller 

and this creates an environment for multi-brand loyalty (Uncles, Dowling & Hammond, 2003). 

Ramaswami & Arunachalam (2016) are calling this ‘equivalence’. The attitudinal loyalty between 

brands is equivalent because the brand value dimensions are rated similarly by the consumer and/or 

the strengths of relationships are comparable. A second situation which may appear is that a brand is 

salient on one aspect but less salient on the other propositions. The other aspects nullify the brand 

distinctiveness of one aspect, while the relative advantage is depleted and the brand is still perceived 

the same. 

Although these researchers suggest that the attitude of the multi-brand loyal customer is not so 

different from a loyal one, it is never investigated how the drivers of loyalty (i.e., satisfaction, trust, 

commitment, perceived risks, and involvement) are different between the outlined three groups. 

Furthermore, the energy market has characteristics that fit well with the adherence of multi-brand 

loyal customers. Finally, it would be interesting to see in this perspective how brand equity values in 

the energy market are contributing to the switching of the energy customer. The next section will 

elaborate on this matter.  
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2.4 Brand equity  
Brand equity describes the added value of a brand endowing to a service or product. Companies that 

have a strong brand could charge more for their services (Farquhar, 1989; Lassar, Mittal, and Sharma, 

1995). The consumer’s personal perception determines the extent of the added value they assign to a 

particular brand. A positive perception may ensue in repetitive purchasing, and thereby being loyal 

(Oliver, 1999).  

Especially in services branding plays an important role. It could increase consumer’s trust of the 

invisible and enables to better visualise the intangible nature of a service (Simoes and Dibb, 2001). 

Furthermore, the heterogeneity of service brands is giving the possibility to customize the service to 

particular consumer needs and to differentiate a brand from its competitors (Chernatony & Riley, 

1999).  

Product categories having low product differentiation are sustaining a market that creates an 

attractive environment to switch (Ramaswami & Arunachalam, 2016). The energy market is a market 

having low product differentiation. Especially before the liberalisation, the product offerings existed 

out of conventional energy only (Walsh, Dinnie & Wiedmann, 2006). The liberalization of the energy 

market raised the importance of distinctiveness in brand equity. Nowadays energy providers tend to 

distinguish themselves on multiple propositions, of which sustainability orientation and price 

orientation are the most common. Also in literature these two brand equity characteristics are widely 

elaborated. In branding literature the ‘green marketing’ stream focuses on the needs or attitudes of 

consumers specifically related to sustainability (Hartmann & Apaolaza-Ibáñez, 2012; Martínez, 2015; 

Paladino, & Pandit, 2012).  

Additionally, there are energy providers who are trying to position themselves on low service, low price 

concepts. They claim to have a budget price since they save money on customer services or other 

aspects. Consumers who are continuously searching for the lowest price are in literature called the 

price-oriented or price consciousness consumers (Wieringa & Verhoef, 2007; Yang, 2014).  This study 

contents that specific brand values related to these concepts could moderate the effect of the loyalty 

drivers upon the loyalty groups (Kuenzel and Halliday, 2010; Taylor, Celuch & Goodwin, 2004). 
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3. Research model and hypotheses  
The main purpose of this research is to gain an understanding of to what extent loyalty drivers differ 

in importance to switching, multi-brand loyalty, or single-brand loyalty. The literature review outlined 

the attitudinal and behavioural characteristics of these loyalty groups. First, the single-brand loyalists 

prefer and are loyal to one brand’s (energy provider) product over another (Bennett, 2001). Secondly, 

the switchers or better known as disloyal customers comprise a group that switched repeatedly and 

expresses no (attitudinal) loyalty towards energy providers (Walsh, Groth, & Wiedmann, 2005). 

Thirdly, the multi-brand loyal customer highly prefers and is committed to a number of brands out of 

a set of various brands. In other words, this group is showing loyalty behaviour towards more than one 

energy provider, but still has switched repeatedly (Atifine, Felix & Furrer, 2019). Furthermore, the 

literature review provides an overview of frequently emphasized loyalty drivers and how they 

influence the customer’s loyalty behaviour. It also elaborates on the core brand values perceived by 

the consumer in the energy market. This chapter visualizes the theoretical concepts into hypotheses. 

It hypothesizes the extent of the likelihood that the loyalty drivers satisfaction, trust, affective 

commitment, calculative commitment, perceived risk, and involvement are associated with particular 

loyalty groups: being a switcher, multi-brand loyal, or single-brand loyal. Switchers tend to be the least 

loyal and single-brand loyalist the most, the multi-brand loyalists are in between. The higher the score 

on these loyalty drivers, the more likely a customer will fit into a ‘higher’ loyalty category. 

Subsequently, it is postulated how the main brand equity values price orientation and sustainability 

orientation are perceived by the customers of the energy company, and could influence the 

relationship between specific drivers and the loyalty groups. Finally, a set of control variables that 

could play a role in the loyalty type of specific customer groups is outlined. 

3.1 Loyalty drivers  
The relationship of the loyalty drivers on the loyalty groups will be outlined in the next paragraphs. 

Satisfaction 

Satisfaction could be defined as the customer’s evaluative judgment whether a purchase decision 

fulfils their needs and expectations (Oliver, 1980). It is argued that expectation levels of loyal customers 

are met, while switchers have experienced outcomes below their expectations. These are reasons to 

be unsatisfied and switch or to be satisfied and stay loyal to the same provider (Wangenheim & Bayon, 

2004). It is expected that multi-brand loyal customers are to some extent satisfied with their current 

provider since they already know what to expect from previous experiences. Moreover, they explicitly 

chose a return to the same provider, which could imply that the prior performance fulfilled their 

expectations (Bennet, 2001). Consequently, the least satisfied customers could likely be categorized 

as switchers, while customers showing signs of satisfaction are multi-brand loyal. Customers that 



19 
 

contain the highest degree of satisfaction are predicted to be single-brand loyal. Therefore, the 

following hypotheses are proposed; 

H1a: Exhibiting higher levels of satisfaction strongly increases the likelihood that a customer is single-

brand loyal rather than multi-brand loyal. 

H1b: Exhibiting higher levels of satisfaction strongly increases the likelihood that a customer is multi-

brand loyal rather than a switcher. 

 

Trust 

The extent of trust is an important factor in developing a relationship with a customer. Having a 

pleasant relationship with a brand enhances the feeling of trust and loyalty (Watson et. al, 2015). Trust 

also reduces the customer’s cognitive effort and the worries about whether a brand fulfils its promises 

or not. A prolonged period of taking service of a company enhances the customer’s feeling of trust, 

which influences loyalty behaviour positively (Hartman, 2007). A multi-brand loyal customer is already 

aware of the supply capabilities, as they already have been provided with (multiple) products in the 

past. Due to their prolonged period of acquiring the service and their expressed confidence in the 

brand by returning, it is expected that they already have some levels of trust in the provider of return. 

On the contrary, switchers are exhibiting lower trust levels since they are completely new to the 

provider, and the cumulative process of knowing the organization is shorter (Khosrow-Pour, 2008). 

Finally, single-brand loyal customers are expected to have the highest degree of trust, since they fully 

rely on the firm for multiple years (Watson et. al, 2015). Therefore, the following hypotheses are 

proposed; 

H2a: Exhibiting higher levels of trust strongly increases the likelihood that a customer is single-brand 

loyal rather than multi-brand loyal. 

H2b: Exhibiting higher levels of trust strongly increases the likelihood that a customer is multi-brand 

loyal rather than a switcher. 

 

Affective and calculative commitment  

Commitment could be described as the desire for maintaining a relationship with the preferred brand 

(Oliver, 1999). As outlined in the previous chapter, the commitment literature defines two main 

reasons a consumer maintains a relationship with a company. One reason is based on emotions and 

the other is based on rational consideration. Each reason is subsequently elaborated in the next 

paragraphs. 
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First, commitment could be a result of emotional feelings towards a brand. This is called affective 

commitment (Turri, Smith, & Kemp, 2013). Customers could be emotionally attached because they 

share an identification with the brand they consume. This identification creates a kind of coherence 

and the feeling they are being part of some kind of movement. This voluntary favourable attitude 

results in an emotional tie to stay committed to a brand (Amine, 1998).  

Secondly, customers could also be calculative committed. Customers that are calculative committed 

judge a brand on a functional and rational base (Hur, Kim & Kim, 2012). They are considering the gains 

and losses that would be generated when terminating the relationship. Customers that are calculative 

committed are estimating the gains of staying higher than the costs of switching (Marshall, 2010). 

Single-brand loyal customers tend to be fully committed to one brand only, based on affective and/or 

calculative reasons (Amine, 1998; Marshall, 2010). Multi-brand loyal customers are committed to 

multiple brands since they highly prefer a few brands out of all available brands. Their emotional or 

functional attachment is not to one brand only, and is logically slightly lower compared to a single-

brand loyal customer. However, since they prefer a specific set of brands it is expected they have 

certainly some committed feelings. Finally, switchers rarely show commitment towards brands, 

because they do not feel like they “have to” stay in a relationship (Maheshwari, Vishwas, Lodorfos, and 

Jacobsen, 2014). They are just switching to what brand fits them the best at a certain point in time 

when no emotional feeling is raised to the brand they are leaving (Punniyamoorthy & Raj, 2007). They 

additionally see the gains of switching higher than the costs of terminating the relationship (Hur, Kim 

& Kim, 2012). Thus, the following hypotheses are proposed; 

H3a: Exhibiting higher levels of affective commitment strongly increases the likelihood that a customer 

is single-brand loyal rather than multi-brand loyal. 

H3b: Exhibiting higher levels of affective commitment strongly increases the likelihood that a customer 

is multi-brand loyal rather than a switcher. 

H4a: Exhibiting higher levels of calculative commitment strongly increases the likelihood that a 

customer is single-brand loyal rather than multi-brand loyal. 

H4b: Exhibiting higher levels of calculative commitment strongly increases the likelihood that a 

customer is multi-brand loyal rather than a switcher. 
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Perceived risks  

Perceived risks could be defined as the risk that one perceives when switching from one brand to 

another (Verhage et al., 1990). Customers generally perceive more risks at services due to the 

intangible and heterogeneous nature of a service. It is demonstrated that, when the uncertainty 

increases, a brand loyal consumer is less likely to switch due to its higher risk perception (Bennett, 

2001). Additionally, the consequences that are connected to switching will increase the risk perception 

(Ryan & Peter, 1976). A single-loyalist consumer is uncommon in switching, and as a result, might 

perceive higher risks. A multi-brand loyalist has switched before and may perceive fewer risks for 

switching to specific brands. However, they still may perceive high risks for switching to brands that 

are not in their predefined set of brands. On the contrary, switchers perceive almost no risks at all. 

They already have overcome the uncertainty and consequences of switching in the energy market in 

the past and have the overall faith that all energy providers can guarantee the continuity of supply, 

solving problems, payments, answering questions, or reply to complaints (Wieringa & Verhoef, 2007). 

Therefore, the following hypotheses are proposed; 

H5a: Perceiving higher levels of risk strongly increases the likelihood that a customer is single-brand 

loyal rather than multi-brand loyal. 

H5b: Perceiving higher levels of risk strongly increases the likelihood that a customer is multi-brand 

loyal rather than a switcher. 

 

Involvement 

Another frequently used construct in brand loyalty research is product involvement. Product 

involvement is the enduring commitment of a consumer concerning feelings, thoughts, and 

behavioural responses to a brand (Quester & Lim, 2003). Casper & Bloemer (1995) argue that 

involvement can be seen as an indicator of motivation; the higher the motivation to evaluate a brand, 

the higher the loyalty towards that brand. Furthermore, Hanzaee, Khoshpanjeh, & Rahnama (2011) 

state that the closer a product category is to the individual’s identity, the more he/she feels attached 

and will exhibit this to a particular brand. On the contrary, involvement will be lower the more 

peripheral a product class is to an individual. A reason for this is that customers exhibiting low levels 

of involvement are having a larger consideration set and therefore expressing lower levels of 

attitudinal loyalty. Hence, Quester & Lim (2003) suggest that customers who are having a smaller 

consideration set exhibit higher levels of loyalty. Thus, it is hypothesized that customers who are the 

least involved are likely to be switchers (large consideration set). Customers who are somewhat 

involved are multi-brand loyal (smaller consideration set), and customers who are showing the highest 
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degree of involvement are the single-brand loyal customers (no consideration set). Therefore, the 

following hypotheses are proposed; 

H6a: Involvement strongly increases the likelihood that a customer is single-brand loyal rather than 

multi-brand loyal. 

H6b: Involvement strongly increases the likelihood that a customer is multi-brand loyal rather than a 

switcher. 

3.2 Market characteristics  
Since the liberalisation, energy providers are trying to endow extra value to their services on two main 

propositions, namely sustainability and/or price. These characteristics are also the main aspects a 

consumer is considering when purchasing an energy product (ACM, 2019). The next paragraphs 

elaborate on how different types of customers can moderate the effect of specific loyalty drivers on 

the loyalty groups. It is hypothesized that price orientation can moderate the effect between 

satisfaction and the loyalty groups, trust and the loyalty groups, as well as calculative commitment and 

the loyalty groups. Additionally, it is conceptualised from literature that sustainability orientation 

moderates the effect between affective commitment and the loyalty groups, as well as involvement 

and the loyalty groups. Other drivers have been not conceptualized since the relationships in literature 

were not evidently strong, that a moderation effect could be formulated.  

Price orientation 

In shopping behavior, price orientation is one of the core motivational drivers (Chang & Wong, 2018). 

Previous studies examined that some customers are more aware and concerned about price than 

others. In particular, highly price-oriented customers are primarily concerned about paying lower 

prices. The price-oriented consumer is willing to purchase a product of a different brand if they believe 

the obtained difference in value is reasonable and worth their money (Evanschitzky and Wunderlich, 

2006; Wieringa & Verhoef, 2007).  

This approach is resulting in subjective perceptions of high versus low prices, that are based on the 

perceived value they received (or expect to receive) from a product or service. Customers that pay a 

higher price might expect a higher service or quality relative to customers paying a lower price. The 

attitude towards a product can differ, according to the standards and experience of each individual 

after taking a service (Mägi & Julander, 2005). A driver that captures this experience is satisfaction. It 

is hypothesised that satisfaction has a positive effect on the loyalty degree of a customer. A high price 

orientation could weaken this effect. A highly price-oriented customer could be satisfied after taking a 

service, however, after seeing lower prices or promotions of competitors, the judgement of the 
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experience could differ and result in a higher intention to switch (Noh, Lee, Kim, & Garrison, 2013). 

Especially at low differentiation products like energy, highly price-oriented customers could 

imagine the other provider could also similarly fulfil their needs. Conversely, a highly satisfied 

customer that is low price-oriented could develop a kind of passive loyalty behaviour towards a firm 

(Wangenheim and Bayón, 2004). The customer thinks he/she obtains good value for their money. By 

offering a fair price, they see no need to compare with other prices in the market, which may result in 

extending the contract more easily. Therefore, the following hypothesis is proposed;  

H7a: Price Orientation moderates the relationship between Satisfaction and the degree of loyalty such 

that the positive relation between Satisfaction and loyalty from customers is weaker when Price 

Orientation is higher. 

Additionally, Reynolds & Arnold (2003) argue that sometimes price-oriented consumers are seeing 

shopping as a challenge to obtain the lowest price for personal achievement. In highly competitive 

markets there are always offers that are lower in price compared to a competitor. Taking this 

characteristic into account, it is expected that high price-oriented customers overall do not have a lot 

of faith in that their current provider is offering an extension for the lowest price. They are aware of 

competing offers and know immediately if the extension offer is a good or a bad deal (Alford and 

Biswas, 2002). This lack of trust could result, in combination with their knowledge, in a spurious feeling 

about the offer they received. Hence, a lack of trust and high price orientation could result in a higher 

switching intention (Matzler, Grabner-Kräuter & Bidmon, 2006). Conversely, customers exhibiting 

increased levels of trust and are low price-oriented, are expected to show increased loyalty behaviour. 

They rely on their past experiences and worry less about whether a brand is offering the best price or 

not (Magi, 2003). If the price is in their expected range to pay, they will be easily convinced to 

repetitively contractually purchase the service. Therefore, the following hypothesis is proposed; 

H7b: Price Orientation moderates the relationship between Trust and the degree of loyalty such that 

the positive relation between Trust and loyalty from customers is weaker when Price Orientation is 

higher. 

Furthermore, Hampson and McGoldrick (2017) suggest that the price orientation of a customer is 

largely motivated by rational, utilitarian factors. They do pre-purchase evaluations where they are not 

necessarily interested in the message of the brand but purely focused on the economic benefits of the 

products. Economic incentives like gifts, rewards, and discounts are important consideration criteria 

for price-oriented consumers (Choi & Kim, 2007). A driver that comprehends the rational consideration 

of the gains against the losses is calculative commitment. Calculative committed consumers are 

comparing the received advantages offered by their current company against other companies (Hur, 
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Kim & Kim, 2012). Price orientation could weaken the relationship between calculative commitment 

and the degree of loyalty. One key argument could be given by the fact that the incentives of 

competitors are often similar or better compared to the current provider. In fact, current market 

practices imply that new customers are given immediate rewards such as promotional price reductions 

while existing customers are obtaining no economic incentive (Van Goolen & Campo, 2008). 

Consequently, the rational consideration to stay at the current provider could be negatively influenced. 

Calculative committed customers with a high price orientation could be more easily convinced to 

switch, compared to the possible long-term advantages of staying at the same provider. Therefore, the 

following hypothesis is proposed;  

H7c: Price Orientation moderates the relationship between Calculative Commitment and the degree of 

loyalty such that the positive relation between Calculative Commitment and loyalty from customers is 

weaker when Price Orientation is higher. 

 

Sustainability orientation  

Sustainability oriented customers are customers who have a high degree of sustainability concerns and 

feel they have a responsibility towards the environment (Biswas & Roy, 2015). As a result, they are 

willing to practice environmentally friendly behaviors and are likely to reduce their irresponsible 

purchase intention (Zhang, Dayuan, Cao, Hunag, 2018).  

Previous literature elaborating on the motivations for sustainable consumption suggests that 

universalism, benevolence, collectivistic, and altruism are the main characteristics of sustainable-

oriented customers (Vermeir & Verbeke, 2006; Watkins, Aitken, & Mather, 2016). Green consumers 

believe that by collectivistic social action they could make a difference to the world. This is reflected in 

intentionally and consciously using their consumption to demonstrate their commitment to 

sustainable living (Gadenne, Sharma, Kerr & Smith, 2011; Jang, Kim & Lee, 2015). A driver comprising 

this way of expression is affective commitment. It is hypothesised that affective commitment has a 

positive effect on the loyalty degree of a customer. A high sustainability orientation could enhance this 

effect. Customers with affective commitment sustain relationships that provide personal and social 

compensations. The emotional tie to a brand is closely connected to the consumer’s lifestyle (Hur, Kim 

& Kim, 2012). Customers having affective commitment like to identify themselves with a brand (Amine, 

1998). Green firms offer customers emotional benefits. They allow customers to express themselves 

by exhibiting environmentally friendly behaviors (Jang, Kim & Lee, 2015). Therefore, the following 

hypothesis is proposed: 
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H8a: Sustainability Orientation moderates the relationship between Affective Commitment and the 

degree of loyalty such that the positive relation between Affective Commitment and loyalty from 

customers is stronger when Sustainability Orientation is higher. 

Additionally, conventional energy was generally viewed as a homogenous product with low consumer 

interest (Walsh, Dinnie & Wiedmann, 2006). However, this has changed over the years by the 

introduction and emphasized importance of renewable energy. The environmental responsiveness of 

a specific company has become a source of value and interest for the consumer (Paladino & Pandit, 

2012). A driver that captures the motivation to evaluate a product is involvement (Casper & Bloemer, 

1995). It is hypothesised that exhibiting a higher involvement leads to a positive effect on the loyalty 

degree of a customer. A high sustainability orientation could enhance this effect. Involved customers 

are well-known for doing information searches about the origin of the product. If the product offerings 

or environmental brand image of the brand fulfils their requirements it is more likely the brand is 

added to their set of choices (Matthes, Wonneberger, Schmuck, 2013). Therefore, the following 

hypothesis is proposed: 

H8b: Sustainability Orientation moderates the relationship between Involvement and the degree of 

loyalty such that the positive relation between Involvement and loyalty from customers is stronger 

when Sustainability Orientation is higher. 

3.3 Control variables  
In addition to the independent and dependent variables, the customer could be specified and grouped 

on multiple control variables. First, some demographic variables such as gender, age, and province are 

included in the research. For example, gender could take an important role in the purchase of energy 

contracts because more males than females are agreeing on an energy contract (Deller et. al, 2017). 

Additionally, other explanatory variables are taken into account related to the energy consumption of 

the customer such as the type of contract, number of contracts, electricity usage, or receiving a gift or 

discount. For instance, heavy users might be pickier when choosing their energy provider (Wieringa & 

Verhoef, 2007). Furthermore, data about the customer’s past, such as the channel of purchase or 

previous energy suppliers, is included. Lastly, the participation in the loyalty program will be included, 

it might be expected that people who participate in the loyalty program are more loyal towards a 

brand.   

Political orientation was added as an explorative variable. Sustainable energy companies are 

knowledgeable for the supply of green energy. It is expected that the left - progressive oriented 

customers are taking a large part in their loyal (core) customer base.    
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Figure 3: Visualisation of the conceptual model 

3.4 Visualization conceptual model 
Figure 3 shows a visual representation of the conceptual model. The conceptual framework is based 

on the formulated hypotheses in the previous paragraph indicated as {H1-H6}. These hypotheses 

represent the direct effects of the model in Figure 3. It is expected that higher levels of these drivers 

will increase the likelihood that a customer tends to be single-brand loyal.  

Furthermore, two moderation variables price orientation and sustainability orientation are included in 

the model. First, it is hypothesised that price orientation negatively moderates the relationship 

between satisfaction and the degree of loyalty {H7a}. Secondly, price orientation negatively moderates 

the relationship between trust and the degree of loyalty {H7b}. Third, price orientation negatively 

moderates the relationship between calculative commitment and the degree of loyalty {H7c}.  

Moreover, Figure 3 shows that sustainability orientation positively moderates the relationship 

between affective commitment and the degree of loyalty {H8a}. Secondly, sustainability orientation 

positively moderates the relationship between involvement and the degree of loyalty {H8b}. 

Lastly, the model is controlled by multiple control variables shown in the customer characteristic box. 
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4. Research methodology 
This chapter will describe the research method that was applied to examine the research question. 

The research has followed the methodology of de Groot (1961) to test the conceptual model described 

in the previous section. This chapter outlines the specific procedures or techniques that have been 

used to perform the study. Section 4.1 will elaborate on the questionnaire design and measurement. 

Subsequently, section 4.2 will outline the sample of respondents that were asked to fill in the 

questionnaire. Finally, section 4.3 will comprise the method of statistical analysis. 

4.1 Questionnaire design 
The research model was tested by a questionnaire that was separated into two parts. The first part 

focused on categorizing the customer into the right segment (single-brand loyal, multi-brand loyal, or 

switcher), where the second part focused on measuring the drivers and moderating constructs. This 

order was based on the importance of the constructs. As the dependent variables are key-constructs, 

the completion rate should be higher if these questions were asked at the beginning of the 

questionnaire. The next sections outline each part of the questionnaire design separately.  

4.1.1 Categorization SBL, MBL & Switchers 
In the first section of the questionnaire, the respondents have been categorized into single-brand loyal, 

multi-brand loyal, and switching groups. The approach for this categorization was partly derived from 

Moreira, Silva & Moutinho (2016), Peng and Wang (2006), and Wangenheim and Bayón (2004). They 

segmented customers in two different groups namely switchers (disloyal) versus stayers (loyal). 

However, since the present research took also a third group into account (the multi-brand loyal 

customer), the segmentation did not fully fulfil the requirements. Moreover, Arifine, Felix & Furrer 

(2019) distinguished the multi-brand loyal customer separately which did fit the current research 

better (however their nature of market was different). Consequently, a combination of both 

approaches has been taken to distinguish the customer groups into the right segment as reliable as 

possible.  

Two questions were formulated to distinguish the three loyalty groups from each other. One 

behaviourally approached, the other based on the customer attitudinal preference. Three options 

were presented to the respondent and the respondent was asked to fill in a checkbox choosing one of 

the three options. Based on their answer, they were categorized into a group. For example, a customer 

that checkmarks that it “only considers the same providers” or “is always choosing out of the same set 

of brands” was identified as multi-brand loyal. The questionnaire items are shown in Appendix A, Table 

A1. 
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4.1.2 Loyalty drivers  
The second section of the questionnaire contained questions related to the identified loyalty drivers 

(i.e., satisfaction, trust, affective & calculative commitment, perceived risk, and involvement). To 

ensure construct validity, the measurement scales were adapted from prior studies. The constructs 

satisfaction, trust, affective commitment, and calculative commitment were measured with a five-

point Likert measurement scale and the related anchors “totally disagree” versus “totally agree”. The 

referred brand X in these questions was filled in as the companies name. Perceived risk was adapted 

from Wieringa & Verhoef (2007), where the question was asked to what extent a customer expects to 

have issues with the continuity of supply, solving problems, payments, answering questions, and reply 

on complaints. The anchors were “many problems” versus “no problems”. The scale items of this 

specific research were chosen because of their familiarity with the energy market and brand loyalty, 

which therefore made them seemingly fit in the present research. Lastly, involvement is adapted from 

Russell-Bennett, McColl-Kennedy & Coote (2007). The questionnaire items of the loyalty drivers are 

shown in Appendix A, Table A2.  

4.1.3 Moderators  
The last and third section of the questionnaire contained the brand values price orientation and 

sustainability orientation used as moderating variables. The moderator’s price orientation and 

sustainability orientation were included from Papista & Dimitriadis (2019), Magi (2003), and Wong & 

Chang (2018). The questions were each measured with a five-point Likert measurement scale, a four-

item instrument, and the related anchors “totally disagree” versus “totally agree”. The questionnaire 

items of the moderators are shown in Appendix A, Table A2. 

4.1.4 Control variables  
All the control variables were obtained from firm records. The database included demographic 

information as well as general information about the type of contract, participation in the loyalty 

program, and previous energy supplier. The firm data was anonymously matched with the filled-in 

survey using multiple data preparation techniques and a SurveyMonkey tool. The next section will 

describe the data gathering method more elaborately.  

4.2 Sample & data gathering 
The population target group was composed of 7,867 energy customers of the company. The 

respondents were randomly selected under the condition that they had indicated they were willing to 

be approached for market research. This preference was recorded after the purchase of their energy 

contract.  
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The questionnaire was designed in SurveyMonkey and distributed through Hubspot (CRM-program). 

It was pretested on multiple respondents (employees who are also customers of the energy company) 

to ensure clarity and readability. These respondents were not included in the overall sample.   

The control variables (data gathered from company records) were included following a multi-step 

process. First, the raw company data was imported into an excel file. Second, numerical and nominal 

data was transformed into a categorical order to ensure anonymity. For instance, the specific 

electricity use would directly link a survey to a specific customer. Therefore, this variable was 

separated into five categories. The specific categories can be found in Appendix J. Third, a unique link 

for each respondent was generated containing the categorical data of one customer. Finally, the 

unique link was attached to the corresponding e-mail in Hubspot.  

The respondent was not individually traceable after filling in the questionnaire, while still matching the 

company records containing individual customer data with the right customer’s response.  

4.3 Statistical analysis method   
The aforementioned measurement scales contain multiple categorical items on the independent 

variables and three categorical items on the dependent variables. There are only a few statistical 

techniques that fit data measurement having these characteristics. Another characteristic is that a 

ranking can be identified in the degree of loyalty; where switchers tend to be least loyal, multi-brand 

loyalists are loyal to a greater extent, and single-brand loyalists tend to be most loyal (Hegre, 2011).  

A statistical technique that seamlessly fits these characteristics is ordinal logistic regression. Ordinal 

logistic regression is a statistical technique that is used to predict a dependent variable on an ordinal 

scale given one or more independent variables. To comprehend an ordinal logistic regression model, 

a simple binary logistic regression model has to be explained first. In binary logistic regression the 

researcher considers an individual event that occurs (0) or not occurs (1). The outcome is presented in 

a logarithm of the odds, where p is the probability that an event occurs (Erkan & Yildiz 2014; Norusis 

& SPSS, 2011).  

In contrast to binary logistic regression, ordinal logistic regression considers the probability of one 

event and all the events that are ordered before. There is a specific order (ranking) in multiple 

dependent variables. As cited, the present research defines the order from least loyal to loyal 

represented by three categories; switchers, multi-brand loyalists, and single-brand loyalists. The last 

category does not have an odds ratio because it is scoring up with the earlier categories (Erkan & Yildiz 

2014; Norusis & SPSS, 2011).  
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The interpretation (and output) of ordinal logistic regression is similar to binary logistic regression 

containing log-likelihood estimates, goodness-of-fit statistics, and strength of the association 

measured by 𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃 𝑅𝑅2. In addition to binary logistic regression, ordinal logistic regression contains 

one additional assumption that may not be violated, called the test of parallel lines. The test of parallel 

lines assumes that the correlation between the dependent and independent variables does not change 

for the predicted categories. The lines of the location parameters (slope coefficients) are equal 

(parallel) across all dependent variables. The assumption of parallel lines is significant and 

consequently is violated, it is recommended to choose a less restrictive model like multinomial logistic 

regression (Erkan & Yildiz 2014; Norusis & SPSS, 2011). 

Multinomial logistic regression  
The main difference between ordinal logistic regression and multinomial logistic regression is that 

multinomial regression is comparing each independent variable of the category separately to the 

baseline (so 3 vs. 2 and 1 vs. 2). Ordinal regression assumes that the dependent variables are for all 

independent parameters parallel to each other and are being ranked (So 1 / 2 / 3). For a multi-nominal 

logistic regression, there are K-1 equations. The equation models are representing the odds of a driver 

relative to the baseline (category 2) (Neath & Johnson, 2010; Hair et. al, 2009).  

The exponent of the coefficient represents the relative risk ratios also called the odds ratios relative to 

the base category. If the exponent of the coefficient of category 3 is 1.5, it states that an increase of 

one unit in 𝑥𝑥 will result in 𝑥𝑥 multiplying the odds of category 3 relative to category 2 by 1.5 (Neath & 

Johnson, 2010; Hair et. al, 2009). The statistical equations of both methods are further elaborated in 

Appendix B. 

The process and outcomes of the statistical analyses performed on the gathered data will be described 

in the next chapter. Both statistical techniques have been examined, since the parallel lines test turned 

out significant for one model.  
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5. Data analysis and results  
This chapter will present the analyses and results of the executed research. Firstly, 5.1 will outline the 

approach to structure the analyses into multiple steps. Section 5.2 will elaborate on data examination, 

data cleaning, and reliability checks. Subsequently, 5.3 presents the results hypothesized by the 

research model.  

5.1 Analysis approach  

The analysis will be conducted using the consecutive steps proposed by Erkan & Yildiz (2014), Field 

(2013), Hair et al. (2009), and Norušis & SPSS (2011) for data examination, ordinal logistic regression, 

and multinomial logistic regression. An overview of the steps the current study has followed is 

described below.  

• Step 1 Introduction of the collected data (5.2.1) 

• Step 2 Data examination for speeders, missing values & outliers (5.2.2) 

• Step 3 Reliability and validity analysis  (5.2.3) 

• Step 4 Interpreting descriptive statistics (5.3.1) 

• Step 5 ANOVA-tests (5.3.2) 

• Step 6 Dummy coding, correlations, early and late response test (5.3.3-5.3.5) 

• Step 7 General results Model 1 Behavioural loyalty consideration, ordinal regression (5.4.1) 

• Step 8 General results Model 2 Attitudinal loyalty preference, multinomial regression (5.4.2) 

• Step 9 Hypothesis outcomes direct effects (5.6) 

• Step 10 Hypothesis outcomes moderating effects (5.7) 

5.2 Introduction, data cleaning, and reliability/validity tests  

The next section will start with an introduction of the collected data, followed by data cleaning in 

terms of examination of speeders, missing values, and outliers. Lastly, the data is examined on its 

reliability and validity.  

5.2.1 Introduction of the collected data 

The questionnaire was sent out once to 7,867 randomly selected customers. The mail had an open rate 

of 54.4% (4269) and a click-through rate of 24.8% (1060). Customers could receive as a reward 750 

loyalty points for a recently introduced loyalty program. The survey closed after two weeks and 

recorded 911 responses.  

The respondents were labelled with a unique id number. The first respondent was assigned as number 

1 and the last respondent was assigned as number 911, sorted by date and time. A group of the 

respondents only filled-in the first page (defining the y-variable) and churned on the second page. All 
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respondents who did not fill in any independent construct were excluded from the analysis, leaving 

857 respondents in the overall sample.  

Two questions were asked to specify the identity of a customer in terms of their loyal category. The 

first question “How many brands do you consider when switching to a new energy provider?”, was 

focused on the switching behaviour of a customer. The second question “Do you have any preferences 

towards specific energy providers?”, was focused on the attitudinal preference of a customer. Based 

on the filled-in checkbox answer the customer was categorized as (1) single-brand loyal, (2) multi-

brand loyal, and (3) switcher. These two questions respectively present the analysis of model 1 (step 

7) and model 2 (step 8) as outlined in this chapter.  

One respondent was having a missing value at the both above-mentioned key-constructs. This 

respondent (id-404) was omitted. The residual 856 respondents were loaded into the first dataset. The 

variables were labelled and set to the right measurement scales, to start the data examination.  

5.2.2 Data examination for speeders, missing values & outliers  

This section checks the data for speeders, missing values, and outliers. Two constructs were dropped 

in the overall analyses. Political orientation was dropped due to its high level of unknown data (see 

missing values section), some general descriptive can be found in Appendix C. Additionally, the back-

up construct loyalty (q5) was excluded, since the initial y-variables provided sufficient results for 

performing an ordinal and multinomial regression. Some descriptive insights of this construct can be 

found in Appendix D. 

Speeders  

The data was first checked on respondents who rushed the questionnaire, in literature called speeders. 

Speeders are not reading nor understanding the questions, which means they are not providing 

thoughtful responses and might have tried to collect their incentive as quickly as possible (Loosveldt 

and Beullens, 2017). Kim, Dykema, Stevenson, Black, & Moberg (2019) emphasize possible response 

tendencies namely acquiescence, extremity, and non-extremity. These groups could be identified by 

using the standard deviation of the battery method, calculating the mean and standard deviation of 

each respondent, and using particular cut-off values based on the research response. Characteristics 

of acquiescence respondents are that they have a very high or very low mean (~1 or ~5) and a low 

standard deviation (<0.5). These respondents tend to only answer completely agree [5,5,5,5] or 

completely disagree [1,1,1,1]. The characteristics of extremity respondents are that they have a 

medium mean (~3) and a high standard deviation (>2). A pattern of an extremity respondent is 

[1,5,1,5]. The characteristics of non-extremity respondents are that they have a medium mean (~3) 

and a low standard deviation (<0.5). This type of respondent filled in their response as [3,3,3,3]. The 
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mean is not necessarily used as a cut-off, but indicates the type of speeder. In the dataset one 

extremity and five non-extremity cases have been identified. Cases close to the cut-off values were 

also verified, however, no additional respondents were excluded (Christensen & Martinson, 2012). A 

more detailed view of the specific cases and a scatterplot overview can be found in Appendix E. 

Missing values 

To collect as much data as possible respondents were not required to fill in the entire questionnaire 

(Décieux et. al, 2015). As a result, some respondents contained missing cases. Political orientation was 

dropped for the first analyses. This variable was added for exploratory purposes, and it was beforehand 

expected it would contain overall more missing data compared to other questionnaire items due to its 

personal characteristics. In the first instance, 21 respondents were having a missing case in the political 

orientation construct, which was fairly low. However, another 107 respondents filled in that this 

question did not apply to them. Scoring up these numbers the political orientation of 128 respondents 

was unknown, which resulted in the decision to exclude this construct from the first analyses.  

The missing value analysis was continued with 32 items (of the independent variables). 31 of these 

items had at least 1 missing value. Looking horizontally to the data 770 respondents (90.6%) filled in 

the questionnaire, and 80 of the respondents (9.4%) had at least one missing case. In total 27,007 

values (99.3%) were filled in and 213 values (0.07%) were missing.  

A little MCAR-test is an indicator that identifies if the data is missing completely at random. A 

significant test indicates that the data are not missing completely at random. The test was not 

significant [P=.765] indicating that the data were missing completely at random (Little, 1988).  

Since the cases were missing completely at random, listwise deletion or imputation methods could be 

applied (IBM, 2020). Additionally, it was found that 50 respondents contained only one missing data 

point in a construct. A construct was on average consisting of four questions, wherein those cases 

three were filled in. Consequently, mean imputation would be the most rigorous technique to apply 

to the constructs. Mean imputation takes the mean of the other filled in items in a construct and 

substitutes the missing item for that mean. A downside of this imputation technique is that it can 

produce biased results (Hair et. al, 2009). That is why extra attention will be paid to the reliability and 

validity checks. The checks will be performed with and without the imputation technique.  

The control variables containing the customer characteristics (10 items) had no missing data. However, 

one item (age) contained 22 respondents whose age was unknown (category 8). The approach for 

handling the unknown data in this item is explained in the dummy variable section (5.3.3). 
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The dependent variables contained multiple missing items (q3 – 3, q4 – 4). These respondents were 

excluded from the dataset when performing the analyses.           

Outliers 

No outliers were removed from the dataset since all data were categorical or ordinal. An outlier 

analysis would remove unjustified all respondents who were very dissatisfied (1) or very satisfied (5), 

while these respondents contain just as much valuable information as all the other respondents (Liu, 

Wu & Zumbo, 2010).  

5.2.3 Reliability and validity analysis 

The research can give no valid conclusions if there is no valid measurement performed. For this reason, 

three criteria are used to assess the reliability and validity of the questionnaire items.  

1. Cronbach’s alpha: Measures the internal consistency of a construct. Cronbach’s alpha is an 

indicator of measuring the strength of that consistency. A Cronbach’s alpha of 0.7 defines the 

lower limit, although it may decrease to 0.6 (Hair et. al, 2009).  

2. Convergent validity: Measures if the hypothesized constructs that should be related to each 

other, in fact are related, and are having a high proportion of variance in common (Hair et. al, 

2009).  

3. Discriminant validity: The extent one construct distinct from the other ones (Hair et. al, 2009).  

These criteria are subsequently elaborated below. 

First, the Cronbach’s Alphas of the questionnaire constructs were all sufficient. The construct 

representing the lowest Alpha was calculative commitment (0.69). The construct representing the 

highest Alpha was satisfaction (0.92). Appendix F shows the Cronbach’s alpha for all constructs.  

Secondly, the convergent validity of the questionnaire items was assessed. A common technique is 

doing this based on the factor loadings of a particular construct. High loadings indicate that the factor 

converges at a similar point (the latent construct), and subsequently it can be inferred that there is a 

high convergent validity. It is mandatory that all loadings are statistically significant. In addition, the 

factor loadings for a Confirmatory Factor Analysis (CFA) should be at a minimum of 0.5 or higher and 

ideally 0.7 or higher (Hair et. al, 2009). The Standardized Regression Weights (factor loadings in SPSS 

AMOS) have been calculated and were all significant. In addition, 25/32 items met the 0.7 criteria and 

6/32 items were above 0.5, leaving 1/32 items below 0.5. The estimate of one item of affective 

commitment (Affective commitment question 4, AC4) had a factor loading of 0.413. Consequently, 

only this one item was omitted out of the overall analysis. Appendix G shows the estimates before and 

after omitting this item. The new standardized regression weights turned out all sufficient.  
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In addition, discriminant validity has been assessed. The discriminant validity could be determined by 

comparing the square root of the Average Variance Extracted values (AVE) with the correlations 

estimates and/or using the Heterotrait-monotrait (HTMT) method (Hair et. al, 2009). The idea is that 

the latent construct should explain more of its own item measures compared to that it shares with 

another construct. When the correlation is higher compared to the squared root of the AVE, 

discriminant validity has been proven for the model. Using the squared AVE method all constructs 

showed discriminant validity except for the relations trust and affective commitment [T->AC: 0.77 < 

0.79, AC->T: 0.77 > 0.66] and the relations calculative commitment and affective commitment [CC-

>AC: 0.87 > 0.7, AC->CC: 0.77 > 0.66]. This could indicate signs of collinearity on those constructs. That 

is why the HTMT method is used to perform an additional measurement scale on the discriminant 

validity analysis. The cut-off value of this analysis is argued to be 0.9 (Henseler, Ringle & Sarstedt, 2015) 

or 0.85 (Hamid, Sami & Sidek, 2017). As can be seen in Appendix G only the relations calculative 

commitment and affective commitment are touching these cut-off values with an HTMT value of 0.86. 

An explanation for this could be that affective and calculative commitment both have some similarities 

in measuring the overall commitment construct.  

To surely know there is no vertical multi-collinearity, a Variance Inflation Factor (VIF) score was 

calculated. A VIF-score above 5 indicates multi-collinearity, and includes that the variables are closely 

correlated to each other. All VIF scores were not exceeding the cut-off values, indicating that there is 

no presence of multi-collinearity (Appendix H). To conclude, a few “red flags” may exist and it does not 

has to have immediate implications for your model in the real world (Kock & Lynn, 2012). The results 

are not seen as substantial enough to have high implications for the hypothesized model (Hair et. al, 

2009). However, they have been seen as a motive to consider modelling both commitment constructs 

as one. 

Consequently, the overall model fit has been compared between the two models. First, model 1 where 

each calculative commitment and affective commitment are separate entities. Second, model 2 

including commitment as one construct. The Comparative Fit Index (CFI) should be above 0.92 for a 

good model fit, while simultaneously the Standardized Root Mean Square Residual (SRMR) should be 

below 0.08, and the Root Mean Square Error of Approximation (RMSEA) below 0.07 (Hair et. al, 2009). 

The Akaike Information Criterion (AIC) is an indicator that is designed to compare the quality of one 

model to another. The lower the AIC, the higher the model quality (Ogasawara, 2016). The overall 

model fit of model 1 could be described as very good [CFI = 0.925, SRMR = 0.469, RMSEA = 0.059, AIC 

= 1818.4]. The overall model fit of model 1 could be described as sufficient [CFI = 0.92, SRMR = 0.493, 

RMSEA = 0.06, AIC = 1892.39]. The model fit indices indicated a decreased model fit modelling affective 
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commitment and calculative commitment as one construct. As a result, both are kept as separate 

constructs. 

Finally, some robustness checks have been examined using different types of missing data handling 

techniques (listwise deletion or pairwise deletion instead of imputation). The checks have compared 

the Cronbach’s alpha as well as the fit indices of the models to each other. As can be seen in Appendix 

I, there was no large difference between the chosen method (mean imputation), and the other 

methods, confirming the validity and reliability of the current model.  

To conclude, the overall model passes the reliability and validity tests after omitting AC4 and is ready 

to be further explored in the next section describing some descriptive statistics.  

5.3 Exploring questionnaire  

In the next sections, the questionnaire is explored giving first descriptive insights of the overall 

results. In chronological order descriptive statistics, ANOVA-tests, dummy coding, correlations, and 

early and late response are outlined. 

5.3.1 Descriptive statistics  
After performing mean imputation and listwise deletion, 830 respondents were left in the overall 

dataset. These respondents have been used to perform the regression analysis. Of the respondents 

69% is male, 29% is female and 2% is neutral. Age is well-distributed, although only three respondents 

are below 25, as younger people do not particularly have an energy contract yet. The questionnaire 

contains respondents out of all provinces in the Netherlands. Most respondents have one or two 

contracts, however, there are also respondents who have even seven contracts. A more elaborately 

overview of the descriptive statistics can be found in Appendix J.  

Additionally, the mean values of each construct are calculated and compared to each other. The 

ordinal logistic regression contains three groups, single-brand loyal customers, multi-brand loyal 

customers, and switchers. The respondents have been placed in these groups based on their behaviour 

(q3) and attitudinal preference for an energy supplier (q4). Figure 4 below is based on the attitudinal 

preference having 313 respondents being loyal, 172 being multi-brand loyal, and 341 being a switcher. 

The overall mean scores turn out as expected. The single-brand loyal customers have the highest 

average of mean scores, followed by multi-brand loyal customers. Switchers have on all loyalty drivers 

the lowest score except for price-orientation. They are more price-oriented compared to a multi-brand 

loyal or single-brand loyal customer. Surprising is that the multi-brand loyal customer is following 

closely the overall mean of the dataset. It seems like they represent the ‘average customer’ in terms 

of loyalty drivers. Appendix K shows the numeric mean score values.  
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Figure 4: Mean scores of the loyalty groups sorted on their attitudinal preference. 
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5.3.2 One-way ANOVA 
An Analysis of variance (ANOVA) was performed to compare differences in general means among the 

loyalty groups. All constructs turned out significant, indicating that there was at least one loyalty group 

per construct significantly differing from the others. These results are shown in Appendix L. 

Additionally, it would be interesting to know how the groups are relating separately to each other.  

This could be examined by performing post-hoc testing (Tukey) for each of the loyalty groups. The 

results in Table 2 show overall significant differences comparing the loyalty groups to each other. One 

of the few exceptions is the difference between single-brand loyal versus multi-brand loyal in terms of 

involvement. Note that an ANOVA analysis is only assessing the summed means of each category, while 

the logistic regression techniques assess the score more in detail per individual item to draw a 

relationship. Furthermore, satisfaction, trust, perceived risk, affective commitment, calculative 

commitment, and involvement are treated as dependent variables, while the loyalty groups are 

represented as the independent ones. Still, it gives a good overview of the general population 

differences.  
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Table 2: Post-hoc test Tukey HSD, behavioural loyalty consideration & Attitudinal loyalty preference. 

5.3.3 Dummy coding 
There are eleven predefined categorical variables containing customer data. The variables are treated 

in three different ways, based on their nature. 

First, a categorical variable could be transformed into a dummy to act as a control variable. Dummy 

variables are possessing unique characteristics to represent a single category of a nonmetric variable. 

They exist out of 𝑘𝑘 categories. For one category there are 𝑘𝑘 − 1 dummy variables since one variable is 

appointed as the reference category. For instance, the variable gender contains three categories and 

consequently two dummy categories. Female is appointed as the reference category. Male and neutral 

are coded to two separate dummies. In the previous case, it was well structured to create a dummy 

for all categories. However, dummies like province (12 categories), type of contract (19 categories), 

previous energy supplies (12 categories), and channel (13 categories) do not have three but an 

abundance of categories. That is why these variables have been coded into categories that still contain 

the information needed, but are having fewer dummies. For example, all 19 products the company 

mostly offers are divided into 4 clusters, specifying the contracts on duration-type. These clusters have 

   Behavioural consideration Attitudinal preference 

Dependent 

Variable Loyalty group (I) Loyalty group (J) 

Mean 

Difference (I-J) Std. Error 

Mean 

Difference (I-J) Std. Error 

Satisfaction 
Single-brand loyal 

Multi-brand loyal .23** .06 .34** .06 

Switcher .38** .05 .49** .05 

Multi-brand loyal Switcher .15(*) .06 .15* .06 

Trust 
Single-brand loyal 

Multi-brand loyal .18** .05 .23** .05 

Switcher .33** .04 .48** .04 

Multi-brand loyal Switcher .15* .06 .26** .05 

Affective 

commitment 

Single-brand loyal 
Multi-brand loyal .34** .06 .48** .06 

Switcher .60** .05 .76** .05 

Multi-brand loyal Switcher .25** .07 .28** .06 

Calculative 

commitment 

Single-brand loyal 
Multi-brand loyal .36** .07 .45** .07 

Switcher .69** .06 .77** .05 

Multi-brand loyal Switcher .32** .07 .32** .07 

Perceived risk 
Single-brand loyal 

Multi-brand loyal .12 .06 .18** .06 

Switcher .28** .05 .34** .05 

Multi-brand loyal Switcher .16* .06 .16* .06 

Involvement 
Single-brand loyal 

Multi-brand loyal .06 .06 .11 .06 

Switcher .22** .05 .39** .05 

Multi-brand loyal Switcher .16* .07 .28** .06 

Significance: (*) = <0.1 * = <0.05 ** = <0.01, mean differences in bold are not significant.  
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three dummy variables. A more extended argumentation for clustering the dummy groups is presented 

in an overview in Appendix J. 

Secondly, there are categorical variables that have been transformed into a continuous variable. The 

variables age, customer lifetime, and electricity usage have all been changed to a numerical state by 

taking the mean of each categorical range. For instance, having respondents with an age of 36-45, it is 

assumed the average age is 40.5. For all these categories the problem appears that the last category 

has an unlimited range [age >75, customer lifetime >84, electricity usage >5000]. This is solved by 

calculating the numerical average of all respondents in the mailing list before they were recoded to a 

categorical variable. Keep in mind that the data is collected in an anonymous categorical state resulting 

that the numerical age of a respondent is not individually traceable. However, it is possible to calculate 

the mean of the overall group.  

Lastly, there are two binary variables (participation in loyalty program and received a gift), who do not 

need any recoding. Also, there is one numerical variable (number of contracts), which is already 

continuous in its nature, and therefore no changes have to be made. All variables have been listed in 

Appendix J. 

5.3.4 Correlations  
A Pearson correlation test was performed to evaluate the association between the independent and 

dependent variables. The results can be seen in Table 3. All independent and dependent variables were 

having strong significant correlations, which indicates that the items are sharing similarities. Trust and 

satisfaction contained the highest correlation [.712**], followed by trust and affective commitment 

[.650**], and affective and calculative commitment [.621**]. The weakest correlation was perceived 

risk and satisfaction [0.095**]. The causal relationship of the variables will be tested in section 5.4. 

  



40 
 

     Table 3: Correlations matrix, overview of the Pearson correlations 

5.3.5 Early and late response  
71% of the respondents filled in the questionnaire within 24 hours. The other 13 days that the 

questionnaire was open for a response the last 29% of the respondents completed the questionnaire. 

Page (1939) suggested that there could be a difference between the late and early respondents. Where 

the late returners could be less valuable. However, not always significant differences are found 

between these groups (Borg & Tuten, 2016). Also the present data did not show any significant results. 

There were no large differences between the early and late respondents. An overview of the examined 

tests can be seen in Appendix M.  

5.4 General results 
This paragraph will present a general overview of the results after performing the statistical analyses. 

The section is divided in two parts. First, the results of model 1 are shown in Table 4. Model 1 

performed an analysis with the dependent variable explaining the behavioural loyalty consideration of 

energy customers. Secondly, the results of model 2 are shown in Table 5. Model 2 performed an 

analysis with the dependent variable explaining the attitudinal loyalty preference of energy customers. 

Based on the choice of the answer the respondent has been set in category 1 (single-brand loyal), 

category 2 (multi-brand loyal), or category 3 (switcher). 

5.4.1 Model 1 Behavioural loyalty consideration 
Model 1 performed an analysis with the dependent variable explaining the behavioural loyalty 

consideration of energy customers. An ordinal logistic regression has been performed based on the 

methodology described in Chapter 4.3. The case process summary visualized the proportion of cases 

falling at each level of the dependent variable. 417 respondents were assigned to the single-brand 

 Satisfa
ction Trust 

Affective 
commit

ment 

Calculati
ve 

commit
ment 

Perceived 
risk 

Involve
ment 

Sustaina
bility 

orientati
on 

Price 
orient
ation 

Behavioural 
consideration 

Attitudinal 
preference 

Satisfaction 1          

Trust .71** 1         

Affective 
commitment .56** .65** 1        

Calculative 
commitment  .38** .46** .62** 1       

Perceived risk .10** .13** .25** .34** 1      

Involvement .19** .25** .40** .28** .16** 1     

Sustainability 
orientation .20** .27** .30** .26** .13** .33** 1    

Price 
orientation -.13** -.15** -.27** -.36** -.16** -.11** -.24** 1   

Behavioural 
consideration 

-.26** -.25** -.38** -.39** -.20** -.15** -.18** .34** 1  

Attitudinal 
preference 

-.34** -.37** -.48** -.44** -.25** -.27** -.27** .33** .56** 1 

Significance: (*) = <0.1 * = <0.05 ** = <0.01 
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loyal category (50,42%). 151 of the respondents were assigned to a multi-brand loyal category 

(18.26%) and the other 259 respondents were assigned as switchers (31.32%).  

The model fit indices indicated there was a good model fit [𝜒𝜒2; (35) = 403.44, 𝑝𝑝 < .01] 

[𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃;  (1623) = 1655.57  𝑝𝑝 = 𝑃𝑃. 𝑃𝑃. ] [𝐷𝐷𝑃𝑃𝐷𝐷𝐷𝐷𝑃𝑃𝑃𝑃𝑐𝑐𝑃𝑃;  (1623) = 1281.99, 𝑝𝑝 = 𝑃𝑃. 𝑃𝑃. ]. Furthermore, 

the pseudo R-square was 0.39 for Cox & Shell, 0.44 for Nagelkerke, and 0.24 for McFadden, explaining 

44% of the variance of the model and indicating a good level of prediction. The test of Parallel Lines 

was not significant [𝜒𝜒2; (29) = 27.01, 𝑝𝑝 = 𝑃𝑃. 𝑃𝑃. ] indicating that the location parameters are having 

the same slope coefficients across the dependent variables and that ordinal logistic regression is a 

suitable regression method for this data.   

The parameter estimates are containing the regression coefficients and are indicating the significance 

of each of the independent variables. As can been seen in Table 4 there is a positive estimate(𝛽𝛽), this 

means for every unit that an independent variable increases, there is a predicted increase (in log odds) 

falling at a higher level of the dependent loyalty variable. More generally, a positive coefficient 

represents an increased probability of a customer falling into the multi-brand loyal or single-brand 

loyal category. For instance, the results of hypothesis H1 present that the odds of being in a higher 

category on loyalty increases by a factor of 1.79 [ 1
exp(𝛽𝛽)= .56

]  for every one unit increase on satisfaction. 

The thresholds are the intercepts [BLC cut − off SW | MBL = 1] [BLC cut− off MBL | SBL = 2], sometimes in 

ordinal logistic regression called cut-off points. The intercepts indicate where the latent variable is cut-

off between the estimated groups, in the current research 3-2 and 2-1. Generally, these are not used 

in the interpretation.  

The hypotheses outcomes will be further elaborated in section 5.6.  
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Table 4: Ordinal logistic regression results 

 

Parameter estimates Behavioural loyalty consideration 
   Main effects model Final model including 

moderation effects 
Direct effects Hypo 

 
 Coef. Exp. (𝛽𝛽) Coef. Exp. (𝛽𝛽) 

[BLC Switchers | Multi-brand]  4.36** 8.14**  5.94**  
[BLC Multi-brand | Single-brand]  5.29** 9.28**  7.13**  
Satisfaction H1ab .36** .45** 1.56 .57** 1.79 
Trust H2ab -.21 -.12 .89 -.18 0.83 
Affective commitment H3ab .68** .52** 1.67 .55** 1.72 
Calculative commitment H4ab .69** .52** 1.69 .32* 1.37 
Perceived risk H5ab .24(*) .15 1.16 .09 1.09 
Involvement  H6ab -.04 -.12 .88 -.12 0.89 
Price orientation     -.56** 0.57 
Sustainability orientation     .04 1.04 
     

Control variable paths (not significant effects omitted)   
Age   .01* 1.01 .01(*) 1.01 
1 year contract (Ref. Variable contract)   -1.71** .18 -1.64** .20 
3 year contract (Ref. Variable contract)   -1.62** .20 -1.57** .21 
5 year contract (Ref. Variable contract)   -2.43** .09 -2.56** .09 
COP Online sales (Ref. Price comparison)   .99** 2.63 .73** 2.29 
COP Collective / auction (Ref. Price comparison)   .73** 2.08 .91** 2.08 
COP Other (Ref. Price comparison)   .91** 2.44 .89** 2.38 
Provinces Liander (Ref. Enexis)   -.43* .65 -.51** .60 
Number of contracts   .53** 1.69 .54** 1.72 
Gift   -.67(*) .51   
Annual electricity consumption (per 1000 Kwh)   -.13** .88 -.12** .88 
     

Moderation effects    
Satisfaction x Price orientation H7a    -.29* .75 
Trust x Price orientation H7b    .26(*) 1.30 
Calculative commitment x Price orientation H7c    .17(*) 1.19 
Affective commitment x Sustainability orientation H8a    .18* 1.19 
Involvement x Sustainability orientation H8b    .01 0.99 
     

Model fitting information   
Chi-square 𝜒𝜒2   368.29** 403.44** 
Goodness of fit     
Pearson   1653.99 (insig.) 1655.57 (insig.) 
Deviance   1317.71 (insig.) 1281.99 (insig.) 
Pseudo 𝑅𝑅2     
Cox and Snell   0.36 0.39 
Nagelkerke   0.41 0.44 
McFadden   0.22 0.24 
Test of parallel lines 𝜒𝜒2  

 22.8 (insig.) 27.01 (insig.) 

(*) = <0.1 * = <0.05 ** = <0.01, COP = channel of purchase 
 

 

5.4.2 Model 2 Attitudinal loyalty preference  
Model 2 performed an analysis with the dependent variable explaining the attitudinal loyalty 

preference of energy customers. An ordinal regression was performed. However, the test of Parallel 

Lines turned out significant in all cases [𝜒𝜒2; (26) = 42.63, 𝑝𝑝 < .05] indicating that the location 

parameters are not having the same slope coefficients across the dependent variables. In this case, a 

less restrictive model like multinomial regression would be more suitable. Performing a multinomial 
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logistic regression single-brand loyalty and switchers are compared to the baseline ‘multi-brand 

loyalty’. Table 5 gives an overview of the results.  

The case process summary visualized the proportion of cases falling at each level of the dependent 

variable. 313 respondents were assigned to the single-brand loyal category (37.89%). 172 of the 

respondents were assigned to a multi-brand loyal category (20.82%) and the other 341 respondents 

were assigned as switchers (41.28%).  

The model fit indices indicated there was a good model fit [𝜒𝜒2; (52) = 458.32, 𝑝𝑝 <

.01]. Furthermore, the pseudo R-square was 0.43 for Cox & Shell, 0.49 for Nagelkerke, and 0.26 for 

McFadden, explaining 49% of the variance of the model and indicating a good level of prediction.  

The interpretation of the model is relatively similar to ordinal logistic regression. However, there is no 

ranking, instead, a reference category is appointed (the multi-brand loyalist). For example, given a one 

unit increase in satisfaction, the odds of being single-brand loyal relative to multi-brand loyal would be 

expected to increase by 2.22. For switchers relative to multi-brand loyal customers, there is a minimal 

not significant difference, indicating that these customers are equally likely to fall in one of the groups. 
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  Parameters estimates attitudinal preference (reference category multi-brand loyalists) 
  Single-brand loyal  Switchers 
  Direct 

effects 
model 

Main effects 
model 

Final model 
including 
moderation 
effects 

 Direct 
effects 
model 

Main 
effects 
model 

Final model 
including 
moderation 
effects 

Direct effects Hypotheses 
 Coef. Exp. 

(𝛽𝛽) Coef. Exp. 
(𝛽𝛽) 

  Coef. Exp. 
(𝛽𝛽) Coef. Exp. 

(𝛽𝛽) 
Intercepts  -4.96** -9.94** -9.07**  6.51** 4.65  3.31**  
Satisfaction H1a .73** .80** 2.22 .80** 2.22 H1b .22 0.18 1.20 .09 1.10 
Trust H2a -.59* -.60* .55 -.64* .53 H2b -.81** -.84** .43 -.79** .45 
Af commitment H3a 1.08** 1.01** 2.75 .10** 2.71 H3b -.35 -.12 .89 -.12 0.87 
Ca commitment H4a .41* .44* 1.56 .40* 1.49 H4b -.31* -.22 .80 -.10 .91 
Perceived risks H5a .16 .01 1.10 .08 1.09 H5b -.09(*) -.33(*) .72 -.30 .74 
Involvement  H6a -.18 -.28 .76 -.26 .76 H6b -.55** -.53** .59 -.51** .60 
Price orientation    -.32* .72     .35* 1.42 
Sustainability orientation   .14 1.15     -.13 .88 
         

Control variable paths (not significant effects omitted)     
Male (Ref. Female)       .74** 2.09 .75** 2.11 
Age .02** 1.02 .02** 1.02       
1 year contract (Ref. Variable) -1.37** 0.26 -1.28** 0.28       
3 year contract (Ref. Variable) -1.50** 0.22 -1.42** 0.24   -.85** 0.43 -.97** 0.38 
5 year contract (Ref. Variable) -1.14(*) 0.32 -1.04 (*) 0.36       
Number of contracts .28** 1.32 .27** 1.32   -.36** .70 -.24* .71 
Gift  -1.26* 0.29 -1.25* 0.23       
         

Moderation effects        
Satisfaction x Price orientation H7a .21 1.23     -.04 .60 
Trust x Price orientation H7b -.05 .95     .03 1.03 
Ca commitment x Price orientation H7c -.07 .93     .03 1.03 
Af commitment x Sustainability orientation H8a .04 1.04     .11 1.11 
Involvement x Sustainability orientation H8b -.09 .92     -.22 .80 
         

Model fitting information       
𝜒𝜒2   427.03** 458.32**   427.03** 458.32** 

Pseudo 𝑅𝑅2         
Cox and Snell   .41 .43   .41 .43 
Nagelkerke   .46 .49   .46 .49 
McFadden   .25 .26   .25 .26 
 (*) = <0.1 * = <0.05 ** = <0.01, Af commitment = affective commitment, Ca commitment = calculative commitment 

 
Table 5: Multinomial logistic regression results 

5.6 Hypotheses outcomes direct effects 
The hypotheses outcomes of model 1 (behavioural loyalty consideration) will be discussed in 5.6.1. 

The hypothesis outcomes of model 2 (attitudinal loyalty preference) will be discussed in 5.6.2. A 

comparison between both models is going to be discussed in 5.6.3.  

5.6.1 Hypothesis outcomes direct effects model 1 (Behavioural) 
The first model showed the results of the behavioral loyalty consideration of the customer. H1ab was 

supported because an increase in satisfaction significantly increased the odds of being in a higher 

loyalty category [β = .57, 𝑃𝑃𝑥𝑥𝑝𝑝(𝛽𝛽) = 1.79, 𝑝𝑝 < .01]. Conversely, H2ab trust was not supported 

indicating no significant relationship  [β = −.18, 𝑝𝑝 = 𝑃𝑃. 𝑃𝑃. ]. H3ab affective commitment [β = .55,

𝑃𝑃𝑥𝑥𝑝𝑝(𝛽𝛽) = 1.72, 𝑝𝑝 < .01], and H4ab calculative commitment [β = .32, 𝑃𝑃𝑥𝑥𝑝𝑝(𝛽𝛽) = 1.37, 𝑝𝑝 < .05] were 
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both supported, indicating that for every unit of increase in these independent variables, there is a 

predicted increase in the log-odds of a customer being in a higher loyalty category. Lastly, H5ab 

perceived risk [β = .09, 𝑝𝑝 = 𝑃𝑃. 𝑃𝑃. ], and H6 involvement [β = −.12, 𝑝𝑝 = 𝑃𝑃. 𝑃𝑃. ] were not significant and 

consequently not supported.  

To interpret the hypothesis findings, the relationships have been ranked on importance. First, the two 

strongest factors determining that a customer is considering a smaller set of providers are the drivers 

satisfaction and affective commitment. Exhibiting higher levels of these drivers will result in a higher 

behavioral loyalty towards one brand. Results state that both drivers are almost equally contributing 

to the increase of the behavioral loyalty degree. Subsequently, calculative commitment is to a lesser 

extent significantly contributing to being in a higher loyalty category. Lastly, drivers like trust, perceived 

risk, and involvement have no effect on the behavioral loyalty consideration of customers. An overview 

of the effects can be seen in Table 6. 

Furthermore, the model was significantly controlled by multiple control variables, which presented a 

few remarkable results. First, customers who have a fixed contract are likely to fall in a lower loyalty 

category compared to a customer with a variable contract. A customer who has a five-year contract is 

even 11.5 times more likely to fall in a lower loyalty category than customers having a variable contract. 

Additionally, having more contracts will result in being more behavioural loyal to one provider, while 

a customer having more electricity consumption is more likely to fall in a higher switching category. 

Moreover, an interesting result is the significant difference in loyalty among network providers. 

Customers having Liander as a network operator seem to fall in a higher loyalty category compared to 

customers having Enexis as a network operator. Finally, younger people are more likely to exhibit 

switching behaviour. 

5.6.2 Hypothesis outcomes direct effects model 2 (Attitudinal) 
The second model showed the results of the attitudinal loyalty preference of the customer. Single-

brand loyalty was compared to the reference category multi-brand loyalty. H1a satisfaction was 

supported [β = .80, 𝑃𝑃𝑥𝑥𝑝𝑝(𝛽𝛽) = 2.22, 𝑝𝑝 < .01] indicating a significant positive effect of satisfaction on 

the odds of a customer being single-brand loyal relative to multi-brand loyal. Contrary to the 

expectations, H2a trust showed a significant negative effect on the odds of being single-brand loyal 

relative to multi-brand loyal [β = −.64, 𝑃𝑃𝑥𝑥𝑝𝑝(𝛽𝛽) = .53, 𝑝𝑝 < .05]. Additionally, Both commitment 

constructs H3a and H4a were supported, whether affective commitment [β = 1.0, 𝑃𝑃𝑥𝑥𝑝𝑝(𝛽𝛽) = 2.71,

𝑝𝑝 < .01] was highly significant and calculative commitment [β = .40, 𝑃𝑃𝑥𝑥𝑝𝑝(𝛽𝛽) = 1.49, 𝑝𝑝 < .05] 

marginal significant. Both H5a perceived risk [β = .08, 𝑝𝑝 = 𝑃𝑃. 𝑃𝑃. ], and H6a involvement [β = −.26,

𝑝𝑝 = 𝑃𝑃. 𝑃𝑃. ] were not significant, and consequently not supported.  
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Secondly, attitudinal switchers were compared to the reference category (the multi-brand loyalists). 

H1a was not supported, indicating that satisfaction does not predict a difference between a switcher 

and a multi-brand loyalist [β = .09, 𝑝𝑝 = 𝑃𝑃. 𝑃𝑃. ]. H2b was supported, [β = .79, 𝑃𝑃𝑥𝑥𝑝𝑝(𝛽𝛽) = 1.83, 𝑝𝑝 < .01] 

indicating that customers having trust are more likely to be multi-brand loyal. On the contrary, H3b 

affective commitment [β = −.12, 𝑝𝑝 = 𝑃𝑃. 𝑃𝑃. ], H4b calculative commitment [β = .10, 𝑝𝑝 = 𝑃𝑃. 𝑃𝑃. ], and 

H5b perceived risk  [β = .30, 𝑝𝑝 = 𝑃𝑃. 𝑃𝑃. ] were both not significant, and thus not supported. Lastly, H6b 

involvement [β = .51, 𝑃𝑃𝑥𝑥𝑝𝑝(𝛽𝛽) = 1.67, 𝑝𝑝 = .003] was supported. An overview of the effects can be 

seen in Table 6. 

To interpret the hypothesis findings, the most important relationships have been ranked on 

importance. Affective commitment turned out to be the most important predictor for being single-

brand loyal relative to multi-brand loyalty. Also exhibiting high levels of satisfaction substantially 

contributes to being single-brand loyal instead of multi-brand loyal. A remarkable outcome is the high 

level of trust perceived by the multi-brand loyalist. Having high trust substantially increases the 

chances of being multi-brand loyal instead of single-brand loyal or being a switcher. Involvement is an 

important driver predicting a difference between multi-brand loyal customers relative to switchers. 

Significant control variables for this category comparing multi-brand loyalist to single-brand loyalists 

were age, type of contract (duration), and number of contracts and gifts. The results suggested similar 

outcomes compared to the behavioral loyalty construct. One additional interesting result is the 

difference in gender between multi-brand loyalists and switchers. Males relative to females tend are 

more likely to be a switcher.  

5.6.3 Comparison model 1 and model 2 
The previous sections emphasized individually the most important outcomes of the drives on the 

behavioural loyalty or attitudinal loyalty extent of the customer. This paragraph will compare the most 

important findings of both models to each other. The first model focused more on the ‘real purchase 

consideration’, while the second model focuses more on ‘the overall attitude’ towards (multiple) 

brands.  

First, a remarkable result is the similarity between the models in terms of satisfaction and affective 

commitment. Both drivers are having a large impact on the behavioural loyalty consideration of 

customers as well as the attitudinal loyalty preference between single-brand loyalists and multi-brand 

loyalists. However, there is no impact of the drivers on the attitudinal loyalty extent between switchers 

and multi-brand loyalists. Additionally, calculative commitment is presenting similar results, however, 

the strength of the relationship is weaker indicating lower importance.  
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Table 6 Comparison of the behavioural and attitudinal results 

A second remarkable result is the impact of the driver trust on the likelihood that a customer fits in a 

higher loyalty category. The driver shows no significant effect for the behavioural loyalty consideration, 

while for the attitudinal loyalty preference there is a negative effect for trust on single-brand loyalty 

versus multi-brand loyalty, and a positive effect for multi-brand loyalists versus switchers. It seems 

that customers exhibiting a high level of trust, do have a strong attitude to specific brands. 

A third remarkable result is the involvement of multi-brand loyal customers relative to switchers. In 

behavioural consideration, there was no significant result, while there is a substantial impact of 

involvement on these specific groups. As involvement increases the consumer preference is more likely 

to be focused on specific energy suppliers. However, no changes are made in their purchase 

consideration.  

Table 6 shows an overview of the direct effects outcomes. Having H1a as an example, the table should 

be read as follows (left to right): If satisfaction increases, the likelihood that a customer is single-brand 

loyal (SBL) rather than multi-brand loyal (MBL) should increase significantly. Model 1 supports both 

H1a and H1b. The strength and direction of the relationship is positive and strong. The result of H1a is 

only applicable in model 2 for the comparison between SBL vs MBL, since the hypothesis is only focused 

on this matter. The last two grey cells are not applicable for this hypothesis. Based on the strength or 

direction of the 𝑃𝑃𝑥𝑥𝑝𝑝(𝛽𝛽), the relationship outcome has received a +,++,+++ or -,--,---. The cut-off values 

have been presented in the legend of Table 6.  
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5.7 Hypothesis outcomes moderation results model 1 and model 2 
This section examines the hypotheses with regard to moderation effects for model 1 and model 2. 

First, the interaction effects of model 1 are described. Secondly, the interaction outcomes of model 2 

are presented. As can be seen in Table 4, four of the five interaction effects of model 1 were significant 

or marginal significant. The interaction effects are subsequently outlined below.  

A first moderation revealed a significant interaction effect of satisfaction and price orientation on the 

loyalty groups [β = .29, 𝑝𝑝 < .05], supporting H7a. Figure 5 shows the moderation effect. The y-axis 

contains the likelihood that a customer is directed to a group containing a higher degree of loyalty. An 

increased number shows an increased likelihood of being 

single-brand loyal. A decreased number shows an increased 

likelihood of being a switcher. Multi-brand loyalists are 

positioned in the middle. To simplify the interpretation, the 

y-axis is called the ‘degree of loyalty’. The x-axis contains the 

extent of satisfaction. As can be seen in Figure 5, customers 

having a low price orientation are having overall a higher 

degree of loyalty, compared to customers having a high price 

orientation. As satisfaction increases, customers with a low 

price orientation show a slightly higher degree of loyalty. On the contrary, it is remarkable that when 

customer satisfaction increases while having a high price orientation, a decreased degree of loyalty is 

shown.  

A second moderation revealed a marginal significant interaction effect of trust and price orientation 

on the loyalty groups [β = −.26, 𝑝𝑝 < 0.1], supporting H7b. 

Note that this interaction effect is marginal significant and 

should be interpreted with caution. Figure 6 shows the 

moderation effect. Similar to the first moderation, customers 

having a low price orientation have an overall higher degree 

of loyalty, compared to customers having a high price 

orientation. There is nearly no increase in the trust of 

customers having a low price orientation. However, as trust 

increases for highly price-oriented customers, they show a 

higher degree of loyalty.  

A third moderation revealed a marginal significant interaction effect of calculative commitment and 

price orientation on the loyalty groups [β = −.17,    𝑝𝑝 < 0.1], supporting H7c. Note that this 

Figure 5: First moderating effect representing the degree of 
loyalty 

Figure 6: Second moderating effect representing the degree 
of loyalty 
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Figure 7: Third moderating effect representing the degree of 
loyalty 

Table 7 Moderation results 

interaction effect is marginal significant and should be 

interpreted with caution. Figure 7 shows the interaction 

effect. Similar to the first two moderation hypotheses, 

customers having a low price orientation have an overall 

higher degree of loyalty, compared to customers having a 

high price orientation. As calculative commitment increases, 

the degree of loyalty for low price-oriented customer 

increases and for high price-oriented customers strongly 

increases.  

A fourth moderation is revealed by a significant interaction effect 

of affective commitment and sustainability orientation on the 

loyalty groups [β = −.18, 𝑝𝑝 < .05], supporting H8a.  As can be 

seen in Figure 8, high affective commitment ensures a higher 

degree of loyalty than low affective commitment. The increase in 

affective commitment seems to have more impact on the degree 

of loyalty when the sustainability orientation is high.  

The interaction effect of involvement and sustainability orientation 

on the loyalty groups was not significant  [β = −.01, 𝑝𝑝 = 𝑃𝑃. 𝑃𝑃. ]. 

Therefore, H8b was not supported.  

Furthermore, as can be seen in Table 5 the interaction outcomes of model 2 were all not significant. 

From an attitudinal perspective, they were not supporting hypothesis H7a-c and H8ab. It could be 

concluded that price orientation and sustainability orientation significantly interacts with the behavior 

of a customer, however, they do not have an impact on the attitude. The findings with regard to the 

hypotheses are further discussed in the Chapter 6 discussion and conclusion. Table 7 shows an 

overview of the hypotheses, and indicates if they have been supported or rejected. 

  

Figure 8: Fourth moderating effect representing the 
degree of loyalty 
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6. Discussion & Conclusions   
This study aimed to examine the effects of loyalty drivers on single-brand loyalists, multi-brand 

loyalists, and switchers in an attitudinal and behavioural way. The first section of this chapter starts by 

deriving the theoretical implications of the research. Subsequently, managerial implications are 

provided. Finally, the last section of this study will outline the limitations of this research and indicates 

future research directions.  

6.1 Theoretical implications  
The energy market has gradually changed since its liberalisation in 2004 just as the existence and 

importance of the multi-brand loyal customer. Prior research and practitioners mainly approached the 

customer in two ways; loyal or disloyal (Moreira, Silva & Moutinho, 2016; Peng and Wang, 2006). Just 

after the liberalisation, also the energy market was divided into those two groups. However, over time 

the market has become more complex, and so has the consumer’s loyalty behaviour. A simplified 

approach of a customer being loyal or disloyal is not justifying the present market dynamics anymore.  

This quantitative research having a sample size of 830 energy customers showed that the existence of 

the multi-brand loyal customer cannot longer be ignored. Respectively, one out of five customers could 

be assigned as multi-brand loyal. These customers are significantly differing from single-brand loyalists 

or switchers in some of their loyalty drivers. Placing the right emphasis for each group on specific 

drivers could stimulate the behavioural or attitudinal affection towards a brand. In the section that 

follows, the most important drivers of single-brand loyalty, multi-brand loyalty, and switchers are 

outlined and contrasted in a behavioural and attitudinal way.   

6.1.1 Effects of the drivers on the loyalty groups from a behavioural perspective 
The effect of the drivers on the loyalty groups showed behaviourally a valid ordinal ranking from least 

loyal to most loyal. The present findings extend on previous literature that revealed that affective 

commitment strongly influences the loyalty behaviour of a customer. If a customer creates an 

emotional bonding with a brand, he/she will likely have a psychological motivation to stay in a 

relationship. This motivation results in a smaller consideration set and repetitive buying of the product 

(Amine, 1998; Turri, Smith, & Kemp, 2013). Moreover, the affective psychological relationship seems 

to contribute even more than the rational consideration of switching comprised by calculative 

commitment. This is in line with studies as Erciş et. al (2012) and Evanschitzky et. al (2006), which 

suggest that affective commitment is behaviourally (and attitudinally) a stronger predictor than 

calculative commitment. Additionally, satisfaction tends to be a strong predictor that increases the 

likelihood a customer stays behavioural loyal to one company or in the case of multi-brand loyalty a 

set of specific companies. A consistently positive experience encourages a customer to the 

consideration of repetitive buying of the product (Bennet, 2001). 
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6.1.2 Effects of the drivers on the loyalty groups from an attitudinal perspective  
The effect of the drivers on the loyalty groups showed attitudinally a comparison between single-brand 

loyalists relative to multi-brand loyalists, and switchers relative to multi-brand loyalists.  

Contrary to the expectations, a remarkable finding is the relationship of trust on the loyalty groups. 

Multi-brand loyalists have an exceptionally high trust level relative to single-brand loyalists, as well as 

switchers. The results are partially in line with previous literature where the trust of a switcher is 

suggested to be fairly low. Switchers do not have the cumulative process of knowing an organisation 

which could result in a lower trust level (Keaveney, 1995; Khosrow-Pour, 2008). However, it was not 

expected that the trust of a multi-brand loyalist would have been attitudinally higher relative to a 

single-brand loyalist. A possible explanation could be that trust is generated by a calculative process 

where a party continues to meet its obligations (Chaudhuri & Hoolbrook, 2001). A multi-brand loyal 

customer has moved through this calculative process from A to Z multiple times at multiple providers, 

taking away uncertainty in all facets of the customer journey. A single-brand loyalist has not 

experienced this whole process and therefore developed a biased attitude from one perspective, 

which might result in a lower level of trust.  

Additionally, involvement tends to be a good predictor to differentiate a switching customer from a 

multi-brand loyal customer. Previous research suggests that the more peripheral a product class is to 

an individual the more vague their attitude or preference to brands is (Hanzaee, Khoshpanjeh, & 

Rahnama, 2011). The result could be explained by the reasoning that multi-brand loyalists have a 

coordinated preference in brands and know which products these brands are offering. This translates 

in possessing a higher product involvement compared to a switcher, who might be less aware of the 

distinctive characteristics. 

Lastly, the driver affective commitment indicated a very strong impact on the chance that a customer 

was single-brand loyal relative to multi-brand loyal. The same effect appears for satisfaction and to a 

lesser extent calculative commitment. An explanation for this effect is substantiated in the next 

section. 

6.1.3 Comparison of the behavioural and attitudinal results  
Some similarities and differences could be identified by comparing the behavioural loyalty 

consideration to the attitudinal loyalty preference. Both loyalty perspectives are emphasizing the 

significant importance of affective commitment, satisfaction, and to a lesser extent calculative 

commitment. Except for the non-significant relationship of these drivers on the attitudinal loyalty 

extent between switchers and multi-brand loyalists. This non-significant relationship is in contrast to 

previous literature findings that state the attitude of a multi-brand loyal customer tends towards a 
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single-brand loyalist, while the behaviour tends towards a switcher (Dick and Basu, 1994). This result 

might be explained by the fact that both groups are having additional providers that they prefer as 

much as the current brand that provides energy. Uncles, Dowling, Hammond (2003) suggest that if the 

proliferation of brands for exclusive loyalty is destroyed, the attitude and beliefs of all switching groups 

could be fairly the same. A second argument might be that customers are buying on a routine and not 

on value-based beliefs (Riley, et. al, 1997). Multi-brand loyal customers tend to routine based fall back 

on providers they already purchased, while switchers are consciously intending to have a larger 

consideration set. This results in behaviourally a different consideration, however, their attitude is in 

fact the same.  

Furthermore, the perceived risks showed no significant effect on both models. An explanation might 

be that the largest group of customers have overcome the uncertainty and consequences of brand 

switching. The process of a smooth change to a new energy brand has improved and customers are 

completely facilitated in their switching process. Therefore, they all perceive lower risks. Similar cases 

appeared in the smartphone industry, where the perceived risk also tends to be similar among 

different customer groups (Ha & Son, 2014).  

6.1.4 Moderating results of price orientation and sustainability orientation  
Lastly, the study findings present two significant moderating relationships.  

First, the effect of satisfaction on the loyalty groups is significantly moderated by price orientation. 

Surprisingly, as satisfaction increases highly priced-oriented customers show a decreased degree of 

loyalty. Ngobo (1999) and Dixon, Freeman & Toman (2010) give a reasonable explanation for this 

effect. They state that it could be possible that the effect of satisfaction on loyalty is stagnating or even 

decreasing when customers are over-delighted or have experienced the same satisfaction levels at 

multiple companies. Consequently, they consider a high satisfaction to be normal. The same might be 

applicable for highly satisfied price-oriented customers, which show a higher degree of switching 

behaviour. They know what to expect from multiple providers, are saturated with good offers, and are 

completely unburdened in the switching process. They show high satisfaction levels, however, their 

loyalty behaviour is fairly low.  

Second, the effect of affective commitment on the loyalty groups is positively moderated by 

sustainability orientation. This may confirm the theory that green consumers are consciously using 

their consumption to demonstrate their commitment to sustainable living, and therefore enhance the 

relationship in affective commitment and the loyalty categories (Gadenne, Sharma, Kerr & Smith, 

2011; Jang, Kim & Lee, 2015). 
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Finally, it is remarkable that the hypothesized moderating effects are only significant for the behavioral 

model and not for the attitudinal model. This suggests that brand values as price orientation and 

sustainability orientation do not interact with specific drivers related to the preference and attitude 

towards energy brands. An explanation might be hidden in the fast-changing market dynamics 

(Baumann et. al, 2017). The transition to renewable energy and the fluctuating energy prices 

continuously change an energy providers’ proposition from a bit sustainable to more sustainable or 

from expensive to cheap (relative to the present contract). This might result in customers not having 

a clear view or attitude towards specific energy providers. Additionally, when customers are 

contractually bonded for multiple years, they are probably not very interested or involved in these 

changes. Near the end date of their contract, they start to orientate and consider which brand fulfills 

their needs best. Therefore, the interaction effects are attitudinally not significant, however, could 

behaviourally result in a change of direction between the specific drivers and the behavioural loyalty 

consideration of customers. 

6.2 managerial Implications 
In addition to the academic contribution of this study, there are also practical implications that are 

relevant for managers and practitioners. First, firms should no longer be treating leaving customers as 

disloyal, but take the chance of multi-brand loyalty into account. They should treat a leaving customer, 

as a prospect for a future contract, who could more easily be convinced of returning to the same 

organisation. On the other hand, more than ever before it is important to bond with the current loyal 

base of customers. As market trends are showing year-over-year increases in switching percentages, 

current loyal customers might become uncertain in the future (ACM, 2020). Given the relative 

importance of each group, the findings of this study indicate important implications specified on 

specific drivers and their influence on the attitudinal and behavioural loyalty characteristics.  

6.2.1 Implications for managers to increase the behavioural loyalty of customers 
The present study indicates that managers should build on specific loyalty drivers when taking a  

behavioural loyalty perspective and the examined three loyalty groups into account. Managers should 

be encouraged to increase satisfaction, affective commitment, and calculative commitment at all three 

loyalty groups.  

First, managers could optimize the customer journey to enhance satisfaction. Increased 

personalisation and customer experience are possible methods to increase the ease of use for 

customers in the transaction or extension process (Tseng, Jiao, & Wang, 2010). Managers should be 

aware that high satisfaction is not always a good indicator of a higher degree of loyalty. Customers 

that are highly price-oriented and are having high satisfaction, do show a decrease in loyalty behaviour. 

Instead, managers could better invest in this type of customer in building trust or calculative 
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commitment. An increase in these drivers does increase the degree of loyalty of a highly price-oriented 

customer. Ways to increase calculative commitment or trust are clearly emphasizing the benefits of 

staying and implementing switching costs. In the short run, these measures might increase the chance 

of re-acquisition (Marshall, 2010).  

Moreover, managers should take into account that customers are behaviourally moved by affective 

commitment. This effect might be enhanced by expressing marketing messages having a tone of voice 

related to sustainability and benevolence. For sustainable energy providers, this could be important to 

know, because their strategy relies on this kind of messages.  

Lastly, managers should take note of the multi-brand loyal customer. Although all customer groups 

will profit from an increase in satisfaction and commitment, the multi-brand loyalist is expected to 

shift up first in the ordinal ranking, and become behaviourally loyal or re-purchase the contract. Some 

literature suggests that acquiring a completely new customer is five times more expensive than 

retaining an existing one (HBR, 2014). It could be beneficial for a firm to target this type of customer 

over a switcher since fewer resources are needed to convince this customer of staying at the same 

provider. They already possess some affection for the brand which should be used as an advantage by 

a firm. As proposed in section 6.3, future research might examine the decreased marketing costs or an 

increased lifetime of targeting a multi-brand loyalist over a switcher.  

6.2.2 Implications for managers to increase the attitudinal loyalty of customers 
The aforementioned results show that the drivers satisfaction, affective commitment, and calculative 

commitment are important predictors to increase the attitudinal preference for customers. Especially, 

the creation of affective commitment should be high listed on the managers investment portfolio, 

because this could largely contribute to the loyalty of a multi-brand loyal customer as well as a 

switcher. Managers should be aware that single-brand loyalists are committed through affection and 

positive identification with the firm rather than economic incentives. A seamless experience will not 

let the customer doubt in the decision to stay. Ways to increase the affective commitment are treating 

customers as true individuals, whom the company shows interest in and really cares for. Specifically, a 

company could personalize communication efforts, and collaborate or co-create content for marketing 

efforts with customers  (Bloemer, 2003). 

Additionally, managers should account for multi-brand loyalists having an exceptionally high level of 

trust. Increasing the trust of switching customers could result in a change of attitude, and include the 

company in their set of preferences. Wetzels, Ruyter & Biggelen (1998) suggest fair treatment, a clear 

exchange of information, and open bi-lateral communication as building blocks of trust. Managers who 
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tune their strategical tactics on these blocks might obtain the trust of a switching customer and 

increase the chances of creating a positive attitude   

Moreover, managers should focus on increasing involvement when they are willing to impact the 

attitude of a switching customer. Outcomes indicate that increased involvement could reduce the set 

of preferences for a switcher. The intrinsic motivation of doing information searches about a specific 

product or brand might result in an emotional link and a greater chance of creating a strong long-term 

relationship. Managers should cherish involved customers because they could be advocates that 

engage and increase participation in the online environment by giving reviews or comments on social 

media activities (Marshall, 2010). Marketing tactics for managers to increase involvement might be 

using opinion leaders or influencers that motivate people to engage with the product or brand 

(Dholakia, 2000).   

6.2.3 Attitudinal vs behavioural loyalty; what is more important? 
Customer loyalty should reflect both behavioural and attitudinal loyalty. A combined approach of both 

loyalty measures has the greatest effect on the objective performance of firms. However, a portfolio 

management approach learns that managers cannot invest in all facets at the same time. Some 

advantages and disadvantages of both loyalty perspectives are recommended from the current 

research. 

The advantage of focusing on the behaviour of customers is that they will provide money that drives 

business results (Watson et. al, 2015). Behavioural loyal customers deliver short term performance by 

(re)-purchasing the contract. The repeated consideration may look like loyalty, however, the emotional 

feelings towards a brand may not be loyal at all. The loyalty may be driven by an incentive and decrease 

while the contract is still ongoing. Multi-brand loyal customers (relative to switchers) might be more 

early convinced of repeated purchasing by taking a behavioural loyalty approach.  

Customers with a high level of attitudinal loyalty have a positive attitude towards a brand. As a result, 

they are more likely to spread word of mouth and recommend the brand to a friend or family 

(Wangenheim & Bayon, 2004)). Investing in an attitudinal relationship is a long-term investment for a 

firm and affects the customer’s view of the brand. Over time it will lead to increased loyalty, which 

should intrinsically motivate the customer to extend their contract. Building effective affective 

relationships could be a goal worth committing to. A net promoter score (NPS) is often used in firms 

to keep track of attitudinal loyalty, however, it is good to take into account that the lack of behavioural 

loyalty may reduce the effect of the NPS on the objective performance of a firm (Grisaffe, 2007). 

Managers should keep track of the increased lifetime of customers to balance their investment relative 

to the effort to increase the attitudinal loyalty of a customer.  
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6.2.4 Recommendations for the company 
In addition, this research suggests some recommendations for the company and practitioners in a fast-

changing dynamic (energy) market. Managers should carefully consider demographics and other 

customer characteristics to allocate more importance to specific customer groups.  

Demographically, managers might consider that younger people are more likely to switch and females 

tend to be in their attitude twice as likely to be multi-brand loyal relative to a switcher. Furthermore, 

customers that are having a variable contract are up to 11 times more loyal relative to customers 

having a fixed contract. When a contract expires, fixed contracts turn into variable contracts. This might 

have resulted in a large base of ‘passive’ customers having a variable contract or customers that are 

staying out of a free will. If a variable customer is heavily targeted by a competitor, they can 

immediately switch to a different provider due to the nature of their contract. Therefore, managers 

should be aware that this type of customer is valuable for the company and should be treated carefully. 

Additionally, managers could create switching barriers for specific customer groups. The 

characteristics of the customer could aid in determining the height of the barrier. For example, the 

research findings show that customers that are acquired from price comparison sites or are having 

high electricity usage are highly likely to switch after their contract expires. These particular groups 

might be assigned to a more difficult switching process or rewarded to promote staying. Especially, 

customers with high electricity usage could be valuable for a company, because on average they have 

a higher energy bill.  

To summarize, the characteristics of the customer imply suggestions for energy companies to act on. 

Marketing messages could be tuned to specific customer groups and offers should be personalized to 

prevent switching or provoke staying. How this should be done might be a suggestion for future 

research, discussed in the next section. 

6.3 Limitations and future research  
The present study contains certain limitations, which suggest directions for future research. First, the 

dependent variables of interest categorize the respondent’s loyalty group based on one single 

question. A customer could be categorized in model 1 as single-brand loyal, while in model 2 he or she 

could be multi-brand loyal or a switcher. However, in the end, it is not possible for the same customer 

to be single-brand loyal and a switcher at the same time. In addition, a customer could spend their 

money on one contract at one provider only. This subsequently supports the overall critique of 

attitudinal loyalty measures. They do not measure the actual purchase(s) (Mellens, Dekimpe & 

Steenkamp, 1996). A customer could express a high attitudinal loyalty towards a company but still 

switch if the actual purchase needs to be made. Further research could emphasize more on the 
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purchase behaviour taking actual purchases at different providers into account. Based on the purchase 

data the customer could be placed into one of the three categories, and predict their next move to 

better personalize an offer. 

Furthermore, this research has measured loyalty at a single point in time which could give reliability 

constraints. The customer could have recently obtained an extremely negative or positive experience, 

which could give an extremity in their answers. Since many contracts are agreed upon for a longer 

period, their loyalty behaviour could change in this period. This implies multiple directions for future 

research. First, execute multiple studies over a longer period and investigate possible changes in 

loyalty directions using for example dynamic models. Second, future research could examine how a 

single-brand, multi-brand, or switching customer reacts after a negative experience and how the 

service recovery could recover their loyalty expression over time.  

Moreover, the current research is quantitatively oriented and investigates multi-brand loyalty based 

on a data-driven approach. Results present that affective commitment has a large impact on the 

degree of loyalty. Further research could explore the personal motives and deep meanings of affective 

committed customers to enrich the contextual understanding of this driver to the three loyalty groups. 

Qualitative research might be a suitable approach to reveal these emotions and cognitive processes 

that are hard to discover by quantitative studies (Felix, 2014). This type of research might give 

recommendations on how to shift a customer to a higher level of loyalty. 

Lastly, the present study identified three loyalty groups that are predicted by specific loyalty drivers. 

Future research might explore this topic further by determining the value that should be allocated to 

each loyalty group or an individual customer as part of this group. Further research should investigate 

the number of resources that should be spent to bond a single-brand loyalist, and attract a multi-brand 

loyalist or switcher. Especially the profitability or the return of investment of each loyalty group might 

be key-indicators to determine which group is most interesting to target. As a second step, future 

research could examine which strategies or marketing tactics are most effective to persuade each 

loyalty group to the organisation in the short as well as the long-run. The aforementioned implications 

suggest several marketing tactics to influence and increase the exhibited loyalty levels of significant 

drivers. Further research could look into the effectiveness of the proposed tactics related to the loyalty 

drivers and tune marketing messages to the needs of each individual group.  
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Appendix A: Questionnaire  
Tables A1 and A2 present the questionnaire items. The items are derived from the indicated 

corresponding papers. Brand X is filled in as the company’s name.    

Questions for segmentation 
 

Source 

 
How many times have you switched from energy provider in the past 5 years?  
Fill in a number: 
 
How many different brands supplied energy to your home in the past 5 years? 
Fill in a number: 
 
Which statement describes you best? 
 
How many brands do you consider when switching to a new energy provider? 

• Not applicable, I consider myself loyal to my current provider. 
• I take always the same (two, three or four) brands into consideration. 
• I take all brands into consideration. 

 
Do you have any preferences towards specific energy providers? 

• I prefer one brand. 
• I always prefer the same (two, three or four) brands. 
• I do not have specific preferences towards brands in this industry. 

  

Atifine, Felix & 
Furrer (2019); 
Hartmann 
(2007); Peng & 
Wang (2006); 
Silva & 
Moutinho 
(2016); 

Table A1: Questionnaire for the segmentation of the single-loyal, multi-loyal and switching customer 
 

Constructs 
 

Source 

 
Loyalty 
 

- I intend to continue being a client of brand X in the future.  
- I would positively recommend brand X to my friends or others.  
- I would stay with brand X, even if I had to pay a somewhat higher price.  
- I consider brand X my first choice for buying energy services. 

 

Hartmann 
(2007) 

 
Satisfaction 

- I am fully satisfied with brand X.  
- Brand X always fulfils expectations.  
- I have excellent experiences with brand X. 
- I have never been disappointed with brand X. 

 

Dimitrades 
(2006); 
Wangenheim & 
Bayon (2004) 

 
Trust  

- I believe that brand X is concerned about my interest.  
- I feel that brand X is trustworthy.  
- I have confidence in the products and services of brand X. 
- I feel that brand X has the ability to provide good products and services. 

Sun & Lin 
(2010) 
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Affective Commitment  
 

- I feel committed to brand X. 
- My relationship with brand X is important for me. 
- If brand X were no longer to exist, this would be a significant loss for me. 
- I would turn a blind eye to a minor mistake of brand X. 

 

Hennig-Thurau 
(2004) 

 
Calculative commitment  

- It would be very hard for me to switch away from brand X right now even if I 
wanted to. 

- My life would be disrupted if I switched away from brand X. 
- It would be too costly to switch from brand X right now. 

 

(Hur, Kim & 
Kim, 2012) 
 
 
 

 

 
Perceived risk  
Assume that you would like to switch to another energy supplier. To what extent do you 
expect problems with following issues? (1 = no problems; 5 = many problems)  
 

- Continuity of supply.  
- Solving problems.  
- Payments.  
- Answering questions.  
- Reply on complaints.  

 

Wieringa & 
Verhoef (2007) 

 
Involvement 
How would you describe your purchases in this category?  

- Unimportant – important  
- Irrelevant – relevant  
- Means nothing to me – means a lot to me  
- Valuable – worthless 

 

Russell-
Bennett, 
McColl-
Kennedy & 
Coote (2007) 

 
Sustainable orientation 

- It is extremely important to me that companies behave responsibly when it 
comes to social and environmental matters. 

- I think of myself as someone who is concerned about environmental issues.  
- I feel I have an ethical obligation to avoid brands and companies that pollute 

the environment. 
- I feel I have an ethical obligation to purchase environmentally friendly (energy) 

products. 
 

Papista & 
Dimitriadis, 
2019  

 
Political preferences  
By showing the following picture;  

- I consider myself progressive vs. conservative  
- I consider myself left-oriented vs right-oriented 

 

Prodemos, 
2018 
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Price orientation 
When my contract ends…… 

- I am willing to put extra efforts to find the lowest price.  
- I will compare prices of multiple providers to obtain the best value for my 

money. 
- The money saved by finding lower prices is usually worth the time and effort.  
- I choose what energy provider to go to on the basis of where I find what I need 

for the best prices. 

Magi, 2003; 
Wong & Chang, 
2018  

Table A2: Questionnaire items for constructs 

 

Tables A3 and A4 show the sent out survey in Dutch.  

Questions for segmentation (translated) 
 
 
Hoeveel keer ben je veranderd van energieleverancier in de afgelopen zeven jaar? Als je dit niet exact 
weet, geef een schatting; 
 
Hoeveel verschillende energieleveranciers hebben in de afgelopen zeven jaar bij je thuis energie geleverd? 
Als je dit niet exact weet, geef een schatting; 
 
 
Hoeveel energiemerken overweeg je wanneer je verandert van energieleverancier? 

• Niet van toepassing, ik ben de afgelopen jaren alleen klant van Bedrijf X geweest. 
• Ik neem altijd dezelfde (twee, drie of vier) energiemerken mee in mijn overweging. 
• Ik neem niet dezelfde energiemerken en/of 'bijna' alle energiemerken mee in mijn overweging. 

 
Heb je een specifieke voorkeur voor een bepaalde energieleverancier? 

• Ik heb de voorkeur voor één merk. 
• Mijn voorkeur gaat altijd uit naar dezelfde (twee, drie of vier) merken. 
• Ik heb niet echt een specifieke voorkeur voor een energieleverancier. 

 
Table A3: Questionnaire for the segmentation of the single-loyal, multi-loyal and switching customer (Dutch) 

Constructs (translated) 
 
 
Loyalty 

- Ik heb het voornemen om in de komende vijf jaar klant te blijven bij Bedrijf X. 
- Ik zal Bedrijf X positief aanbevelen bij mijn vrienden of anderen. 
- Ik zal bij Bedrijf X blijven, zelfs wanneer de tarieven iets stijgen. 
- Bedrijf X is mijn eerste keus als energieleverancier 

 
 
Satisfaction 

- Ik ben erg tevreden met Bedrijf X. 
- Bedrijf X vervult mijn verwachtingen. 
- Ik heb goede ervaringen met Bedrijf X. 
- Bedrijf X heeft mij niet teleurgesteld. 
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Trust  

- Ik ben van mening dat Bedrijf X oog heeft voor mijn belangen. 
- Ik kan Bedrijf X vertrouwen. 
- Ik heb vertrouwen in de producten en diensten die Bedrijf X aanbiedt. 
- Ik geloof dat Bedrijf X genoeg expertise heeft om goede producten en diensten te leveren. 

 
 
Affective Commitment  

- Ik ben trouw aan Bedrijf X.  
- Een goede relatie met Bedrijf X is belangrijk voor mij. 
- Als Bedrijf X niet meer zou bestaan, zou ik dat erg jammer vinden. 
- Ik zou het door de vingers zien als Bedrijf X een kleine fout zou maken. 

 
 
Calculative commitment  

- Ik zou het lastig vinden om naar een andere energieleverancier te gaan.  
- Sommige aspecten van mijn leven zouden worden beïnvloed als ik stop met het afnemen van 

energie bij Bedrijf X. 
- Momenteel zie ik weinig voordelen in het overstappen van energieleverancier.  

 
 
Perceived risk  
Stel je zou willen veranderen van energieleverancier. In welke mate verwacht je problemen te krijgen met 
de volgende punten? 
 

- De continuïteit van de energievoorziening. 
- Het oplossen van problemen gerelateerd aan de energievoorziening. 
- Problemen met betalingen. 
- Extra uitzoekwerk en communicatie met de klantenservice. 
- Het snel reageren op klachten. 

 
 
Involvement 
Hoe belangrijk vind jij het kopen van energie? 
Zeer onbelangrijk – zeer belangrijk 
 
Hoe relevant vind jij het kopen van energie? 
Zeer irrelevant – zeer relevant  
 
Hoeveel betekent het kopen van energie voor jou? 
Ik geef er helemaal niks om - Betekent heel veel voor mij 
 
Hoe waardevol vind jij het kopen van energie? 
Zeer waardeloos - Zeer waardevol 
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Sustainable orientation 
- Het is voor mij heel belangrijk dat bedrijven verantwoordelijk handelen in relatie tot het milieu. 
- Ik zie mezelf als iemand die bezorgd is over milieukwesties. 
- Ik voel dat ik een morele verplichting heb om bedrijven/merken te vermijden die het milieu 

vervuilen. 
- Ik voel dat ik een ethische verplichting heb om milieuvriendelijke (energie) producten te kopen. 

 
 
Political preferences  
Bij het laten zien van de volgende afbeelding; 

- Overweeg ik mijzelf conservatief tegenover progressief  
- Overweeg ik mijzelf linksgeoriënteerd tegenover rechts georiënteerd. 

 
 
Price orientation 
Wanneer mijn contract ten einde komt; 

- Ben ik bereid extra moeite te doen om de laagste prijs te vinden. 
- Zal ik de prijzen van meerdere energieleveranciers vergelijken om de meest optimale prijs-

kwaliteitsverhouding te krijgen. 
- Is het geld wat ik bespaar bij het vinden van een lagere energieprijs mijn tijd en moeite waard. 
- Kies ik mijn energieleverancier op basis van wat ik nodig heb voor de beste prijs. 

 
Table A4: Questionnaire items for constructs (Dutch) 
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Appendix B: Statistical method equations  
A binary logistic regression model is estimated by a set of regression coefficients that predict the 

probability of the outcome (dependent variable) of interest. The estimated probabilities can be 

transformed into a linear function, outlined below, where 𝑥𝑥𝑝𝑝  is the value of the 𝑝𝑝𝑡𝑡ℎ independent 

variable. The slope of the regression equation is represented as 𝛽𝛽0 . The regression coefficient for the 

𝑝𝑝𝑡𝑡ℎ variable is noted as 𝛽𝛽𝑃𝑃 . 

𝐿𝐿𝑃𝑃 � (𝑃𝑃(𝑌𝑌=1)|𝑥𝑥)
1−(𝑃𝑃(𝑌𝑌=1|𝑥𝑥)

� = 𝛽𝛽0 + 𝛽𝛽1 𝑥𝑥1 + ⋯+ 𝛽𝛽𝑃𝑃 𝑥𝑥𝑃𝑃  

The quantity is defined as logit, representing the log odds that an event occurs. The coefficients 

estimate how much the log odds is changing based on the values of the independent variables (Field, 

2013) 

In binary logistic regression the researcher considers an individual event that occurs or not occurs. In 

contrast to binary logistic regression ordinal logistic regression considers the probability of one event 

and all the events that are ordered before. There is a specific order (ranking) in the dependent 

variables. In the present research the order is defined from least loyal to loyal represented by three 

categories; switchers, multi-brand loyalists, and single-brand loyalists. Resulting in the following odds; 

𝜃𝜃1 = 𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃 �
(𝑃𝑃𝑐𝑐𝑃𝑃𝑃𝑃𝑃𝑃 𝑃𝑃𝑜𝑜 1)
(𝑃𝑃𝑐𝑐𝑃𝑃𝑃𝑃𝑃𝑃 > 1)

� 

𝜃𝜃2 = 𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃 �
(𝑃𝑃𝑐𝑐𝑃𝑃𝑃𝑃𝑃𝑃 𝑃𝑃𝑜𝑜 2)
(𝑃𝑃𝑐𝑐𝑃𝑃𝑃𝑃𝑃𝑃 > 2)

� 

The last category doesn’t have an odds since it is scoring up with the earlier categories. The general 

equation can be written in both forms;  

𝜃𝜃𝑗𝑗 = 𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃 �(𝑠𝑠𝑠𝑠𝑠𝑠𝑠𝑠𝑠𝑠 ≤𝑗𝑗)
(𝑠𝑠𝑠𝑠𝑠𝑠𝑠𝑠𝑠𝑠>𝑗𝑗

� or 𝜃𝜃𝑗𝑗 = 𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃 � (𝑠𝑠𝑠𝑠𝑠𝑠𝑠𝑠𝑠𝑠 ≤𝑗𝑗)
(1−𝑠𝑠𝑠𝑠𝑠𝑠𝑠𝑠𝑠𝑠≤𝑗𝑗

� 

The ordinal logistic regression model having the odds integrated for a single independent variable 

could be described as 

𝐿𝐿𝑃𝑃�𝜃𝜃𝑗𝑗� = 𝛼𝛼𝑗𝑗 + 𝛽𝛽𝑥𝑥 

Where 𝑗𝑗  is category 1 to the number of categories (in this study 3) minus 1  (Erkan & Yildiz 2014; 
Norusis & SPSS, 2011). 

Test of parallel lines 
The interpretation (and output) of ordinal logistic regression is similar to binary logistic regression 

containing log-likelihood estimates, goodness-of-fit statistics and strength of the association measured 

by 𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃𝑃 𝑅𝑅2. In addition to binary logistic regression, ordinal logistic regression contains one 
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additional assumption that may not be violated, called the test of parallel lines. The test of parallel 

lines assumes that the correlation between the dependent and independent variables does not change 

for the predicted categories. The lines of the location parameters (slope coefficients) are equal 

(parallel) across all dependent variables.  When the assumption of parallel lines is significant and 

consequently is violated, it is recommended to choose a less restrictive model like multinomial logistic 

regression (Erkan & Yildiz 2014; Norusis & SPSS, 2011). 

Multinomial logistic regression  
The main difference between ordinal logistic regression and multinomial logistic regression is that 

multinomial regression is comparing each independent variable of the category separately to the 

baseline, where ordinal regression assumes that the dependent variables are for all independent 

parameters parallel to each other.  For a multi-nominal logistic regression there are K-1 equations. The 

equation models are representing the odds of a driver relative to the baseline. The following equation 

is a general equation of multinomial logistic regression, where 𝛽𝛽1 measures the change in the log-odds 

of Y=1 relative to Y=K when 𝑥𝑥 changes with one unit (Neath & Johnson, 2010; Hair et. al, 2009).  

Baseline function; 

𝐿𝐿𝑃𝑃𝐿𝐿 �(𝑃𝑃(𝑌𝑌=𝑘𝑘(=1)|𝑥𝑥)
(𝑃𝑃(𝑌𝑌=𝐾𝐾|𝑥𝑥)

� = 𝛽𝛽0
(𝑘𝑘) + 𝛽𝛽1

(𝑘𝑘)𝑥𝑥1 + ⋯+ 𝛽𝛽𝑃𝑃
(𝑘𝑘)𝑥𝑥𝑃𝑃   

Two other group membership probabilities function; 

 𝐿𝐿𝑃𝑃𝐿𝐿 �(𝑃𝑃(𝑌𝑌=𝑗𝑗)|𝑥𝑥)
(𝑃𝑃(𝑌𝑌=𝑘𝑘|𝑥𝑥)

� =  �𝛽𝛽0
(𝑗𝑗) − 𝛽𝛽0

(𝑘𝑘)� + �𝛽𝛽1
(𝑗𝑗) − 𝛽𝛽1

(𝑘𝑘)� 𝑥𝑥1 + ⋯+  �𝛽𝛽𝑝𝑝
(𝑗𝑗) − 𝛽𝛽𝑝𝑝

(𝑘𝑘)� 

The exponent of 𝛽𝛽1 (exp(𝛽𝛽1)) represents the relative risk ratios also called the odds ratios relative to 

the base category. exp(𝛽𝛽1) = 1.5 states that an increase of one unit in 𝑥𝑥 will result in 𝑥𝑥 multiplying 

the odds of Y=1 relative to Y=K by 1.5. The following formula presents the general equation for the 

group membership probabilities (Neath & Johnson, 2010; Hair et. al, 2009).  

𝑃𝑃(𝑦𝑦 = 𝑘𝑘|𝑥𝑥) =  
exp (𝛽𝛽0

(𝑘𝑘) + 𝛽𝛽1
(𝑘𝑘)𝑥𝑥1 + ⋯+ 𝛽𝛽𝑃𝑃

(𝑘𝑘)𝑥𝑥𝑃𝑃)
∑ exp (𝛽𝛽0

(𝑗𝑗) + 𝛽𝛽1
(𝑗𝑗)𝑥𝑥1 + ⋯+ 𝛽𝛽𝑃𝑃

(𝑗𝑗)𝑥𝑥𝑃𝑃)𝑘𝑘
𝑗𝑗=1

 

 

By filling in the equation for the current study, the baseline could be estimated as the switchers. Single-

brand loyal and multi-brand loyal are the reference categories. The beta’s are satisfaction for 𝛽𝛽1, trust 

for 𝛽𝛽2, commitment for 𝛽𝛽3, perceived risk for 𝛽𝛽4, and involvement for 𝛽𝛽5.  
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Appendix C: Descriptive of the political orientation construct 
Political orientation was omitted from the analyses due to a high number of missing values at both 

items. Some descriptive statistics might give some overall insights in the orientation of the customers. 

Only 709 respondents filled in their political orientation. 67.6% of the energy customers in the dataset 

were considering themselves left-oriented (1-2), while 56% of the customers were considering 

themselves progressive oriented (4-5). The correlation of political orientation between the other 

constructs was fairly low, and sometimes insignificant, except for the variable’s sustainability 

orientation and price orientation. Left-oriented and progressive oriented customers were relatively 

strong positively associated with sustainability orientation and negatively associated with price 

orientation. On the contrary, right-oriented and conservative customers were relatively strong 

negatively associated with sustainability orientation and positively associated with price orientation. 

Table D1 and D2 shows a descriptive overview of the variable. 

 
Political orientation (conservative-progressive) 

 Frequency Percent Cumulative Percent 
Valid 1 42 5.9 5.9 

2 97 13.7 19.6 
3 91 12.8 32.4 

4 161 22.7 55.1 
5 318 44.9 100.0 

Total 709 100.0  
Table D1: Descriptive overview of PLO1 conservative vs progressive 

 

 
Political orientation (left-right) 

 Frequency Percent Cumulative Percent 
Valid 1 207 29.2 29.2 

2 190 26.8 56.0 

3 122 17.2 73.2 
4 113 15.9 89.1 
5 77 10.9 100.0 

Total 709 100.0  
Table D2: Descriptive overview of PLO2 left vs right  
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Appendix D: Descriptive of the loyalty construct 
The general loyalty construct was included as a back-up, if none or only a few relationships showed 

significance. However, the initial y-variables provided sufficient results for performing an ordinal and 

multinomial regression. Consequently, this construct was not further examined in the research. 

The construct included four items, which could be answered on scale of 1-5. One item was missing 

after mean imputation. 829 respondents filled in three or more items. The mean was 3.58 having a 

standard deviation of 0.73.  

As can be seen in Appendix K the average loyalty score of switchers was 3.15, the score of multi-brand 

loyalist was 3.48, and the mean loyalty score of single-brand loyalists was 3.99. The loyalty mean was 

significantly differing for all three loyalty groups, indicating that switchers had an overall lower degree 

of loyalty, followed by multi-brand loyalists. Single-brand loyalists showed the highest degree of 

loyalty.  

 
Descriptive Statistics 

 N Minimum Maximum Mean Std. Deviation 
Loyalty  829 1.00 5.00 3.5779 .72956 
Valid sample size  829     

Table C1: Descriptive statistics loyalty  

 

 

Table C2: Descriptive statistics loyalty   

One-way ANOVA loyalty construct 
   Behavioural consideration Attitudinal preference 

Dependen
t Variable 

Loyalty group 
(I) 

Loyalty group 
(J) 

Mean 
Difference (I-

J) Std. Error 

Mean 
Difference 

(I-J) Std. Error 

Loyalty  
Single-brand 
loyal 

Multi-brand 
loyal 

.48** .06 .55** .06 

Switcher .76** .05 .92** .05 

Loyalty 
Multi-brand 
loyal 

Single-brand 
loyal 

-.48 ** .06 -.55** .06 

Switcher .28** .07 .36** .06 

Loyalty Switcher 

Single-brand 
loyal 

-.76** .05 -.92** .05 

Multi-brand 
loyal 

-.28** .07 -.36** .06 

Significance: (*) = <0.1 * = <0.05 ** = <0.01, mean differences in bold are insignificant.  
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Appendix E: Response tendencies  
Table E1 shows the omitted cases checking the data for speeders. The cut-off for the standard 

deviation was set to <0.5 or >2. The next cases (close to the cut-off value) in ascending order were 594 

[SD=0.52, 3/10] and 870 [SD=0.56, 3/10]. The next case in descending order was 510 [SD=1.8, 1/10]. 

These cases were not omitted, because there was no clear indication of speeding due to the 

dissimilarity within the batteries.  

Response tendencies 
Case Standard 

deviation (SD) 
Mean Same batteries per 

construct 
Type of straight 
liner 

444 2.02 3.22 7/10 Extremity 
614 0.49 3.64 9/10 Non-extremity 
21 0.47 3.69 6/10 Non-extremity 
456 0.44 2.94 2/4 + 6 constructs missing Non-extremity 
282 0.44 3.75 6/10 Non-extremity 
63 0.4 2.81 8/10 Non-extremity 

Table E1: Assigned response tendencies 

 

The scatterplot below visualize the omitted cases with a star (*). 

Figure E1: Plotted standard deviation versus the mean 
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Table F4: Cronbach’s alpha after mean imputation and  
listwise deletion. Condition for mean imputation included 
that only one item was missing in the overall construct. 

 

Appendix F: Cronbach’s alpha 
The Tables F1-F4 present the reliability results of multiple missing data handling techniques measured 

by Cronbach’s Alpha.  

Pairwise deletion (N=850) 

Construct Cronbach’s 
alpha Excluded 

Loyalty 0.85 16 
Satisfaction 0.92 12 
Trust 0.86 6 
Affective commitment 0.72 13 
Calculative commitment  0.69 9 
Involvement  0.88 18 
Perceived risks  0.85 31 
Sustainability orientation 0.90 10 
Price orientation 0.89 10 

 Table F1: Cronbach’s alpha after pairwise deletion          Table F2: Cronbach’s alpha after listwise deletion 

 

Mean imputation & Pairwise deletion (N=850) 

Construct Cronbach’s 
alpha Excluded 

Loyalty 0.85 1 
Satisfaction 0.92 1 
Trust 0.86 1 
Affective commitment 0.72 1 
Calculative commitment  0.69 3 
Involvement  0.88 5 
Perceived risks  0.85 13 
Sustainability orientation 0.90 4 
Price orientation 0.89 7 

 Table F3: Cronbach’s alpha after mean imputation and  
pairwise deletion. Condition for mean imputation included  
that only one item was missing in the overall construct. 

  

Listwise deletion (N=767) 

Construct Cronbach’s 
alpha Excluded 

Loyalty 0.84 5 
Satisfaction 0.92 0 
Trust 0.86 0 
Affective commitment 0.73 0 
Calculative commitment  0.69 0 
Involvement  0.89 0 
Perceived risks  0.85 0 
Sustainability orientation 0.90 0 
Price orientation 0.89 0 

Mean imputation & Listwise deletion (N=830) 

Construct Cronbach’s 
alpha Excluded 

Loyalty 0.85 1 
Satisfaction 0.92 0 
Trust 0.86 0 
Affective commitment 0.72 0 
Calculative commitment  0.69 0 
Involvement  0.88 0 
Perceived risks  0.85 0 
Sustainability orientation 0.90 0 
Price orientation 0.89 0 
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Appendix G: Validity 
Convergent validity  
Tables G1 and G2 present the outcomes of the convergent validity tests. The factor loadings for a 

Confirmatory Factor Analysis (CFA) should be at a minimum of 0.5 or higher and ideally 0.7 or higher 

(Hair et. al, 2009). 

Factor loadings  Factor loadings ( AC4 excluded) 
Direct paths Estim

ate 
 Direct paths Estim

ate 
S1 <--- Satisfaction1 .886  S1 <--- Satisfaction1 .886 
S2 <--- Satisfaction2 .888  S2 <--- Satisfaction2 .888 
S3 <--- Satisfaction3 .884  S3 <--- Satisfaction3 .884 
S4 <--- Satisfaction4 .788  S4 <--- Satisfaction4 .788 
T1 <--- Trust1 .706  T1 <--- Trust1 .705 
T2 <--- Trust2 .805  T2 <--- Trust2 .804 
T3 <--- Trust3 .860  T3 <--- Trust3 .861 
T4 <--- Trust4 .794  T4 <--- Trust4 .794 
AC1 <--- Affectivecommitment1 .797  AC1 <--- Affectivecommitment1 .802 
AC2 <--- Affectivecommitment2 .605  AC2 <--- Affectivecommitment2 .609 
AC3 <--- Affectivecommitment3 .692  AC3 <--- Affectivecommitment3 .690 
AC4 <--- Affectivecommitment4 .413  CC1 <--- Calculativecommitment1 .743 
CC1 <--- Calculativecommitment1 .744  CC2 <--- Calculativecommitment2 .597 
CC2 <--- Calculativecommitment2 .599  CC3 <--- Calculativecommitment3 .622 
CC3 <--- Calculativecommitment3 .620  PR1 <--- Perceivedrisks1 .542 
PR1 <--- Perceivedrisks1 .542  PR2 <--- Perceivedrisks2 .656 
PR2 <--- Perceivedrisks2 .656  PR3 <--- Perceivedrisks3 .750 
PR3 <--- Perceivedrisks3 .750  PR4 <--- Perceivedrisks4 .826 
PR4 <--- Perceivedrisks4 .826  PR5 <--- Perceivedrisks5 .825 
PR5 <--- Perceivedrisks5 .825  I1 <--- Involvement1 .856 
I1 <--- Involvement1 .855  I2 <--- Involvement2 .859 
I2 <--- Involvement2 .859  I3 <--- Involvement3 .765 
I3 <--- Involvement3 .765  I4 <--- Involvement4 .757 
I4 <--- Involvement4 .758  SO1 <--- SustainabilityOrientation1 .774 
SO1 <--- SustainabilityOrientation1 .774  SO2 <--- SustainabilityOrientation2 .822 
SO2 <--- SustainabilityOrientation2 .822  SO3 <--- SustainabilityOrientation3 .829 
SO3 <--- SustainabilityOrientation3 .829  SO4 <--- SustainabilityOrientation4 .897 
SO4 <--- SustainabilityOrientation4 .897  PO1 <--- Priceorientation1 .824 
PO1 <--- Priceorientation1 .824  PO2 <--- Priceorientation2 .801 
PO2 <--- Priceorientation2 .801  PO3 <--- Priceorientation3 .901 
PO3 <--- Priceorientation3 .901  PO4 <--- Priceorientation4 .750 
PO4 <--- Priceorientation4 .750   

Table G1: Factor loadings (estimates) of the initial model 

 

 

 

 

Table G2: Factor loadings (estimates) of the final model (AC4 
excluded) 
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Discriminant validity  
Table G3 present the outcome of the AVE discriminant validity test. The square root of AVE should be 

lower than the correlations estimates. 

AVE correlation method 
Latent 
constructs 

Satisfaction Trust Affective 
Commitment 

Calculative 
Commitment 

Perceived 
risks 

Involvement Sustainability 
orientation 

Price 
Orientation 

Satisfaction 0.86        
Trust 0.788 0.79       
Affective 
Commitment 0.67 0.77 0.70      

Calculative 
commitment 0.46 0.56 0.87 0.66     

Perceived 
risks 0.10 0.14 0.31 0.43 0.73    

Involvement 0.22 0.28 0.45 0.34 0.18 0.81   
Sustainability 
orientation 0.22 0.28 0.36 0.32 0.15 0.37 0.83  

Price 
orientation -0.14 -0.16 -0.36 -0.46 -0.20 -0.11 -0.27 0.82 

Table G3: Square root of AVE compared to the Pearson correlation estimates. Yellow = Square root of AVE, White = 
Correlations estimates, Orange = Exceed one estimate, Red = Exceed both estimates 

Formula used for square root of AVE calculation; 

 

 

Table G4 present the outcome of the HTMT discriminant validity test. The cut-off value of this analysis 

is argued to be 0.9 (Henseler, Ringle & Sarstedt, 2015) or 0.85 (Hamid, Sami & Sidek, 2017). 

HTMT-method 

 

Satisfaction Trust Affective 
Commitment 

Calculative 
Commitment 

Perceived 
risks 

Involvement Sustainability 
orientation 

Price 
Orientation 

Satisfaction 0.74        

Trust 0.80 0.62       

Affective 
Commitment 

0.66 0.78 0.49      

Calculative 
commitment 

0.46 0.49 0.86 0.42     

Perceived 
risks 0.11 0.15 0.29 0.45 0.53    

Involvement 0.21 0.29 0.50 0.38 0.18 0.37   

Sustainability 
orientation 

0.22 0.31 0.37 0.34 0.13 0.60 0.69  

Price 
orientation -0.13 -0.18 -0.33 -0.47 -0.17 -0.13 -0.26 0.68 

Table G4: Heterotrait-monotrait values. Orange = > 0.85, Red = > 0.90 

Formula used for HTMT calculation (having the initial Pearson correlations items); 
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Appendix H: Collinearity  
Table H1 presents the multi-collinearity statistics. Ideally a VIF score is <3. It is acceptable if the VIF 

score is <10. All constructs have passed the multi-collinearity test (Hair et. al, 2009).  

 
Collinearity Statistics 

Model Tolerance VIF 
Satisfaction .476 2.103 
Trust .394 2.540 
Affective commitment .411 2.435 
Calculative commitment .544 1.840 
Perceived risk .872 1.147 
Involvement .797 1.254 
Sustainability orientation .818 1.223 
Price orientation .833 1.200 

Table H1: Multi-collinearity VIF-scores  
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Appendix I: CFA Model Fit 
Table I1 presents the CFA model fit indices testing for multiple missing data handling techniques.  

Model fit indices (comparison data handling techniques) 
Model χ2 df CFI SRMR RMSEA 
Pairwise deletion 1686.772* 436 0.922 -** 0.058 
Listwise deletion 1591.358* 436 0.920 0.0498 0.059 
Mean imputation & 
pairwise deletion 

1667.403* 436 0.923 -** 0.058 

Mean imputation & 
listwise deletion 

1653.922* 436 0.923 0.0476 0.058 

Mean imputation & 
listwise deletion after 
omitting AC4 

1576.395* 406 0.925 0.0469 0.059 

*p < .05 **It is not possible to calculate the SRMR when missing values are present 

Table I1: CFA model fit indices testing for multiple missing data handling techniques 

Table I2 presents the CFA model fit indices testing for commitment as two separate constructs 

(affective commitment and calculative commitment) and commitment modelled as one construct.  

Model fit indices (two commitment constructs) 
No. model Model χ2 df AIC CFI SRMR RMSEA 
1.1 Mean 

imputation & 
listwise deletion 

1653.922* 436 1901.92 0.923 0.0476 0.058 

1.2 Mean 
imputation & 
pairwise deletion 
after omitting 
AC4 

1576.395* 406 1818.40 0.925 0.0469 0.059 

Commitment modelled as one construct  
2.1 Mean 

imputation & 
listwise deletion 

1747.35* 443 1981.35 0.917 0.501 0.060 

2.2 Mean 
imputation & 
pairwise deletion 
after omitting 
AC4 

1664.39* 413 1892.39 0.920 0.493 0.060 

Table I2: CFA model fit indices testing for commitment as one construct 

Model fit indicators  
Sample size N > 250 and M ≥ 30 
Chi-square Significant P-values expected 
CFI >0.90 
SRMR Value <0.08 with CFI above 0.92 
RMSEA Value <0.07 with CFI above 0.90 
AIC Comparison between models, lower AIC 

indicates a better model quality. 
Table I3: Model fit indicators cut-off values determined by Hair et. al (2009)  
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Figure I1 visualizes the final CFA model in SPSS AMOS. The direct path from AC4 to AC was omitted and 

commitment was modelled as two separate constructs. 
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Figure I1: Final CFA model in SPSS AMOS (AC4 excluded) 

Figure I2 shows the CFA model modelling commitment as one construct (the direct path from AC4 to 

AC was omitted). 

 

 

 

 

 

 

 

 

 

 

 

 

 

Figure I1: Final CFA model having commitment modelled as one construct (AC4 excluded) 
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Appendix J: Descriptive statistics  
Table J1 present the descriptive statistics of all control variables included from company data. The 

variables nature is indicated as dummy or numerical. The explanation of merging dummy categories is 

outlined below the table.  

 Code Number  Percentage Numb. of Dummy cat. 
Gender (dummy)     
Female  237 28.55 0 (Ref.) 
Male  575 69.28 1 
Neutral  18 2.17 2 
  830 100  
Age (numerical)       
<=25 = 21.5  3 0.36  
26-35 = 30.5  71 8.55  
36-45 = 40.5  116 13.98  
46-55 = 50.5  153 18.43  
56-65 = 60.5  205 24.70  
66-75 = 70.5  198 23.86  
>75 = 82  62 7.47  
Not available = 57,05  22 2.65  
  830 100  
Network operator based on province (dummy)   
Enexis  314 37.83 0 (Ref.) 
Enduris  11 1.33 1 
Stedin  214 25.78 2 
Liander  291 35.06 3 
   830 100  
Number of contracts (numerical)      
1  337 40.60  
2  246 29.64  
3  132 15.90  
4  66 7.95  
5  34 4.10  
6  13 1.57  
7  2 0.24  
  830 100  
Type of contract (dummy)       
1 year contract   144 17.35 1 
3 year contract  402 48.43 2 
5 year contract  40 4.82 3 
Variable contract  244 29.40 0 (Ref.) 
  830 100  
Gift (dummy)       
No  767 92.41 0 (Ref.) 
Yes  63 7.59 1 
  830 100  
Customer lifespan (numerical) Months     

 

0-11  5.5 123 14.82  
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12-23  17.5 117 14.10  
24-35  29.5 85 10.24  
36-47  41.5 45 5.42  
48-59  53.5 58 6.99  
60-71  65.5 43 5.18  
72-83  77.5 63 7.59  
>84  113 296 35.66  
  830 100  
Annual electricity consumption (numerical)      
<1000 500 52 6.27  
1000-2000 1500 238 28.67  
2000-3000 2500 231 27.83  
3000-4000 3500 136 16.39  
4000-5000 4500 67 8.07  
>5000 7625 101 12.17  
Gas only (mean replacement) 3040.1 5 0.60  
  830 100  
Participator in loyalty program (dummy) 0.00  
No 0 445 53.61 0 (Ref.) 
Yes 1 385 46.39 1 
  830 100  
Previous energy supplier (dummy)    
Sustainable  1 55 6.63 0 (Ref.) 
Reliable  2 270 32.53 1 
Price oriented 4 144 17.35 2 
Other 11 33 3.98 3 
Not available  12 328 39.52 4 
   830 100  
Channel of purchase (dummy)       
Price comparison 2 272 32.77 0 (Ref.) 
Collective/auction 1 195 23.49 1 
Online sales  4 148 17.83 2 
Other 3 215 25.90 3 
  830 100  

Table J1: Descriptive statistics of all control variables 

Explanation of merging dummy variables; 

- Gender: No change in categories for the created dummy variable.  

- Age: Age is converted into a numerical value by calculating the mean of each age category. 

Respondents <25 have been averaged between 18 and 25, because persons younger than 18 

barely have an energy contract. Respondent above 75 are all averaged on the average age of 

82. For category 8 (missing data), mean replacement has been applied at an age of 57,05 

(overall average age). 

- Province: Provinces are merged based on the network operator providing electricity in a 

specific area. An energy contract is a twofold bill, where the customer is tied to a particular 
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network operator. That is why provinces are clustered based on the electricity network 

operator active in a particular region (energieleveranciers, 2020). 

- Number of contracts: numerical variable, so no dummy is created. 

- Gift: Binary dummy 

- Customer lifetime: Customer lifetime is converted into a numerical value by calculating the 

mean of each category. This technique cannot be applied for the period >84 month. However, 

the average of customers >84 could be determined by reverse coding of the categorical 

variables resulting in an average customer lifetime of 113 months.  

- Annual electricity usage: Annual electricity usage is converted into a numerical value by 

calculating the mean of each category.  This technique cannot be applied for customers having 

an electricity usage >5000kwh. The annual electricity usage >5000kwh could be determined 

by reverse coding of the categorical variables resulting in an average of 7625kwh. Gas only is 

treated as mean replacement, since this variable does not contain any useful information for 

the annual electricity usage.  

- Participator in loyalty program: Binary dummy 

- Previous energy supplier: Segmentation based on sustainability outlook, reliability (brand 

awareness / number of customers) and price orientation (Table J2). 

- Channel of purchase: Merged based on the distribution. Three large separate channels. The 

other eight smaller channels have been merged together, to create an “other” category.    

Table J2 presents a clustering of nine popular energy suppliers in the energy market.  

Previous energy supplier 
Sustainability   Mark Brand 

Awareness 
(spontaneous)  

Perc
enta
ge 

Number of 
customers 

Customers 
in millions 

Price-oriented  

Vandebron 9.7 Nuon 71% Essent 2.4 Budget energie 
Greenchoice 9.1 Essent 60% Eneco 2.2 Energie direct 
Eneco 7.7 Eneco 51% Vattenfall 

(NUON) 
2 NLE 

Vattenfall (NUON) 6.5 Oxxio 23% Energiedirect 0.7 Oxxio 
EnergieDirect 6.2 Energiedirect 20% Greenchoice 0.55 Engie 
Engie 5.4 Greenchoice 19% Oxxio 0.4 Essent 
Oxxio 5.2 NLE 13% NLE 0.4 Eneco 
Essent 4.6 Budget energie 9% Budget 

energie 
0.25 Vattenfall (NUON) 

NLE 3.9 Engie 8% Engie 0.25 Vandebron 
Budget energie 3.7 Vandebron 8% Vandebron 0.2 Greenchoice 
    

Table  J2: Previous energy supplier categorized on proposition (PES) 
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Appendix K: Mean scores  
Table K1 presents the Mean score of each independent variable. Figure K1 visualizes the mean score 

of the behavioural loyalty variable.  

Mean scores independent variables 
Construct overall Mean 

scores 
Single-brand 
loyal mean 

Multi-brand 
loyal mean 

Switcher 
mean 

 N 417 313 151 172 259 341 
  BLC AP BLC AP BLC AP 
Loyalty 3.58 3.91 4.07 3.43 3.52 3.14 3.16 
Satisfaction 3.97 4.13 4.25 3.90 3.91 3.76 3.76 
Trust 3.76 3.89 4.01 3.72 3.78 3.56 3.52 
Affective commitment 3.52 3.85 4.01 3.50 3.53 3.25 3.25 
Calculative 
commitment 

2.84 3.12 3.25 2.75 2.80 2.43 2.48 

Perceived risks 1.78 1.88 1.96 1.77 1.77 1.60 1.61 
Involvement 3.62 3.70 3.80 3.64 3.69 3.48 3.41 
Sustainability 
orientation 

4.21 4.32 4.41 4.15 4.24 4.05 4.00 
 

Price orientation 3.60 3.32 3.27 3.83 3.66 3.93 3.88 
Table K1: Mean score per loyalty category. N (horizontal) = sample size, BLC= Behavioural loyalty consideration (model 1), 
AP= Attitudinal preference model 2 

 

   

 

 

 

 

 

 

 

 

 

 

 

 

Figure K1: Plotted mean scores behavioural loyalty consideration 
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Appendix L: One-way ANOVA 
This appendix presents the results of the examined one-way ANOVA analyses. First, Table L1 presents 

the results comparing the means of the behavioural loyalty consideration of the customers. Second, 

Table L2 present the results of the attitudinal preference. The groups single-brand loyalists, multi-

brand loyalists and switchers are compared to each other.  

 
One-way ANOVA of the behavioural loyalty consideration of energy customers: 
 

ANOVA 

 
Sum of 
Squares df Mean Square F Sig. 

Satisfaction Between Groups 23.64 2 11.82 31.00 .000 
Within Groups 314.10 824 .38   
Total 337.74 826    

Trust Between Groups 17.73 2 8.87 28.26 .000 
Within Groups 258.49 824 .31   

Total 276.22 826    

Affective 
Commitment 

Between Groups 58.42 2 29.21 70.22 .000 
Within Groups 342.77 824 .42   
Total 401.20 826    

Calculative 
commitment 

Between Groups 76.81 2 38.41 75.56 .000 
Within Groups 418.82 824 .51   

Total 495.64 826    

Perceived 
risks 

Between Groups 12.46 2 6.23 16.64 .000 
Within Groups 308.63 824 .38   
Total 321.09 826    

Involvement Between Groups 7.89 2 3.95 9.78 .000 
Within Groups 332.49 824 .40   

Total 340.38 826    

Sustainability 
orientation 

Between Groups 12.52 2 6.26 14.05 .000 
Within Groups 367.00 824 .45   
Total 379.52 826    

Price 
Orientation 

Between Groups 68.20 2 34.10 59.02 .000 
Within Groups 476.04 824 .58   

Total 544.23 826    
Table L1: One-way ANOVA behavioural loyalty consideration 
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The graphs below visualizes the differences in means. As can be seen, the mean score decreases for all 

loyalty constructs relative to the degree of loyalty of each category. Price orientation, increases as 

switchers tend to score a higher mean on this construct. 

 

   

 

 

 

 

 

 

 

 

 

 

 

 

Figure L1: Mean scores behavioural loyalty consideration, sorted on category 

 

  

 

 

 

 

 

 

 

 

 

 
Figure L2: Zoomed mean score attitudinal loyalty consideration, sorted on category 
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One-way ANOVA of the attitudinal preference of energy customers: 
 

ANOVA 
 Sum of Squares df Mean Square F Sig. 

Satisfaction Between Groups 40.21 2 20.11 56.31 .000 

Within Groups 293.85 823 .36   
Total 334.06 825    

Trust Between Groups 38.44 2 19.22 66.33 .000 

Within Groups 238.47 823 .29   
Total 276.91 825    

Affective 

commitment 

Between Groups 94.81 2 47.40 127.32 .000 

Within Groups 306.41 823 .37   
Total 401.22 825    

Calculative 

commitment 

Between Groups 97.46 2 48.73 100.51 .000 

Within Groups 399.03 823 .49   
Total 496.50 825    

Perceived 

risk 

Between Groups 19.21 2 9.61 26.21 .000 

Within Groups 301.72 823 .37   
Total 320.94 825    

Involvement Between Groups 25.42 2 12.71 33.34 .000 

Within Groups 313.80 823 .38   
Total 339.22 825    

Table L3: One-way ANOVA Attitudinal preference 
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The graphs below visualizes the differences in means. As can be seen, the mean score decreases for 

all loyalty constructs relative to the degree of loyalty of each category. Price orientation, increases as 

switchers tend to score a higher mean on this construct. 
 

 

 

 

 

 

 

 

 

 

 

 

 

 

Figure L3: Mean scores attitudinal preference, sorted on category 

 

 

 

 

 

 

 

 

 

 

 

 

 

Figure L2: Zoomed mean score attitudinal loyalty consideration, sorted on category 
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Appendix M: Early and late respondents  
Table M1 shows the independent t-test, which examined the equality of means for early and late respondent. 

Results show that there is no significant effect, which implies there is no significant difference between early and 

late respondents.  

 

Independent T-test comparing late vs early respondents   

 

 t-test for Equality of Means  

t df Sig. (2-tailed) 

Mean 

Difference 

Participator of loyalty program Equal variances assumed -1.46 828 .15 -.06 

Type of contract gift Equal variances assumed .07 828 .94 .00 

Gender Man Equal variances assumed -.51 828 .61 -.02 

Gender neutral Equal variances assumed -.19 828 .85 -.00 

Network operator Enduris Equal variances assumed -.18 828 .86 -.00 

Network operator Stedin Equal variances assumed -.12 828 .91 -.00 

Network operator Liander Equal variances assumed -.10 828 .92 -.00 

Fixed contract 1 year Equal variances assumed -.17 828 .86 -.00 

Fixed contract 3 year Equal variances assumed .51 828 .61 .02 

Fixed contract 5 year Equal variances assumed -.32 828 .75 -.01 

Sustainable PES Equal variances assumed .19 828 .85 .00 

Reliable PES Equal variances assumed -1.84 828 .07 -.07 

Price oriented PES Equal variances assumed -1.43 828 .15 -.04 

Other PES Equal variances assumed 1.37 828 .17 .02 

Collective / Auction COP Equal variances assumed -.36 828 .72 -.01 

Online Sales COP Equal variances assumed -.60 828 .55 -.02 

Other COP Equal variances assumed 1.91 828 .06 .06 

Age Equal variances assumed 1.16 828 .25 1.26 

Customer Lifetime Equal variances assumed .57 828 .57 1.87 

Annual electricity consumption Equal variances assumed -.16 828 .87 -24.51 

Legend: PES = previous energy supplier, COP = Channel of purchase 
Table M1: Early and late respondents  

 


	Executive summary
	Acknowledgements
	1. Introduction
	2. Literature review
	2.1 Brand loyalty
	2.2 Switchers
	2.3 Multi-brand loyalty
	2.4 Brand equity

	3. Research model and hypotheses
	3.1 Loyalty drivers
	3.2 Market characteristics
	3.3 Control variables
	3.4 Visualization conceptual model

	4. Research methodology
	4.1 Questionnaire design
	4.1.1 Categorization SBL, MBL & Switchers
	4.1.2 Loyalty drivers
	4.1.3 Moderators
	4.1.4 Control variables

	4.2 Sample & data gathering
	4.3 Statistical analysis method
	Multinomial logistic regression


	5. Data analysis and results
	5.1 Analysis approach
	5.2 Introduction, data cleaning, and reliability/validity tests
	5.2.1 Introduction of the collected data
	5.2.2 Data examination for speeders, missing values & outliers
	5.2.3 Reliability and validity analysis

	5.3 Exploring questionnaire
	5.3.1 Descriptive statistics
	5.3.2 One-way ANOVA
	5.3.3 Dummy coding
	5.3.4 Correlations
	5.3.5 Early and late response

	5.4 General results
	5.4.1 Model 1 Behavioural loyalty consideration
	5.4.2 Model 2 Attitudinal loyalty preference

	5.6 Hypotheses outcomes direct effects
	5.6.1 Hypothesis outcomes direct effects model 1 (Behavioural)
	5.6.2 Hypothesis outcomes direct effects model 2 (Attitudinal)
	5.6.3 Comparison model 1 and model 2

	5.7 Hypothesis outcomes moderation results model 1 and model 2

	6. Discussion & Conclusions
	6.1 Theoretical implications
	6.1.1 Effects of the drivers on the loyalty groups from a behavioural perspective
	6.1.2 Effects of the drivers on the loyalty groups from an attitudinal perspective
	6.1.3 Comparison of the behavioural and attitudinal results
	6.1.4 Moderating results of price orientation and sustainability orientation

	6.2 managerial Implications
	6.2.1 Implications for managers to increase the behavioural loyalty of customers
	6.2.2 Implications for managers to increase the attitudinal loyalty of customers
	6.2.3 Attitudinal vs behavioural loyalty; what is more important?
	6.2.4 Recommendations for the company

	6.3 Limitations and future research

	7. References
	Appendix A: Questionnaire
	Appendix B: Statistical method equations
	Test of parallel lines
	Multinomial logistic regression

	Appendix C: Descriptive of the political orientation construct
	Appendix D: Descriptive of the loyalty construct
	Appendix E: Response tendencies
	Appendix F: Cronbach’s alpha
	Appendix G: Validity
	Convergent validity
	Discriminant validity

	Appendix H: Collinearity
	Appendix I: CFA Model Fit
	Appendix J: Descriptive statistics
	Appendix K: Mean scores
	Appendix L: One-way ANOVA
	Appendix M: Early and late respondents


