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I. Abstract 

In this research, the effects of credibility and creativity on intended Word of Mouth (WOM) are 

examined. The moderating effects of popularity are of special interest due to the increasing interest in 

(micro)influencers in the field of marketing. A possible connection between the receivers’ Need for 

Popularity and intended WOM has also been addressed. 

Based on the research it is concluded that credibility and popularity have no impact on WOM intention 

and that the personal characteristics (such as age) and interests (for example Instagram use) are more 

reliable predictors of intention, although these also predict only a small portion of the variance. 

Creativity was found to have a close to significant impact on WOM. 

Based on these conclusions we state that the message source is relatively unimportant for the receiver. 

It is thus important for the company to find a message source which reaches its intended target group, 

such that the receiver interests are similar to the message which is being sent. The credibility and 

popularity of the sender are both of no importance. The creativity of the message might be of slight 

importance, although this was not found to be significant. 
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II. Executive summary 

Celebrity endorsements can, depending on the liking of the product and the endorser, lead to improved 

attitudes towards the product (Silvera & Austad, 2004). Brands increasingly compete for (online) 

celebrity endorsements. Because of the high demand for influencers, companies have increasingly 

switched to lesser-known celebrities, which are known as ‘micro-influencers’ or ‘micro-celebrities’ 

(Ang, Khamis, & Welling, 2016). Agencies, such as Markerly (2017), have published research results 

which claim that so-called micro-influencers reap better results with regard to engagement than 

traditional influencer marketing methods.  

These relatively small online personalities are paid by companies to promote their products. Generally, 

the follower base of these micro-influencers is considered to be between one thousand and several tens 

of thousands of followers. The results of Markerly’s research are reported across many sources 

(including Forbs, Adformatie, OnFluence, and Digiday). These claims have however not been 

independently tested using a scientific methodology. There are also few scientific sources that can be 

used to back up this claim. This thesis is thus focused on the perceived differences between micro-

influencer marketing and traditional influencer marketing and which effects these have on both online 

and offline Word of Mouth (WOM).  

WOM diffusion has long been regarded as an important mechanism by which information can reach 

large populations, possibly influencing public opinion (Katz & Lazarsfeld, 1955), adoption of 

innovations (Rogers, 2003), new product market share (Bakshy, Adamic, & Karrer, 2009), and brand 

awareness (Keller & Berry, 2003). WOM is one of the most important information sources for 

consumers that are making purchase decisions (Yayli & Bayram, 2012; Godes & Mayzlin, 2004). It has 

been shown that WOM influences a number of relevant outcomes. These include awareness, 

expectations, perceptions, attitudes, behavioral intentions and behavior (Buttle, 1998). It can thus be 

seen as one of the goals of marketers to increase the WOM. Generally, WOM is divided into two sub-

categories, namely offline WOM and online WOM (Lovett, Peres, & Shachar, 2013). Both are relevant 

to this thesis and in the field of marketing research.  

Creativity, which is generally defined as something that is both novel and valuable (Runco & Jaeger, 

2012) has been found to have a strong impact on product perception (Modig & Rosengren, 2014). 

Product perception, in turn, affects intended WOM (Shiau & Luo, 2012). In this thesis, the effect of 

creativity on WOM has been tested and also the effect that popularity of the message sender has on this 

connection. 

Regarding celebrity endorsements, credibility is generally viewed as very important. Credibility impacts 

the consumer’s acceptance of the message, and thus advertisers try to find influencers who have a high 

level of credibility and to highlight their positive attributes (Friedman & Friedman, 1979). Companies 

also note the importance of credibility and see issues regarding ‘fake’ influencers. Companies such as 



5 

 

Unilever have started ousting the influencers they suspect of faking their profile and suspect that fake 

profiles are one of the reasons trust in social media is falling (CNBC, 2018). It is expected that a message 

sent by a high credibility individual is more likely to stimulate WOM since their message receiver is 

more likely to perceive the influencer’s message as sincere (Hovland & Weiss, 1951). Subhadip (2012) 

concluded in his research that extremely popular celebrities with a lot of endorsement appear as if they 

are ‘in it for the money’. In this thesis, a direct effect of credibility on intended WOM is investigated. A 

moderating effect of popularity is also investigated, in order to see whether a difference in the effect of 

credibility exists between micro-influencers and macro-influencers. 

Finally, it has been hypothesized that respondents who score high on Need for Popularity (NFP) would 

score high on intended WOM. Jin (2018) found that NFP was an important driver of certain online 

behavior, such as liking selfies. This personality characteristic is linked to a personal drive to be 

associated with popular individuals (Santor, Messervey, & Kusumakar, 2000). Because of this, it is seen 

as likely that people who score high on NFP would like to be associated with online influencers. 

Therefore, it has been hypothesized that high NFP could predict a higher likelihood to initiate in WOM 

based on influencer recommendations.  

The hypotheses have been tested through the means of an online experiment. In this survey, different 

profiles/posts were shown and the respondent was asked to provide an indication of their intended WOM 

(both online and offline). Each profile that was shown could score either high or low on the following 

three characteristics: credibility, creativity, and popularity. In order to ensure that the profiles were 

actually perceived as such, a manipulation test was executed in advance. 

The results of the survey have been analyzed via the use of t-tests, ANOVA-analyses and regression 

analyses. The results of these tests suggest that credibility is of no relevance in predicting WOM. It has 

not been proven to have a significant impact on both online and offline WOM. The effect of credibility 

remains insignificant when adding popularity as a moderating variable to the model, and when 

controlling for all other variables. Creativity appears to have a close to significant effect when 

controlling for all other variables. A p-score of .061 was found to be associated to the model containing 

all controlling variables, suggesting that creativity has some effect on intended WOM, albeit small. 

Popularity has also not been found to be relevant to WOM when added as a moderating variable.  

Finally, the regression analysis shows that NFP has a significant impact on intended offline WOM (p = 

<.01), but not on online WOM (p = >.1). The other variables which are also purely caused by personal 

characteristics of the respondent, such as age, Instagram use, and football interest, were found to be of 

a far greater predicting value than the message source and content related characteristics. This was 

indicated by the higher r² values in the models that contained these variables and by the significant p-

values which were found for each variable.  
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The findings largely agree with existing scientific literature which suggests that social media success is 

very difficult to predict (Bakshy, Mason, Hofman, & Watts, 2011). The result of the research also 

suggests that it could be more fruitful to focus on the receiver characteristics rather than the sender 

characteristics. In other words, the characteristics of the followers/friends of the influencer have a higher 

predicting value with regard to intended WOM than the characteristics of the influencer himself.  

The findings of this research also suggest that the current trend toward micro-influencers might not be 

justified. The research performed by Markerly (2017) suggesting micro-influencers have a higher 

engagement rate in terms of followers and likes is likely biased. These higher engagement rates are more 

likely due to the characteristics of their follower base than due to the characteristics of the micro-

influencers. Based on the conclusion that both popularity and credibility do not effect WOM intention, 

it is unlikely that the higher engagement rates they noted are caused by attributes which are directly 

related to micro-influencers, such as their popularity in terms of followers or their (often suggested) 

trustworthy/sincere appearance. It is, however, more likely that this difference is noted due to a higher 

interest in the subject by the followers, a more frequent use of Instagram or a higher average age. These 

attributes are however not exclusive to micro-influencers. 

Based on the findings it is suggested that managers do not focus explicitly on either micro-influencers 

or macro-influencers. It is far better for managers to analyze the follower base of the respective 

influencer. Companies should prefer influencers that have a follower base which is already likely to be 

interested in the content provided by the company. The influencer’s credibility and popularity are of 

lesser interest to the company. For highly specified products we suggest greatly looking into the follower 

base of the influencers to see whether they are relevant enough. A clear fit between the audience and the 

content is necessary in order to increase the likelihood to engage. This is especially relevant for products 

which have a high level of specialization. In this research, a football-related product was used, and thus 

non-footballers seemed very uninterested in the content. A generic product would need far less scrutiny 

since more people could be (somewhat) interested in the product. For more generic products the 

difference between micro-influencers and macro-influencers is thus less interesting. 

There is one more action companies can do which can increase their results. The research implies that 

creativity is likely to effect WOM intention. Thus companies should manage the content which is 

produced/posted by the influencers. This involves maximizing the perceived usefulness and originality 

of the content.  
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III. Preface 

While traveling through South-America I was in search of a company at which I could make my 
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decision. The freedom to work on my thesis, the atmosphere and the welcoming attitude of the staff 

made my stay at SmartGoals very pleasant. I would like to thank Chris, Sjef, Sjoerd and the interns for 

their friendliness throughout these months, and particularly Chris, for his help with my thesis.  

I would also like to thank Sarah for her guidance over the past months. She helped me find the internship 

and guided me throughout every step of the process. Our frequent meetings were extremely helpful for 

my progress and the feedback she provided was always useful and impacted the quality of my thesis 

positively.  

Lastly, I would like to thank my friends at the TU/e for their support. For checking my thesis and 

advising me. My special thanks goes out to Jesper, Bas, and Robin for the role they played during the 

years of studying, and during the final months.   
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1. Introduction 

SmartGoals, an interactive training equipment company, uses social media as their main form of 

marketing. Since the company is relatively small, they try to do so with a small budget. Recently the 

company has started evaluating the possibility of using social media influencers as a source of social 

media attention. This research compares two types of social influencers, namely micro- and macro-

influencers and evaluates the effects and characteristics of the two.  

1.1.  Company  

This research is executed in cooperation with SmartGoals. The company is specialized in the design, 

production, and sales of 'SmartGoals' which are used in the sports industry. The company consists of 

seven employees and works together with producer VDL and sales partner ‘PreauSport’. The product is 

composed of sets of goals which interact with each other and the user. When a ball or a person passes 

through two activated cones the system registers this event and will trigger two other cones to be 

activated. The system is available in several different forms. The two most important types are the 

SmartGoals for football and the SmartGoals for hockey (Figure 1). This interactive system can be used 

to improve players on their speed and awareness. The SmartGoals system can also be used to register 

the performance of players in order to check and register their progress. 

 

 

 
The product is sold to multiple markets such as fitness and physical education. Currently the company  

mainly focusses on the market for football and hockey. This includes both amateur and professional 

teams, for example PSV, Ajax, and Feyenoord. Currently, the product is also sold to schools for the use 

in physical education programs and for physiotherapy. The product is new and is not common in the 

market. It can therefore be said that the product is a sports innovation. Since the company is small, and 

the product is new and unknown, they are looking for ways to market their product that fit the marketing 

budget. An interesting option with which to receive extra exposure is via the use of so-called micro-

influencers. The definition of micro-influencers varies wildly between sources. It is often stated they 

have a follower base between 5.000 and 100.000 followers (Frankwatching, 2017) while others claim 

much lower sizes, like marketing facts, which state a size between 2.000 and 5.000 (Marketingfacts, 

2017). There is however no clear scientific definition of the phenomenon.  

Figure 1 SmartGoals 

 

https://www.google.nl/url?sa=i&rct=j&q=&esrc=s&source=images&cd=&cad=rja&uact=8&ved=&url=https://www.smartgoals.nl/en.php&psig=AOvVaw1MTw3Qu87bftgd5UA1prjr&ust=1519474882658357
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Micro-influencers are often said to be seen as more trustworthy and effective than traditional influencers 

(Bachouche, 2016). This is because of their small and highly focussed follower base (Bachouche, 2016). 

While an online marketing campaign looks flashy and artificial a small influencer seems more real. The 

question is however if this difference truly exists and if follower size really is responsible for this 

difference. 

1.2. Academic relevance of the research 

The barriers to entering social media are low, and thus almost every brand has their own social media 

channels. It is, however, difficult to effectively use social media to increase sales, which is critical in the 

current times in which social media is crucial for purchasing decisions (De Maio & Fenza, 2017). In the 

same sense that store quality can be viewed as an indicator of product quality (Baker, Grewal, & 

Parasuraman, 1994) the social media presence could have a similar effect.  

Online Word of Mouth (WOM) has been noted to be important for a brands image (Yayli & Bayram, 

2012). Examples of online WOM are tweets, emails, blogs, reviews and sharing platforms. Customers 

can easily share their positive product experiences via their social media channels and these can thus 

contribute to positive WOM. The challenge for companies is to manage their social media networks. 

This raises questions such as: how to activate the spread of positive WOM, and how to create an effective 

social media strategy? 

For professionals at the leading edge of purchasing decisions, influencer marketing is the most important 

new approach to marketing in a decade (Brown & Hayes, 2008). This type of online marketing has 

experienced strong growth throughout the past years. Because of the high demand for influencers, 

companies have increasingly switched to less popular celebrities, which are known as ‘micro-

influencers’ or ‘micro-celebrities’ (Ang, Khamis, & Welling, 2016). Since micro-influencers are a hot 

topic at the moment and many companies have started campaigns involving influencers, there is a clear 

necessity for further scientific research on this topic. This raises questions such as: exactly who can be 

defined as a micro-influencer? Are there any differences between them and normal influencers? And if 

so, which factors are responsible for this difference? 

1.3.  Research gap and questions 

Research has shown the importance of online WOM (Bickart & Schindler, 2001). The social media 

channels are of importance to the marketing activities nowadays and thus research with regard to the 

effectiveness of different strategies is welcome for the marketing community. It is also noted that the 

effectiveness of online WOM and social media initiatives is a scarcely researched topic (Sharma & 

Srivastava, 2017). The research, therefore, addresses the gap in the literature regarding the effectiveness 

of different message sources. This is relevant due to the absence of literature which examine the effects 

of micro-influencers and whether these are more or less effective at generating online engagement than 

influencer with a larger follower base.  
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 Research question 

The main research questions that are examined in this report are:  

- In what aspect do micro-influencers differ from regular influencers? 

- Are micro-influences more influential than regular influencers?  

- What are the measurable effects of micro-influencer marketing? 

 Sub research questions 

Some additional research questions will be addressed in the report. 

- Which practice regarding micro-influencing yields the highest results? 

- What types of posts yield the highest results regarding online WOM? 

- Which relevant metrics can be used to measure social media success? 

1.4.  Research model 

The conceptual model is derived from concepts from the literature review. The model can be seen in 

Figure 2. The block on the left represents the message source. The message source contains the aspects 

which are related to the sender of the content, in other words, the profile of the poster/publisher and his 

post. The block on the right represents the message receiver and it contains the items which are related 

to the person viewing the content. His or her intended reaction and the characteristics which could be 

related to this reaction, such as age and Need for Popularity. 

 

Figure 2 Conceptual model 

The model visualizes the hypothesized connections between perceived popularity, perceived creativity 

and perceived credibility and the intended Word of Mouth (WOM). Gender, level of education age and 

need for popularity (NFP) are visualized as controlling variables.  

 Intended WOM  

In this research, a distinction is made between intended offline WOM and intended online WOM. The 

constructed intended WOM is based on the likelihood of talking about a subject/product in real life. This 

measure has been used in the research of Moldovan (2011). Intended online WOM, on the other hand, 
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looks at the likelihood to engage online. Since the return on investment (ROI) of social media content 

is hard to measure, Fodor (2010) used the measures the author defines as social media ROI to measure 

its effectiveness. This measure looks at the direct possibilities for the message receiver to interact with 

the content provided to him/her. In this research, the social media ROI is related to actions which concern 

Instagram engagement. The measure Fodor defined as social media ROI will be referred to as online 

WOM in this thesis. In this research, the result of a successful social media campaign is measured using 

both the measure of intended offline WOM and the intended online WOM.  

 Credibility 

The credibility of an influencer is defined by the level at which people perceive his/her recommendations 

to be true and thus whether the suggestions are unbiased, true, believable and factual. A factor analysis 

found three factors defining the credibility of celebrity endorsers. These three were found to be 

attractiveness, expertise, and trustworthiness (Ohanian, 1990). The credibility of an influencer has an 

impact on the consumer’s acceptance of the message. Advertisers will try to find influencers that have 

a high level of credibility and try to highlight their positive attributes (Friedman & Friedman, 1979).  

 Creativity 

Since the 1950’s creativity has been defined as something that is both original and non-trivially valuable 

(Stein, 1953). Later, this definition shifted towards novel and valuable (Runco & Jaeger, 2012). In this 

research, posts have been recreated that show originality and creativity can be altering the text and 

photos on the profile. The use of SmartGoals will be visualized as clearly as possible to address the 

usefulness aspect of the definition.  

 Popularity 

Well-made marketing stories are contagious (Solomon, Russel-Bennett, & Previte, 2013) and this could 

cause people to follow each other in the liking and commenting on well-made posts. The popularity of 

social media users is displayed on the platforms using objective measures. Examples of these are friends 

on Facebook, followers on Instagram and Twitter and subscribers on YouTube. These numbers are seen 

as an objective metric of popularity (Jin & Muqaddam, 2018). Popular accounts tend to have a number 

of followers far greater than the amount of profiles which they follow. Popularity is displayed by 

showing the numbers of likes and comments on a person’s social media posts. High amounts of likes 

and comments indicate popularity and are visualized on the posts page of Instagram. 
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2. Literature review 

Micro-influencing is a completely new field of study which has come into existence by the merit of 

social media websites, which enable all people to have a reach greater than their direct environment. 

Micro-influencers have a clear connection to (online) Word of Mouth, influencers, attitude towards 

brand/commercials and (Need for) Popularity. The following subjects have been used to construct the 

research model and to form hypotheses with regard to micro-influencers. 

2.1.  Word of Mouth  

WOM diffusion has long been regarded as an important mechanism by which information can reach 

large populations, possibly influencing public opinion (Katz & Lazarsfeld, 1955), adoption of 

innovations (Rogers, 2003), new product market share (Bakshy, Adamic, & Karrer, 2009), or brand 

awareness (Keller & Berry, 2003). WOM is one of the most important information sources for 

consumers that are making purchase decisions (Yayli & Bayram, 2012; Godes & Mayzlin, 2004). It can 

thus be seen as one of the goals of marketers to increase the WOM.  

It has been shown the WOM influences a number of relevant outcomes. These include awareness, 

expectations, perceptions, attitudes, behavioral intentions and behavior (Buttle, 1998). There are several 

reasons for a person to initiate WOM. Examples of these important drivers are satisfaction, loyalty, 

quality, commitment trust and perceived value (Alexandrov, Lilly, & Babakus, 2013). This WOM can 

either be positively or negatively valenced and can both positively and negatively influence affect 

decisions (Buttle, 1998). The majority of WOM is positive (Kimmel & Kitchen, 2013), however 

negative WOM has a stronger effect on its receivers. It is possible that this is due to the infrequency of 

negative WOM, making this more surprising for the receiver (Kimmel & Kitchen, 2013). In this 

research, the focus is placed on positively valenced WOM.  

Moldovan (2011) measured the effect of product usefulness and originality on intended WOM. Product 

usefulness and originality are the two constructs which are generally attributed to creativity (Runco & 

Jaeger, 2012). In the research of Moldovan offline WOM was used as the dependent variable. 

Respondents were shown products with varying levels of usefulness and originality on a weekly basis. 

Every week they were requested to fill in a survey regarding this product. In the research, respondents 

were asked two sets of questions, the first set of questions regarded the valence of the intended WOM 

and second set of questions regarded the amount of intended WOM. Moldovan found that usefulness 

and originality were relevant for the generation of offline WOM. This connection is further explained 

in chapter 2.2.2 (social media perception, creativity). 

WOM does not only exist as a person to person phenomenon. It has also spread to the digital world in 

the form of online WOM. The internet has extended this form of information gathering even further and 

now online sources can be used to make decisions. This online WOM exists in several forms, one of 

which is social media, however also customer reviews, forums, and amateur video content can be seen 
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as online WOM. Online WOM is generally considered to be a different phenomenon than offline WOM. 

Lovett (2013) noted that online and offline WOM have different drivers. Lovett found that online WOM 

is mostly driven by social and functional drivers, while offline WOM is driven primarily by emotional 

drivers. This difference is seen as important and results in meaningful managerial implications for brand 

managers (Lovett, Peres, & Shachar, 2013). The authors also states in his research that online WOM 

and offline WOM are quite different and that they cannot be measured using the same measurements. A 

trend currently exists in which the success of in stimulating a conversation is measured based on online 

metrics. Special tools are used for this purpose such as Buzzmetrics, Brandwatch and more. This is 

however found by Lovett to be questionable due to their differences.  

Online communities such as Facebook, YouTube, TripAdvisor, and Twitter enable customers to write 

recommendations in all kinds of forms which influence other users (Lee, Park, & Han, 2008). WOM 

normally occurs naturally and has been noted to drive important outcomes (Chavelier & Mayzlin, 2006). 

This means that consumers generally both initiate and perform this WOM. Individuals, however, do not 

always have to be the initiator of this WOM. It has been noticed that the phenomenon is not only 

something that occurs naturally. WOM can also be triggered by organizations and this can result in 

positive outcomes as well (Biyalogorsky, 2001). In other words, artificially created WOM can also lead 

to positive outcomes. Cleverly designed online WOM campaigns can thus be successful. This implies 

that it would be wise for managers to actively manage a WOM program. Influencer marketing is a form 

of WOM campaign which can be considered for such a use.  

It has also been noted that product information retrieved from online forums is seen as more reliable 

than information that can be found on the marketer-designed website (Bickart & Schindler, 2001), 

suggesting that customers trust users more than companies. This can be explained by the bias companies 

have towards their own products. Apart from this higher acceptance of non-corporate channels they also 

prefer the opinion of non-professional reviewers. These non-professional reviews are easier for 

consumers to relate to (Bickart & Schindler, 2001). This high perceived reliability of non-company 

information makes it very important for companies to ensure that their products are being displayed on 

a large number of online fora and are reviewed openly by knowledgeable customers. In recent years 

social media has however caused an increased use of influencer marketing. These influencers exist in 

varying levels of popularity and it is widely known to the public that these influencers receive monetary 

rewards in exchange for product promotions. It can thus be questioned whether this knowledge has led 

to social media users to view some influencer driven WOM as corporate messages. This could then lead 

to (large) influencers being viewed as less preferable as opposed to non-professional reviewers. More 

information regarding the topic of online influencers can be found in chapter 2.3. 

It can be stated that it is difficult to measure the effectiveness of social media marketing campaigns 

(Fodor, Hoffman, & Marek, 2010). There is not a clear and direct link between a follower, comment or 
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like and a sale. In other words, a large online follower base does not equal a large customer base. Because 

of this, it is difficult for marketers to measure the effectiveness and value of their online campaigns. 

Since they are unsure of the monetary value of their campaigns they generally use different 

measurements to check their social media effectiveness. This difficulty was seen and addressed by Fodor 

(2010). In this research, it has been noted that the effectiveness of social media can best be defined using 

the so-called ‘social media ROI’. This social media ROI is measured using so-called ‘customer 

investments’ (Fodor, Hoffman, & Marek, 2010). These customer investments are measured in terms of 

views, clicks, and likes, and can also be measured using the number of blog posts about the brand. Fodor 

offers a wide variety of measures which can be used, across multiple online platforms, including 

Instagram. These investments can then be used to measure key marketing outcomes such as changes in 

awareness levels or Word of Mouth increases over time (Fodor, Hoffman, & Marek, 2010). The ROI is 

divided into three distinct components, namely brand awareness, engagement and WOM.  

Within the rest of this thesis online ROI will be referred to as online WOM. The two measures combined 

(online WOM and offline WOM) will be referred to as intended WOM. 

2.2. Social media perception 

The attitude of users towards social media advertising is critical for the results of the marketing. A 

positive attitude towards a brand leads to an increased likelihood of a person’s product use and vice 

versa (Alhabash, 2015). It is very difficult to create the right balance of marketing in social media. 

Companies have the tendency to overdo their social media marketing campaign, making the users dislike 

the company and even lead to the abandonment of the social media platform (Zhou & Bao, 2002). A 

number of researchers have also stated that customers seem to trust content created by customers more 

than content created by the company. Consumer-generated reviews on social media exert a direct impact 

on effective brand commitment and an indirect impact on brand loyalty (Praničević & Garbin, 2018). 

This preference of consumers to prefer customer reviews as opposed to professional reviews can clearly 

be witnessed by looking at consumer review forums such as the Dutch website Tweakers and the 

prominent role of customer reviews on web-shops. Apart from forums dedicated to consumer reviews, 

users also share their product experiences on social media communities. A positive presence in social 

media communities also has a positive impact on products. When users share their experiences and are 

active in the community they become visible for all to see. These brand communities have a positive 

impact on customer brand, product, and company relationships, and therefore impact brand trust and 

brand loyalty (Laroche, Habibi, & Richard, 2013).  

In this research, the source of online WOM is of a crucial importance. As stated previous research found 

that customers differentiate between professional and consumer reviews. This suggests that a 

differentiation may also be made by consumers between online influencers. In this report, it has been 

hypothesized that this could affect the intended WOM by the consumers. This can be seen as an addition 
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to the hub related research which is described in chapter 2.3. In this report two perceivable post/profile 

attributes are covered, namely, credibility and creativity. 

 Credibility  

The credibility of an influencer is determined by the level at which people perceive his/her 

recommendations to be true. In other words, whether the suggestions are unbiased, true, believable and 

factual. Individuals often seek out information from opinion leaders or individuals perceived to have 

expert knowledge (Sussman & Siegal, 2003).  A factor analysis found three factors determining the 

credibility of celebrity endorsers. These three were found to be attractiveness, expertise, and 

trustworthiness (Ohanian, 1990). The credibility of an influencer has an impact on the consumer’s 

acceptance of the message. Advertisers will try to find influencers that have a high level of credibility 

and try to highlight their positive attributes (Friedman & Friedman, 1979). Companies are aware of the 

importance of credibility for the influencers they enlist. Unilever, for example, has declared to shun 

“fake” influencers (CNBC, 2018). Fake influencers are those who buy followers through websites that 

manage many accounts, or use automated follow/unfollow bots to create a following. The company 

believes that many of the influencers they pay, have a fake following. The companies’ CMO has also 

stated that trust in social media is falling due to fake social media influencers (CNBC, 2018). Social 

media users are also aware of these fake profiles. These signs show the importance of credibility in the 

influencer market and that users have the ability to spot and condemn fake/non-credible profiles.  

In research, credibility is generally explained using three constructs: attractiveness, trustworthiness and 

expertise (Ohanian, 1990). Attractiveness is however frequently refuted as a construct, since it is often 

found to be only relevant for beauty-related products (Baker, 1977). 

Attractiveness 

Research has found that attractiveness has an impact on the believability and likeability of a person. 

These say that attractive people are more likely to be believed, liked and preferred and thus are expected 

to have a more positive impact than unattractive influencers (Joseph, 1982). It has also been found that 

influencers who are more attractive lead to higher purchase intention (van der Waldt, Van Loggerenberg, 

& Wehmeyer, 2009). There is, however, no full consensus on this link since Baker (1977) found that 

attractiveness had no meaning in purchase intention. It could very well be, as stated by Joseph (1982), 

that attractiveness is solely relevant when the product is meant to increase the buyer's attractiveness. 

Ohanion (1990) classified attractiveness to fit the following characteristics: attractive, classy, beautiful, 

elegant and sexy.  

With regard to social media influencers, the use of attractiveness as a driver of WOM can clearly be 

noted by looking at the success of so-called Instagram models.  
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Trustworthiness 

This construct has to do with the level of trust that users have in the influencers. Someone with higher 

trustworthiness is higher in persuasiveness regardless of their level of expertise. Van der Waldt defined 

trustworthiness as the honesty, integrity, and believability an influencer possesses (van der Waldt, Van 

Loggerenberg, & Wehmeyer, 2009). Ohanion (1990) defined trustworthiness as containing the 

following characteristics: dependable, honest, reliable, sincere and trustworthy. Profiles that appear to 

have fake followers, or are perceived to have been created using bots, will likely score low on this item. 

Based on these finding from the literature it is hypothesized that the higher level of persuasiveness which 

is associated with a higher level of trustworthiness will lead to a higher level of intended WOM (both 

online and offline). 

Expertise 

Expertise is defined as “the extent to which a communicator is perceived to be a source of valid 

assertions” (Hovland & Weiss, 1951). Erdogan (1999a) also explained that expertise refers to “the 

knowledge, experience or skills possessed by the endorser”. Expertise thus has to do with the amount of 

knowledge one has in a specific field. Someone who has more experience in a specific field is seen as 

more knowledgeable and is thus taken more seriously. Whether someone is an expert in a field, therefore, 

has to do with their skills, experience, and knowledge of a specific field of interest. In this research, it 

is hypothesized that a higher level of expertise would lead to a higher level of intended WOM. A higher 

level of (perceived) expertise of the message sender will encourage the message receiver to believe the 

contents of the message and thus make the receiver feel more comfortable to interact with the content 

and to share it with his/her friends. 

Based on the previously explained information that credible people are seen as more trustworthy and 

that their claims are more likely to be perceived as true, and that individuals can spot ‘fake’ online 

influencers, the following hypothesis has been constructed: 

H1: Posts that are perceived as more credible receive a higher intended WOM 

 Creativity 

Since the 1950’s creativity has been defined as something that is both original and non-trivially valuable 

(Stein, 1953). Later this definition often shifted towards novel and valuable (Runco & Jaeger, 2012). 

Usability is determined to be valuable in the online landscape, specifically when looking at the online 

WOM. Research performed by Shiau & Luo (2013) found that in the context of blogs, enjoyment and 

user involvement were primary drivers of ‘blog use’. Personal blog posts are considered to be a form of 

online WOM and are frequently used in influencer marketing campaigns. If users perceive a blog to be 

important and valuable, they are likely to use the blog (Shiau & Luo, 2013). It can, therefore, be stated 

that usefulness is very important with regard to online WOM and thus, online marketing. 
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Modig (2014) performed research related to the effect of creativity and concluded that this can have a 

large impact on product perception. Product perception, in turn, affects intended WOM (Shiau, 2010). 

Finally, Modig (2014) concludes that advertisement creativity positively impacts perceived product 

quality which positively affects perceived value. This perceived value leads to an increased level of 

perceived effort on behalf of the sender which in turn affects the purchase intention. Based on this 

literature it can be stated that creativity can be a powerful driver in both advertising (Modig, 2014) and 

online content such as blogs (Shiau, 2010). There is thus reason to believe that the level of perceived 

creativity of online content could affect the intended WOM. 

Guildford’s test of divergent thinking (1967) has been developed to measure a person’s creativity. He 

scores the ideas of individuals on the basis of four components: originality, fluency, flexibility, and 

elaboration. Originality is measured by determining how unusual an idea is (which percentile), fluency 

is based on the usefulness of the ideas, flexibility is seen as the number of different idea categories that 

have been derived and elaboration defines the level of detail of the response. The two main components 

which can be derived from this test are originality and usefulness. These two attributes have previously 

been combined in research to the context of WOM. Moldovan (2011) used the constructs of originality 

and usefulness, which are regarded to be the two constructs determining creativity, as a predictor of 

(offline) WOM intention. The research performed by Moldovan found that people spread more 

information when a product is perceived as original. The valence of their WOM however depends on 

the perceived usefulness of the product. They also found that people tend to spread more negatively 

valenced WOM with regard to non-useful original products than to non-useful and unoriginal products.  

As stated previously usefulness can have an impact on the (continued) use of a blog, while originality 

affects the amount of WOM. Based on these two findings it has been hypothesized that a higher 

perceived creativity leads to a higher intended WOM in the context of social media and social media 

influencers. 

H2: Posts that are perceived as creative receive a higher intended WOM 

2.3. Influencers 

The principle of influencers has existed for far longer than social media. 

Originally influencers were used to explain the diffusion of news to the 

public. An influencer is someone who has influence over other 

individuals. He then uses this power to shape conversations or topics. 

The most famous work regarding influencers has been the two-step 

flow model proposed by Lazarfield (1955). A representation of this 

model can be seen in Figure 3. The theory involves the spread of 

information in two steps. The first step occurs between mass media and 

influencers, while the second step goes from the influencers to the general public. This can be seen in 

Figure 3 Two-step flow model 

(Katz & Lazarsfeld, 1955) 
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the figure. The first step is from the TV in the center to the stars/influencers. They influence the masses 

to speak about the subject. Influencers have the ability to shape public opinion and change people’s 

behavior. This makes influencers valuable for customers since they can cause product adoption in their 

circle of influence. A conclusion which follows from the research of Kats and Lazarfield is that WOM 

diffusion is disproportionately driven by a small number of key influencers (Bakshy, Mason, Hofman, 

& Watts, 2011).  

The influence one can have on another’s actions can be associated with the susceptibility to interpersonal 

influence (Bearden, Netemeyer, & Teel, 1989). This principle states that people will likely reconsider 

their initial opinion of a subject when they are told an expert or a measuring instrument has come to a 

different conclusion as them (Deutsch & Gerrard, 1955). The concept of interpersonal influence can be 

split in two. Firstly, the susceptibility to normative influence, which is defined as the social influence to 

conform to the expectations of a group or an individual (Martin, Wentzel, & Tomczak, 2008) and 

secondly the informational influence, which is defined as an influence to accept information obtained 

from another as evidence about reality (Deutsch & Gerrard, 1955). Informational influence can by 

caused both by both expert as peers. Burnkrant and Cousineau (1975) found that people using another 

person’s evaluations as a source of information will likely intentionally or unintentionally alter their 

perception of a brand.  

Celebrity social media channels can be used by people as a source of online information. These can be 

seen as a form of interpersonal influence. Celebrity endorsements have become widespread throughout 

the years. Celebrity endorsements can, depending on the liking of the product and the endorser, lead to 

improved attitudes towards the product (Silvera & Austad, 2004). The newest big trend in the field of 

online marketing is influencer marketing (Brown & Hayes, 2008). This influencer marketing consists 

of online ‘celebrities’ who have online followings, who earn money by doing paid promotions for 

companies via their social media platforms. This is done via a variety of channels, such as Facebook, 

Instagram, YouTube and more. Billions of people are active on social media and this leads to an 

enormous potential for shared content. Massively shared videos are called viral videos and are the goal 

of many brand’s actions on social media. Viral videos can have very positive impacts on the engagement 

with a brand and in turn on the profits of a company (Rishika, Kumar, Janakiraman, & Bezawada, 2013). 

The spread of content on social media is however not always apparent (Bakshy, Mason, Hofman, & 

Watts, 2011). The amount of information present on social media is enormous and all of this information 

competes for attention (Berger & Milkman, 2012). This leads to the majority of the content being 

unsuccessful. It also creates an atmosphere in which the content which portrays the emotions which are 

most likely to be shared wins. These are the strong emotions such as anger and happiness (Berger & 

Milkman, 2012).  
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There exists a difference in reach between social media users. Some users have a far greater reach than 

others due to a higher amount of followers/friends or have a greater impact on their friends/followers 

than a regular user. These users are frequently called hubs or social media influencers (Goldenberg, 

Sangman, Lehmann, & Weon Hong, 2009). These hubs are divided into two groups, innovative and 

follower. Although hubs are not necessarily more innovative than normal people, their high number of 

connections lead them to be informed about new developments earlier than the average person. Because 

of this, these individuals, on average, talk about new information prior to the masses. Social hubs can 

be used as a target for marketers in their ‘buzz marketing campaigns’ in order to strengthen their WOM 

(Goldenberg, Sangman, Lehmann, & Weon Hong, 2009). This theory works well as an explanation for 

the fast diffusion of information. However, mass media is less dominant today than it was in the past, 

which means the role of influencers is also changing. Normal people are able to influence their peers 

via the use of online media and this means that these non-celebrities can influence their environment. 

The ability of each online user to spread information has given rise to the micro-influencer. Research 

performed by Bakshy (2011) found that the predicted outcomes regarding social media cascades (viral 

marketing), are very unreliable. This would make it difficult for marketers to reliably choose a hub, and 

thus it would make sense for these marketers to focus on the spread of their message across many small 

users, instead of focussing on hubs (Bakshy, Mason, Hofman, & Watts, 2011). 

Popularity has been a part of endorser research for some time. Gupta (2017) added popularity to the 

existing framework of Ohanion (1990) as a part of his framework for celebrity endorsements. In his 

paper popularity was composed of the five following factors: big fan following, good performance track 

record, likable, non-controversial public image and role model for others. This approach uses existing 

celebrity reputation (outside of social media) as a measure. Research performed by Jin (2014) also used 

popularity as a possible driver of social media behaviour, they however used the (objective) measures 

of follower-base and the number of likes and comments as an indicator of popularity. The principle of 

using this objective measure to signal popularity is further explained in chapter 2.4. 

Lately, an increase in the use of micro-influencers has been noted. Micro-influencers are defined as 

people that are active in a specific part of the market (Kuiper, 2017; Zigt, 2017; Markerly, 2017). 

Examples of these are food, fitness, music or other smaller niches. These micro-influencers are also 

sometimes called micro-celebrities and their existence is made possible by the rise of social media 

(Marschall & Redmond, 2015). Although the exact scientific definition is lacking, it is generally 

considered that a micro-influencer has between a thousand and several tens of thousands of followers. 

Macro-influencers, on the other hand, have hundreds of thousands or even millions of followers. 

This difference between macro and micro influencers raises the question of why someone would opt for 

micro instead of macro-influencers. Macro-influencers have a greater reach and thus it makes sense to 

target these users. The important difference between these group is however that micro-influencer seem 
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to reach a higher level of engagement with their more targeted and concentrated follower base 

(Markerly, 2017). In research, it has been uncovered that average influential, and even less than average 

influential individuals can be more cost-effective than traditional influencers (Bakshy, Mason, Hofman, 

& Watts, 2011). 

Extremely popular celebrities with a lot of endorsement appear as if they are ‘in it for the money’ 

(Subhadip, 2012). This makes it more attractive to use less endorsed/less popular celebrities. Markerly, 

a company specialized in social media influencers, has conducted research regarding the like rate and 

comment rate in their team of influencers and have noted a clear 'sweet spot' regarding the engagement 

rate. In figure 4 and figure 5 it can be seen that the highest rates are present near the 1,000 follower 

mark. After this mark the engagement rates quickly decrease and it can be seen that the accounts largest 

follower sizes provide the lowest rates (Markerly, 2017). In these figures, the Y-axis represents the 

social media interaction (likes and comments), while the X-axis represents the number of followers. 

Since Markerly is a company which is specialized in social media influencers, a clear risk of bias can 

be seen. It is also unclear if the company controlled for fake followers in this research. These factors 

lead to a clear motive to test these hypotheses from a more scientific and unbiased viewpoint.  

H3a: An increased level of perceived popularity of a post/profile reduces the strength of the link 

between perceived credibility and intended WOM 

H3b: An increased level of perceived popularity of a post/profile reduces the strength of the link 

between perceived creativity and intended WOM 

 

          

  

2.4. Need for popularity 

‘Popularity is to do with being the centre of a group and having an influence on it’ (Lansu, 2013). There 

are several ways to look at the popularity of influencers, as described in the paragraph regarding 

influencers. The first method is to look at the popularity based on several metrics of an actual celebrity. 

Some research, for example, used Madonna as an example of an influencer. In their research they then 

used the opinion of the respondents regarding madonna as a predictor of desirable campaign outcomes 

(Erdoghan, 1999b). In social media popularity can be assessed by looking at the objective measures 

which are shown on each user’s profile. Social media has given rise to the idea that popular people have 

figure 5 Comment rate vs. Followership figure 4 Like rate vs. followership 
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many followers, friends or likes. In social media, and specifically Instagram, popularity can be assessed 

by analyzing the amount of engagement an account receives. On Facebook, the number of friends of 

users can be seen, while Instagram and Twitter show the number of followers. The numbers of likes are 

also visualized on each platform. Other users can thus see their peers’ level of popularity as indicated 

by their social media platform. Instagram is the most rapidly growing social media platform of the 

Netherlands (Newcom, 2018), and also clearly shows the popularity metrics of their users. Thus 

Instagram will be used in this research to study the hypotheses. These objective measures can be used 

in marketing research to mimic popularity. This has previously been used in research performed by Jin 

(2018). In this research, the effect of Need for Popularity (NFP) was measured. This was then used to 

test whether respondents with a high NFP were more likely to like and make selfies. It was noted that 

NFP was a strong predictor of social media behavior (Jin & Muqaddam, 2018). 

Conformity to norms has a powerful influence on individual judgments, attitudes, and behavior, as 

demonstrated by the classic work of Sherif (1937) and Asch (1951). People have different levels of need 

for popularity. NFP refers to the urge to do things that make an individual popular (Santor, Messervey, 

& Kusumakar, 2000). It is related to the desire of people to fit in with the so-called in-group (Jin & 

Muqaddam, 2018). This personality characteristic is linked to a personal drive to be associated with 

popular individuals (Santor, Messervey, & Kusumakar, 2000). It causes people to behave in a manner 

that they believe could make them more popular. In the research of Jin, five items from Van den Abeele’s 

(2014) scale for NFP have been used. These have a Cronbach alpha of .77.  

Since a high NFP is associated with behavior which is associated with popularity, it is possible that 

respondents who score high on NFP have a higher tendency to like and or comment on posts/profiles. 

Due to the possibility that NFP affects the scores on these measures, need for popularity has been 

hypothesized to have a direct effect on intended WOM. 

H4: A receiver’s personal Need for Popularity positively impacts intended WOM  

2.5. Control variables 

The following control variables have been used. These controlling variables are of no primary interest 

with regards to the hypotheses, but are included in order to control for variation of the dependent variable 

which might be caused by fixed variables related to the respondents’ characteristics.  

 Age 

The age of the respondent could have an impact on their interest and their use of Instagram. Prior 

research has determined that adults use social media differently than young adults and that personality 

attributes have a different impact on social media usage between these two groups (Correa, Hinsley, & 

Gil de Zúñiga, 2010). In this research, a division is made between 18–29 years old and 30+ years old. 

This cut is based on the psychological, medical and social science research that use this division (Slutske, 
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Jackson, & Sher, 2003; Helmert, Merzenich, & Bammann, 2001). The age of the respondents has been 

logged and an equal proportion of young adults and adults in each experiment is desired. 

 Level of education 

The different levels of education are used to see whether there is a significant difference between the 

effects of different constructs between different groups. The groups that have been selected are High 

School (‘Middelbare school’ in Dutch), lower education (MBO), University of applied science (HBO) 

and university (WO). Since the research is aimed at social media users with an age of 18+, few 

respondents from the category High School are expected. An equal proportion of each education 

category between experiments is desired.  

 Football interest 

Respondents are requested to provide their level of interest in football. Since the product relates sports, 

and more specifically football, the interest in football has been measured. Equal proportions of each 

category are desired across experimental options. It is decided not to pre-emptively eliminate non-

football fans from the survey. Non-football fans most likely have friends and family who do enjoy 

football and thus could still tell their friends about the product, even though they themselves are not 

necessarily interested.  

 Instagram use 

The level of Instagram use differs between respondents and could influence their interpretation of the 

profiles and their likelihood to respond. The respondent’s Instagram use will be measured and an equal 

division of each subset is desired across experiments.  
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3. Methodology 

In order to come to the conclusions regarding the research questions defined in chapter 1.3, a 

methodology has been developed. This method has been drafted in order to ensure the objectivity of the 

results and scientific value of the report.  

3.1.  Instrument Development 

In this paragraph, an explanation for the selected scales will be provided together with an overview of 

the characteristics of the constructs, including the number of dimensions, items, and reliability. 

 WOM intention 

For WOM intention the scale of Moldovan (2011) has been applied. This scale, existing of 4 items, has 

a high reliability (.92) and the items are fitting for the research. In this research, it was intended to 

measure the effect of usefulness and originality on intended offline WOM. In the context of this research, 

this applies to offline WOM. A number of questions regarding WOM specific to Instagram have been 

added as well. These questions have been constructed by adjusting a scale used by Jin and Phua (2014), 

which used Twitter related questions to measure intended online WOM. The exact measures are 

retrieved from the social media ROI metrics, which have been described by Fodor (2010). The e-WOM 

scale was disregarded since this existed of two different dimensions, namely, the valence of the product 

and the network density of receiver (Sohn, 2009), which both not fully fit the context of this research. 

 Perceived creativity 

Perceived creativity is generally split into two constructs, namely originality, and usefulness. This is 

further explained in chapter 2.2.2. Moldovan (2011) studied the effects of originality and usefulness on 

(offline) WOM which closely mimics the research model that is addressed in this report. The construct 

includes two dimensions and eight items. A high original reliability is noted (.93). In the research 

performed by Moldovan, the creativity scale was used in combination with intended WOM, which 

closely mimics the research topic of this thesis. 

 Perceived credibility 

Perceived credibility has been used in the research of Ohanion (1990). Credibility consists of 

attractiveness, trustworthiness, and expertise. The construct contains a total of fifteen items. Ohanion’s 

definition of credibility is widely used in research regarding credibility and thus has been deemed 

appropriate for this thesis. The reliability of the scale is determined to be .80. An often heard critique is 

that attractiveness is irrelevant for non-beauty product and for this reason it has not been used in the 

thesis, which resulted in a total of 2 dimensions. This also reduced the length of the survey, which is 

desirable because this leads to a higher willingness to respond. 

 Need for popularity 

In this research, the original Need for Popularity scale has been used (Van den Abeele, Campbell, 

Eggermont, & Roe, 2014). This consists of twelve items which are frequently used in social media 
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research. The scale has been put in similar use in a research of Jin (2018), in which five items from NFP 

were used to measure the level of NFP and see whether narcissists had a higher tendency to follow other 

narcissists. The changes made to the mock-up profiles/posts in this report is identical to the use of mock-

up profiles in the research of Jin. This includes the alterations to the popularity construct, which includes 

the alteration of followers, likes and comments.  

 The use of the constructs in the survey 

The research has been conducted via the use of an online survey. This is deemed appropriate due to the 

need for an environment which does not rely on the unpredictability of social media algorithms. The 

survey shows different profiles and posts of an Instagram influencer. Small changes have been made 

between each picture. In appendix 8.2 all original constructs and items can be seen. 

In Table 1, each construct, the number of dimensions, items, and their reliability are portrayed. These 

constructs are based upon findings from previous literature discussed in the literature review. The 

reliability is based on the Cronbach alpha of the scales. It can be seen that all constructs use a scale of 

which the reliability is known, with the exception of perceived popularity. Perceived popularity is 

recreated by the use of attributes that can be seen on the Instagram profile/post. This mimicking of 

popularity has been done by altering objective metrics such as followers, number of likes and number 

of comments. The mock-up posts can be seen in appendix 8.1. 

In appendix 8.2 all constructs are placed including their dimensions and relevant questions for the 

survey. All the questions and scales are derived from the literature review.  

Table 1 Construct items and reliability 

 

The total list of items is quite long. Perceived credibility contains fifteen items, and in the pre-test, each 

of the questions regarding these items would have to be answered eight times. Due to the nature of the 

SmartGoals not being a beauty product, it has been decided to not use the dimension attractiveness (this 

Construct Dimensions Items Original reliability Retrieved from 

WOM intention (1) 1 4 .92 (Moldovan, Goldenberg, & 

Chattopadhyay, 2011) 

Online WOM 

intention (2) 

1 3 .89 (Jin & Phua, 2014) 

Perceived creativity 2 8 .93 (Moldovan, Goldenberg, & 

Chattopadhyay, 2011) 

Perceived credibility 3 15 .80 (Ohanian, 1990) 

Need for Popularity 1 12 .77 (Van den Abeele, Campbell, 

Eggermont, & Roe, 2014) 

Perceived popularity Perceived popularity has been checked in the pre-test by using the same method used 

by Jin (2018). This involved asking the respondents which of two options was the 

‘popular’ person. If this is answered with 100% success the adaptations were 

successful.  
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is explained in chapter 1.4.2). In order to further reduce the number of items that are measured by the 

survey, words that are synonymous with each other were removed from the survey. This excluded a 

number of items from the manipulation test resulting in a total of five items for creativity and five items 

for credibility. The excluded items from the survey can be seen in Appendix 8.2. 

Need for popularity originally is composed of 12 items. In this research, the least relevant items have 

been deleted. These items mention either school, parties or negative emotions. The questions regarding 

parties and school were regarded to not fit in the context of the research since these are specifically 

aimed at youth. The questions clearly stating negative emotions were regarded to be to ‘heavy’ for the 

respondents. Many replied that they experienced these questions to be out of context. An example of a 

question that was excluded for this reason is ‘I’d do almost anything to avoid being seen as a “loser”’.  

The original items were all written in the English language. Since most of the respondents were expected 

to be Dutch and thus will have Dutch as their native language, a translation into Dutch has been 

performed. In order to verify if the translation of critical parts is indeed correct, both Google Translate 

and thesaurus have been used. This ensures that a correct choice of words is used throughout the survey. 

After conducting the translation several other people were requested to perform their own translation. 

In some instances, more appropriate translations were proposed. The English words dependable and 

trustworthy were found to both have ‘betrouwbaar’ as the correct translation into Dutch and thus one of 

these words was deleted from the survey.  

3.2. Manipulation test 

A manipulation test was used to ensure that the mock-up posts actually represent their intended purpose. 

In order to ensure the difference between the fabricated posts, a random sample of respondents was used 

in order to not deplete the supply of respondents in the full-scale research (Cooper & Schindler, 2014).  

The manipulation test was conducted in a closed environment in the form of a survey. This survey was 

made to represent a real social media environment. Initially, it was checked if individual posts indeed 

reflect their intended purpose (a popular post, creative post, and an authentic post) via the use of a 

manipulation test. The effect of these manipulations were measured in terms of their effect on the 

intended WOM, which was indicated by the respondents of the survey. As a result of the manipulation 

test, some adaptations in the mock-up posts were made to best represent the specific construct which the 

concerning mock-up posts portray.  

A total of eight different posts/profiles have been created which represent all combinations of popularity, 

creativity, and credibility. Each attribute can be either high or low in this case. All combinations can be 

seen in Table 2. 
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Table 2 2x2x2 experimental design 

Credibility Creativity Popularity 

High High High 

  Low 

 Low High 

  Low  

Low High High 

  Low 

 Low High 

  Low 

 

A bias could also emerge with people figuring out the point of the research and thus act in accordance 

with its designated purpose. For this reason, it has been decided to shuffle the mock-up posts in such a 

sense that the point of the survey becomes less obvious. This has led to the order of the vignette as can 

be seen in Table 3.  

Table 3 Order of vignette for the manipulation test 

Number Credibility Creativity Popularity 

1 High High High 

2 Low High Low 

3 High Low High 

4 High High Low 

5 Low Low Low 

6 High Low High 

7 Low High Low 

8 Low Low High 

 

Perceived popularity  

Table 4 shows the adjustments which have been made in an attempt to create a specific level of perceived 

popularity. In this research, popularity is measured in terms of followers. Popular users are seen as the 

users that have a more positively skewed follower to following ratio. If a profile has many followers and 

follows an equal amount or more other accounts this does not indicate popularity since these profiles 

are frequently faked via the use of bots. Bots are autonomous profiles which automatically like and 

follow profiles. Some users pay for these bots to interact with their profile. Users are aware of this and 

thus profiles which appear to be made using bots are seen as less popular. Also, the level of interaction 

on their post can signal popularity. High amounts of likes and comments per follower signal a popular 

account, while inactive profiles with many followers are often seen as profiles built by bots. This method 

is the same as the one used by Jinn (2018) regarding the author’s research into social media popularity.  
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Table 4 Adjustments for the level of popularity 

 
Popularity High Average 

1.1 Number of followers 456K 4256  

1.2 Comments 393 1 

1.3 Likes 1.249 31 

1.4 Following 264 264 

 

Perceived Creativity  

For this research, posts are recreated which show credibility and creativity. This has been achieved by 

altering the type of post and profile which is shown. A stock product photo is used to recreate a non-

creative post and also the text has been made plain. As explained within chapter 2.2.2, something which 

is creative is something which is both original and useful. An creative post thus shows clearly what is 

the use of the product, by for example, proving a short explanation of the product use within the 

description, and using a photo which portrays the product while in use. The originality of a profile can 

be enhanced by clearly showing the light on the SmartGoals, showing its innovative technology. Table 

5 shows the adjustments made in an attempt to create a specific level of perceived creativity.  

Table 5 Adjustments for the level of creativity 

 3 Creative High Average 

3.1 Profile picture Creative Normal 

3.2 Post photo Creative Normal 

3.3 Text Creative Normal 

 

Credibility  

Credibility is made up of three factors which are altered in the experimental design. These are 

attractiveness, expertise, and trustworthiness (Ohanian, 1990). The changes that have been applied to 

the mock-up post regarding credibility can be seen in Table 6. This includes altering their profile picture 

to show a professional looking photo, using words that are specific to the field and product, sponsoring 

content and their role in the national team of the United States. Research performed by Tripp (1994) 

found that as the number of products endorsements rise, the perception of celebrity credibility, likability 

and attitude towards the ad becomes less favorable. For this reason, low credibility profiles are portrayed 

as if they have sponsored many products in the past.  

Table 6 Adjustments for credibility 

 4 Credible High Average 

4.1 Profile picture More professional Basic 

4.2 Text Field-specific words No errors 

4.3 Content No sponsored content Sponsored content 

4.4 Profile Expert title of expertise Relevant 

Controlling variables 

Literature has found several factors that could affect WOM intention.  
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Vividness is addressed, this consists of the degree of colourfulness of the posts. Research has found that 

a website with a higher vividness is associated with more positive and more enduring attitudes towards 

the website (Thorson & Coyle, 2001). Because of this, the different mock-up posts have a similar level 

of vividness in the profile. However, the low-creativity profiles have a less vivid picture in the post to 

reduce the perceived level of originality. 

Each mock-up post has the same level of complexity. This means that each post has the same number 

of attributes and contains the same amount of information. For websites it has been noted that 

complexity can affect interest (Rosen & Purinton, 2004). This might also be the case for social media 

posts and thus the complexity of each mock-up post is kept on a similar level. Each of the posts has the 

same information and does not lack a specific type of information (likes, comments, text etc.).  

Since people can be very emotional regarding sports, and football, in particular, an unknown footballer 

has been chosen for the survey. By taking away the recognizability, and thus not associating a post 

directly with a club or a player which a respondent might excessively like or dislike, the risk of this bias 

is greatly reduced. It is not the specific influencer or brand in the photo that is part of the research but 

the perceived attributes associated with the people on the photo which should be measured. In order to 

reduce this bias, Justin Morrow has been used as the social influencer of the mock-up posts. He is a 

professional footballer that is also an international for the USA. He never played in Europe and since he 

plays in the American MLS very few people should be able to recognize him. He does, however, have 

credibility for being a professional footballer with many followers and for his status as an international.  

In order to give the player the status of a micro-influencer in the minds of the respondents, it is stated at 

the start of the survey that Justin Morrow is the new signing of their favorite Eredivisie club. The low-

popularity posts represent micro-influencers while the high-popularity posts represent macro-

influencers. 

It has been decided to use SmartGoals’ products as the product being endorsed in the mock-up social 

media posts. In order to reduce the bias that respondents might have as a result of them being interested 

in the product or not, the respondents of the survey have been asked to respond in the way they would 

if they would be interested in purchasing SmartGoals. This would hopefully reduce the bias associated 

with their (dis)interest in the product.  

3.3.  Results from manipulation tests 

The results of the manipulation test can be seen in Table 7. This shows the average score of each mock-

up post for both credibility and creativity. These scores are compared to the averages. When they are 

below the average, the result is considered to be low and when a score is rated above average the score 

is rated as high. As can be seen in Table 7, the mock-up posts which have either all high or all low scores 

on creativity and credibility score clearly above/below average on the scales. The mock-up posts which 

have a combination of either high and low on credibility and creativity receive scores that are very close 



31 

 

to the averages. This means that creativity and credibility cannot be fully altered without affecting each 

other. The total number of respondents on the manipulation test was eleven. The survey took 25 minutes 

to complete and required a lot of concentration. For this reason, respondents were personally asked to 

fill in the survey and to not finish it if they felt distracted. This led to a low amount of respondents. 

Table 7 Results manipulation test 

Picture Creativity Credibility Result Creativity Result Credibility Result 

HHH 25,3 26,5 High High Correct 

LHL 21,9 21,1 High Low Incorrect 

HLH 24,5 23,7 High High Incorrect 

HHL 25 27,7 High High Correct 

LLL 16,3 17,3 Low Low Correct 

LHH 21,2 23,9 Low High Correct 

HLL 21,8 19,5 High Low Correct 

LLH 16,8 18,5 Low Low Correct 

Average 21,6 22,3 - - 6/8 correct 
The options are in given in order of creativity, credibility, popularity. H = High, L= Low 

As can be seen in Table 7, the scores of pictures that are high on credibility are similar to those that have 

been manipulated to score low on credibility. For this reason, it has been decided to try and increase the 

level of credibility a bit by making the player captain of the American team instead of a regular player.  

In order to test the popularity manipulation, different posts have been placed in a survey. The test of 

popularity has been done separately of the initial manipulation test for creativity and credibility because 

it was noted that many people became distracted near the end of the survey. The respondents were then 

asked to select the option they thought was the popular account. The two options involved two different 

posts, with one option scoring high on popularity while the other scored low on this attribute. The 

intended level of creativity and credibility were also different on at least one of these two constructs. 

This was done to test if popularity, credibility, and creativity could be changed independently. The 

results of this survey can be seen in Table 8. It has been noted that the selection does not always align 

with the number of followers the profile has. This indicates that respondents do not see the number of 

followers as the only indicator of popularity. Credibility seems to have a high impact on perceived 

popularity since in two instances the profile with a higher credibility received a similar or higher number 

of votes when asked ‘which is the popular profile’. An often heard response by respondents was that the 

blue verification badge was used as an indicator of popularity or that the sponsored content on the low 

credibility profile made them think that he ‘bought his followers’.  

 

Table 8 Results popularity test 

 Option 1 Votes Option 2 Votes 

Which is the popular profile? HHH 100% HLL 0% 

Which is the popular profile? LLL 6,7% LHH 93,3% 
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Which is the popular profile? HHL 66.7% LLH 33,3% 

Which is the popular profile? HLH 53,3% LHL 46,7% 
The options are in given in order of creativity, credibility, popularity. H = High, L= Low 

The results from the popularity test suggest that the metrics shown on someone’s profile are not 

necessarily a primary indicator of popularity. This is an interesting finding because it shows that the 

macro-influencers are not given the status of influencer by people purely on the basis of their follower 

base. The fact that respondents do not necessarily agree with the idea that someone with many followers 

is popular is a sign that micro-influencers could, in the eyes of the respondents, be equally or more 

popular than the macro-influencers. After the results of the test, it was found that many respondents 

thought that the profile that was meant to score as highly credible was more popular. It was also found 

that respondents distrusted the profile of low credibility and high popularity profiles because this 

combination suggested to them that the profile was artificially constructed via the use of ‘paid 

followers’. Although this result can be seen as a sign of limited independence between the variables, it 

can also be seen as an indicator that people notice the differences between follower sizes of users and 

form opinions based on these metrics.  

3.4.  Structure of the survey 

After the manipulation test, slight alterations have been made to ensure that the mock-up posts accurately 

represent their intended purpose. These mock-up posts are then used in the survey with regard to the 

intended WOM that is attributed to specific attributes. In this survey, each respondent answers three 

sections of questions. The first is introductory and the respondent is asked to provide information 

regarding their age, gender, level of education, use of Instagram, and football interest. After this, the 

respondent is requested to visit a website which provides them with a random number between one and 

eight. The random number which is provided is chosen and leads to 1 out of 8 mock-up posts. A 

respondent thus has a chance of 1/8 to see a specific post. It has been chosen to only show one random 

post (out of eight) to each respondent because this significantly reduces the necessary time to respond 

and also prohibits a bias occurring for the respondents as they might discover the purpose of the survey 

after two or more sets of questions. The respondent is then asked to fill in the questions regarding 

intended WOM. After finishing the questions with regard to WOM the respondent is asked to respond 

to questions about their NFP. The questions regarding NFP are placed at the end of the survey because 

they might provide respondents with some information regarding the goal of the survey. The total time 

to complete the survey (appendix 8.5.) is found to be around three to four minutes.  

3.5.  Pre-Test 

A pre-test for the survey has been used to test if the survey has been properly constructed and whether 

it is understandable for the respondents. For this pre-test, ten people were asked to fill in the survey and 

to provide their opinion on the questions and share their experiences. A random sample was used outside 

of the subjects involved in the main sample (Cooper & Schindler, 2014), in order to not deplete the 

supply of respondents in the main sample. 



33 

 

The respondents noted that the fulfillment of the survey took less than 3-4 minutes and that the questions 

were clearly worded. This low response time was critical for the survey since this improves the odds of 

receiving a large number of respondents. A total of 13 responses have been used to analyze the survey 

in this pre-test.  

Notes and adaptations 

The respondents seemed to use the random number generation. In the survey a relatively equal spread 

of selected options was noted. This can be concluded based on the N-column of Table 9. The random 

number generation has thus been kept in the survey. 

In Table 9 it can also be seen that the average score per item does not differ a lot between posts. The 

post which would be expected to receive the highest intended WOM actually received the lowest average 

score. After asking respondents why they gave low scores many said that they would not share the post 

with friends since their friends would not be interested. They also said that they did not fully understand 

what SmartGoals was and thus would not respond. Finally, respondents noted that they did not see that 

they were requested to respond as if they were interested. As a result of this feedback, several changes 

were made.  

- The word friend was replaced for ‘other interested people’  

- An introduction video was shown to provide a basic impression of the SmartGoals product 

- Intended WOM has now been changed into ‘is it more likely that you would talk about the 

product after seeing this post/profile’. 

- It has been more clearly stated that people should act as if they are interested in the product 

o This is now repeated twice 

o A warning in all caps is provided to grab the attention of the respondents 

Table 9 Mock-up post information (pre-test) 

Creativity Credibility Popularity N Average Average per item 

High High High 3 11 2 

High High Low 0 0 0 

High Low High 1 23 3 

High Low Low 2 14 2 

Low High High 2 23 3 

Low High Low 0 0 0 

Low Low High 2 23 3 

Low Low Low 3 16 2 

3.6.  Sample 

An explanation regarding the sample size, population, the spread of the survey, the data collection and 

the sample design have been provided in the following paragraphs.  

 Sample size 

For both the manipulation tests which have been performed small sample sizes have been used. It has 

been decided to limit these sample sizes in order to not deplete the number of respondents for the main 
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survey. The manipulation test is also very long due to the fact that eight different profiles need to be 

assessed by each respondent. Because of the number of items in the survey, the average response time 

is above twenty minutes, which further decreases the number of respondents which finish the full survey. 

The aim of both of these surveys was to receive 15 full responses. The manipulation test regarding 

credibility and creativity received a total of 11 full responses and the manipulation test regarding 

popularity received 15 full responses. For the main survey, a higher amount of responses are needed. 

This survey is used to prove/disprove the main hypotheses and thus a minimum of 160 respondents are 

required. These 160 respondents should be evenly spread across the options to ensure a minimum of 20 

respondents per option. 

 Population and mode 

The population only contains users of social media. All the respondents have been gathered by placing 

posts on social media, specifically requesting Instagram users to reply. By placing the post on different 

Instagram channels it has been insured that these respondents had a good understanding of Instagram. 

After spreading the survey on Instagram channels, the survey was also spread via Facebook. In this 

request, it was clearly stated that the survey was specifically made for Instagram users. A big advantage 

of also using Facebook for the spread of the survey is that Facebook can also be easily browsed on 

computers. This makes it easier to respond to the survey, which has led to higher response rates. The 

survey itself was created using Google Forms, due to its intuitive design both for the respondents and 

for the creation process.  

Since an even spread of respondents across controlling variables was desired, football enthusiasts were 

also somewhat targeted. In order to mitigate the risk that the respondents are inherently unwilling to 

like/comment on posts of athletes, a text is posted on the top of the question requesting the respondent 

to act in a manner that implies interest in the product. Furthermore, the respondents were asked whether 

they would be interested in sharing the post and its content with other interested individuals. By 

formulating the question like this the risk of non-football fans always stating they would talk about the 

product is mitigated. This is achieved by altering the word ‘friend’ in the survey to ‘other interested 

people’.  

The survey is primarily aimed at Dutch users of Instagram. Different age groups need to be assessed and 

also different levels of interest in sports and in particular football and hockey need to be taken into 

account. Regarding age, a distinction has been made between teens (18 and younger) young adults (19 

– 29) and adults 30+. The reasoning for this distinction can be found in chapter 2.5. This distinction is 

also relevant for SmartGoals since the young adults frequently are users of SmartGoals while the adults 

occupy roles in management at sports clubs. Regarding the level of education, a distinction is made 

between High School, MBO, HBO and WO.  
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 Data collection process 

For this research, the initial spread of the survey has been done requesting (Dutch) Instagram users to 

participate in the survey. The main spread of the survey was done via several employees and friends’ 

Instagram channels. It noted ‘looking for Instagram users to fill in a short survey (less than 5 minutes)’. 

The first request was posted on the 8th of June and reached approximately 80 respondents over the 

weekend. After this, it was requested if participants could also invite their friends, which finally resulted 

in a total of 196 respondents on the 15th of June.  

It was chosen to use the channels of the employees instead of the channels of the company because the 

followers of SmartGoals itself are likely biased. The employees of SmartGoals also fit the age group in 

which many people use Instagram, while most of the contacts of the company itself fit a higher age 

group, which are more likely to be unfamiliar with Instagram. By spreading the survey amongst the 

connections of the employees the odds that viable responses are given increases. People who were 

familiar with the goal of the research, or are closely associated with the company have been requested 

not to participate in the survey. The data were exported into Excel and processed to be used in SPSS, 

which was used to analyze the results. 

 Sample design 

A simple random sampling method has been used in the survey design. In the survey eight different 

options were possible. Each of these options showed a different profile and post. In order to do a proper 

random sampling, two measures were taken. Firstly, a website was constructed which showed a random 

number between 1 and 8. Every time this website was reloaded a new random number would appear. 

The respondents were requested to select the option which was shown to them on the website. It was 

noted that this method could lead to ‘lazy’ respondents (respondents who did not want to use the random 

number website) selecting option 1 because this was the top option. In order to mitigate this risk, each 

number was shuffled in the survey. This means that the order of the options is different for each 

respondent, and thus, even when ‘lazy’ respondents would select the top option, they would still select 

a random option. 
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4. Data 

In this chapter, the data and its characteristics are reviewed. This includes a general overview of the data 

characteristics, factor analyses and correlations and further descriptive statistics. This information is 

used to provide insights into the obtained responses and to provide an initial view of the possible 

outcomes of the experiment.  

4.1.  Sample description  

A total number of 198 responses have been received. A minimum of 20 responses per mock-up post was 

established (Table 10). Initially, the data was checked for random sampling errors as soon as each mock-

up post reached a total of 20 responses. It was noted that option 1 (HHH) received a disproportioned 

number of responses of people completely uninterested in football. Because of this, the survey was re-

released with an increased probability for option 1. After the collection of new respondents, a new data 

analysis was performed. After the re-release of the survey, the following distribution across options was 

noted.  

Table 10 Number of respondents per option 

Option Creativity Credibility Popularity N 

1 High High High 32 

2 High High Low 26 

3 High Low High 24 

4 High Low Low 27 

5 Low High High 22 

6 Low High Low 21 

7 Low Low High 25 

8 Low Low Low 21 

 

In order to check whether the random sampling was done correctly bar charts were created for each 

option (1 to 8). It has been checked whether any notable differences between the random sampling had 

occurred. These charts can be seen in appendix 8.6. The statistics regarding age, gender, education level 

and Instagram use appear to be evenly spread across each option. Regarding football interest option 

HHL seems to have a very high level of respondents which indicated not interested (50% / 13 

respondents). In order to bring this number closer to the average 2 responses have been deleted in this 

category. The selection of cases which are deleted is based on the other controlling variables. Cases 

which scored low in this option on other controlling variables have been spared from deletion. With 

regards to option 2, this meant deleting women and WO educated respondents since these are relatively 

overrepresented in this group. In this manner, 2 cases were deleted, which matched these attributes 

(selected option 2, female and WO educated). These two cases were case number 2 and case number 

65. This reduced the total percentage of respondents which are not interested in football to 45% (total 

of 11 respondents).  



37 

 

4.2. Factor analyses and correlation matrixes  

In appendix 8.7 the correlation matrixes and scree plots which are relevant for this paragraph can be 

found.  

Online and offline WOM 

Firstly it can be noted that the two constructs have a high correlation with each other. This is the case 

for each item, with the lowest correlation being .46. Each item is significantly correlated with each other. 

It is notable that the items WOM1 and WOM2 have an especially high correlation (0.83).  

Secondly, it can be noted that the items regarding intended WOM have a very high correlation with each 

other. In the scree plot, it can be seen that two factors are suggested, based on the elbow rule. However, 

when looking at the factor loadings it can be concluded that one factor would be appropriate as well. It 

has been decided however to keep both constructs separated since both are generally treated as two 

different constructs in research (online WOM and offline WOM). This is in line with the research of 

(Lovett, Peres, & Shachar, 2013) who clearly stated online and offline are different and that metrics 

involving online WOM can only be used to measure offline WOM when great caution is applied (Lovett, 

Peres, & Shachar, 2013).  

NFP 

It can be noted that each question significantly correlates with each other. The item NFP4 seems to be 

less correlated to the other questions than the other. This item contains the following statement: 

(translated) ‘I’ve bought things, because they were the “in” things to have’. This statement is slightly 

different than the other statements because this question relates to the act of buying a product, while the 

other questions focus mainly on the behavior of the respondents regarding friendships. No further action 

was taken as a result of this conclusion. 

4.3. Descriptive statistics 

A total of 198 responses were received and after deletion of 2 cases, 196 cases remained. These cases 

are relatively evenly spread across the eight options (Table 10). 68.9% of the responses were provided 

by men while 31.1% of the responses were provided by women. The majority of the respondents were 

between the age of 18 and 25. This can be explained by the young average age of Instagram users and 

channels through which the survey was spread, which predominantly reaches individuals that fit this age 

category. The level of education of respondents was mainly composed of WO (47%) students and HBO 

students (38%), while MBO (11%) and “High School” (3.6%) are relatively underrepresented. The 

majority of respondents follow football to some degree (72%) and most respondents also use Instagram 

to some degree (79%). These statistics can be seen in Table 11. 
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Table 11 Descriptive statistics 

 

 

 

 

 

 

 

 

 

 

 

 

Table 12 shows the comparison between the high and low popularity posts. It is notable that low 

popularity and high popularity posts/profiles score almost equal. This could signal that most of the 

variation that is seen is caused by the alterations in credibility and creativity, while popularity has a 

more limited or no effect.  

It can also be noted that the average online and offline WOM is almost equal on both levels of popularity. 

The only comparison between which a clear distinction is noted is between the low popularity, high 

creativity, and low/high credibility posts. What can also be noted is that intended online WOM is always 

higher than intended offline WOM. 

Table 12 Comparison table high vs low popularity 

Popularity Creativity Credibility Av. offline WOM Av. Online WOM 

Low popularity Low creativity Low credibility 3.4 3.8 

  High Credibility 3.3 3.4 

 High creativity Low credibility 3.5 4.1 

  High Credibility 2.8 3.6 

High Popularity Low creativity Low credibility 3.2 3.6 

  High credibility 3.2 3.5 

 High creativity Low credibility 3.8 4.0 

  High credibility 3.6 3.7 

 

Variable Option N % 

Gender Male 135 69% 

 Female 61 31% 

Age category 18 – 29 151 77% 

 30+ 45 23% 

Level of education Middelbaar (high school) 7 4% 

 MBO 22 11% 

 HBO 74 38% 

 WO 93 47% 

Football interest Not interested 54 28% 

 A little 36 18% 

 Not especially interested 21 11% 

 Interested 49 25% 

 Very interested 36 18% 

Instagram use Never 41 21% 

 Almost never 15 8% 

 Sometimes 32 16% 

 Frequently 38 36% 

 Very frequently 38 19% 
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In Figure 6 the scores of each mock-up with regard to the variables are visualized. It can be noted that 

differences between posts exist, they however appear to be relatively small. A direct comparison 

between the posts is difficult due to the small differences and thus an extra analysis of data is required. 

This involves the grouping of variables in different subsets, which creates new insights with regard to 

the effect of each construct.  

 

  Figure 6 Scores across options 
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In order to better analyze the variance which is caused by the individual constructs, an extra data 

transformation has been conducted. Each option has been paired with another option which is different 

only on one dimension. By calculating the average score of these two options and then distracting this 

from the score of an individual case, the variance caused by the respective alteration is deduced. Since 

each option consists of three variables which can be changed (creativity, credibility, and popularity), 

each option provides three different ‘variation scores’.  

Table 13 shows the averages per construct. When calculating the popularity average, for example, the 

average is calculated for HHH and HHL. In Table 13 it can thus be seen that in the column for popularity 

these score the same averages for offline and online WOM. The difference between each individual case 

is then calculated. The different scores between these cases are thus associated with the change made in 

popularity (HHH vs HHL). These difference are calculated for each construct and for each case. These 

variations have then been used in the further analyses.  

Table 13 Averages per construct 

 

 

 

 

 

 

 

Table 14 shows the average variance per construct for each Mock-up post. 

Table 14 Average associated variance per construct 

  Creativity Credibility Popularity 

Type N Offline 

WOM 

Online 

WOM 

Offline 

WOM 

Online 

WOM 

Offline 

WOM 

Online 

WOM 

HHH 31 .19 .21 -.06 -.07 .38 .14 

HHL 25 -.57 -.08 -.36 -.36 -.38 -.14 

HLH 24 .24 .27 .06 .07 .07 -.02 

HLL 27 .11 .31 .11 .11 -.07 .02 

LHH 22 -.29 -.21 -.01 -.01 -.06 -.01 

LHL 21 -.08 -.19 .02 .02 .06 .01 

LLH 25 -.24 -.27 .01 .01 -.06 -.20 

LLL 21 -.12 -.58 1.04 1.04 .35 .99 

 

  Creativity Credibility Popularity 

Type N Offline 

WOM 

Online  

WOM 

Offline 

WOM 

Online 

WOM 

Offline 

WOM 

Online 

WOM 

HHH 31 3.3 3.7 3.5 3.9 3.1 3.7 

HHL 25 3.0 3.5 3,1 3,8 3,1 3,7 

HLH 24 3.4 3.7 3,5 3,9 3,5 4,0 

HLL 27 3.4 4.0 3,1 3,8 3,5 4,0 

LHH 22 3.3 3.7 3,1 3,5 3,1 3,5 

LHL 21 3.0 3.5 3,2 3,7 3,1 3,5 

LLH 25 3.4 3.7 3,1 3,5 3,2 3,7 

LLL 21 3.4 4.0 3,2 3,7 3,2 3,7 
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5. Results 

In this chapter, the results of the survey are analyzed. This includes the analysis of the controlling 

variables, t-tests and the hypothesis testing based on regression analyses. Four models have been tested 

for their predicting power; one including only the credibility, creativity and popularity, one using these 

variables plus the moderating effect of popularity and two variations of these including the controlling 

variables. 

5.1. Controlling variables  

ANOVA analyses have been used to test whether controlling variables have a significant impact on the 

intended WOM of the receiver. These ANOVA analyses can be seen in appendix 8.9. Firstly it has been 

noted that there is no significant difference between the means of offline WOM and online WOM 

between the two genders. 

Regarding age, a significant difference between means was found across age groups. In appendix 8.9 

the ANOVA and mean plot can be seen. The respondents were divided into two age groups, young adult, 

and adult. This is done in correspondence with other literature, which suggests that a division should be 

made between the ages of 18 – 29 and 30+ (see chapter 2.5.1). It can be clearly noted that the adult 

category has higher averages scores of WOM than the young adult category. This difference in means 

is significant for both offline and online WOM.  

With regard to the different levels of education, it can be noted that there is a significant difference 

between the means of intended offline WOM and online WOM for different levels of education. It can 

be noted in the plot of means (appendix 8.9) that HBO has a higher level of both intended offline and 

online WOM than both MBO and WO.  

The level of Instagram use seems to significantly affect the intended online WOM. In appendix 8.9 the 

relevant ANOVA table can be seen, and also the mean plot shows a clear increase in average intended 

online WOM when Instagram use is higher. It is notable that this significant difference in means is only 

present for online WOM and does not exist for offline WOM.  

With regard to football interest, a significant difference in means can be seen. It is noticeable that the 

group which is not at all interested in sports scores has a much lower average intended WOM than the 

other categories. This can be clearly seen in the mean plot that can be seen in appendix 8.9. 

The mean of the different levels of NFP also seems to significantly affect the WOM. In appendix 8.9, 

the related ANOVA table can be seen. It is notable that only the offline WOM appears to be significant, 

while online WOM is insignificant. The Mean plots for both measures (offline WOM and offline WOM) 

do appear to be very similar. 
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Based on the ANOVA analyses it can be stated that the personal characteristics of respondents seem to 

have a big impact on both their intended online and offline WOM. All receiver characteristics which 

have been proposed apart from gender are associated with significant differences in means. 

5.2. T-tests 

In order to test whether there exists a difference between the effect of creativity and credibility on 

WOM/ROI T-tests have been performed.  

 T-test for creativity 

The effect of creativity on offline and online WOM has been tested by performing an independent 

sample t-test on the dataset. A distinction is made between posts that scored either low (0) or high (1) 

on the construct creativity. The means of these two groups are then compared using SPSS. Table 15 

shows the result of this test. It can be noted that the means of the effect of creativity on offline WOM 

does not significantly differ between the two groups. The effect of creativity on online WOM, however, 

is very close to significant (0.075). 

Table 15 Variance explained by Creativity 

 Levene test t-test 

F Sig t df Sig. (2-

tailed) 

Mean 

difference 

Std. error 

difference 

Offline WOM by 

creativity 

Ass. Equal 

variance 

4.15 .043 -.86 194 .39 -.168 .195 

 Non ass. Equal 

variance 

  -,88 193.9 .38 -.168 .192 

Online WOM by 

creativity 

Ass. Equal 

variance 

.246 .621 -1.79 194 .075 -.387 .216 

 Not ass. Equal 

variance 

  -1.80 191.7 .074 -.387 .215 

 

 T-test for Credibility 

In Table 16 the variance which is explained by the construct credibility is shown. It can be noted that 

credibility does not have a significant effect on online WOM and offline WOM in any instance.  

Table 16 Variance explained by Credibility 

 Levene test t-test 
F Sig t df Sig. (2-

tailed) 
Mean 
difference 

Std. error 
difference 

Offline WOM by 
credibility 

Ass. Equal 
variance 

.97 .326 1.13 194 .261 .218 .194 

 Non ass. Equal 
variance 

  1.13 193.8 .261 .218 .194 

Online WOM by 
credibility 

Ass. Equal 
variance 

.272 .602 .93 194 .350 .201 .216 

 Not ass. Equal 
variance 

  .93 193.9 .350 .201 .216 
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5.3.  Hypothesis testing 

The hypotheses, as stated in chapter 2, are tested in this chapter with the use of regression analyses. In 

order to test the hypotheses, a number of regression models have been tested. These different models 

have then been analyzed, in order to see which model has the highest predictive power. Two sets of 

regression analyses have been made, one for offline WOM and one for online WOM. Each set contains 

four models. The first contains only creativity, credibility, and popularity. The second also includes 

popularity as a moderating variable. The third contains the direct effects and the controlling variables. 

The final model contains all possible variables, including the moderating variables and the controlling 

variables. A step-wise reduction of variables has also been performed to give an indication of the model, 

which would have the highest model fit (adjusted r square).  

 Step-wise reduction 

In order to find an indication of the best possible models a regression analysis including all variables 

has been performed, including a step-wise reduction of variables. This has been performed for both 

forms of WOM as a dependent variable. The result of this analysis is that the controlling variables are 

by far the best predicting variables. Regarding online WOM a model including the following three 

variables was proposed: Football interest, Instagram use and age category (adj. r square .158). With 

regard to offline WOM the following four variables have been proposed: football interest, Instagram 

use, age category and NFP (adj. r square .158). The model summaries can be seen in appendix 8.10. 

 Regression analyses regarding offline WOM 

In Table 17 the regression results for the four different models regarding offline WOM can be seen. The 

most noticeable results have been highlighted. What can be noted is that only controlling variables and 

NFP seem to have a significant connection to intended offline WOM. These consist of age group, 

education level, Instagram use, football interest and NFP.  

The R² is also notable. It can be seen that both model 1a and 2a score very low on both R² and adjusted 

R². This suggests that the direct effect of creativity, credibility, and popularity is neglectable. The model 

fit improves when adding control variables (age group, gender etc.) and NFP. This suggests that the 

offline WOM can be more reliably predicted when looking purely at the message receiver related 

variables. However, also in model 3a and 4a, relatively low R² values are seen.  
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Table 17 Regression results for offline WOM models 

 Model 1a Model 2a Model 3a Model 4a 

Variable Beta P-value Beta P-value Beta P-value Beta P-value 

Constant 3.259 .00 3.543 .256 1.665 0.004 1.762 .004 

Perceived 

creativity 

.164 .412 -.188 .286 .211 .259 .095 .724 

Perceived 

Credibility  

-.235 .237 -.419 .285 -110 .554 -.385 .160 

Perceived 

popularity 

.236 .235 -.283 .420 .119 .521 -.241 .464 

P. creativity * P. 

popularity 

  .657 .100   .209 .581 

P. Credibility * 

P. Popularity 

  .319 .421   .502 .181 

Age group   .719 .001* .662 .368 

Gender .140 .534 .118 .603 

Education -.143 .223 -.131 .304 

Instagram use .120 .095 .132 .070 

Football interest .218 .002* .206 .005* 

NFP .051 .005* .053 .004* 

R² .017 .035 .200 .209 

Adj. r² .002 .009 .161 .157 

Interesting findings are made bold while significant findings are provided with a * 

 

 Regression analyses regarding online WOM 

The results of the regression analysis regarding online WOM can be seen in Table 18. It is noticeable 

that creativity is almost significantly related to online WOM in model 3b and 4b (.095 and .061 

respectively). This p-value is noticeable since in model 3b the p-value was .724.  

With regard to the R² and the adjusted R², it can be noted that the model fit improves substantially when 

adding the controlling variables. Model 1a and 1b have a very poor model fit, both in terms of R² and 

adjusted R².  
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Table 18 Regression results for online WOM models 

 Model 1b Model 2b Model 3b Model 4b 

Variable Beta P-value Beta P-value Beta P-value Beta P-value 

Constant 3.707 .224 3.801 .000 1.770 .005 1.651 .011 

Perceived 

creativity 

.298 .220 .243 .447 .342 .095 .556 .061 

Perceived 

credibility 

-.282 .219 -.411 .196 -.137 .504 -.350 .241 

Perceived 

popularity 

.004 .219 -.169 .665 -.105 .607 -.105 .769 

P. creativity * 

P. popularity. 

  .093 .834   -.434 .295 

P. Credibility * 

P. popularity 

  .244 .581   .455 .266 

Age group   .765 .002* .818 .001* 

Gender .403 .104 .421 .091 

Education -.132 .309 -.128 .326 

Instagram use .221 .005* .232 .004* 

Football 

interest 

.283 .000* .290 .000* 

NFP .031 .123 .158 .107 

R² 0.017 .019 .207 .216 

Adj. R² 0.002 -0.007 .169 .169 
Interesting findings are made bold while significant findings are provided with a * 

 

 Hypothesis 1 

The following hypothesis was derived from the literature review in chapter 2.2.1:  

Posts that are perceived as more credible receive a higher intended WOM. 

No evidence has been found in the data to support the above stated hypothesis. The t-tests which can be 

seen in Table 16 of this chapter also show that there exists no significant difference between the means 

of low/high credibility posts/profiles with regard to both forms of intended WOM. This conclusion can 

be further strengthened by looking at the regression analyses in Table 17 and Table 18. Specifically, in 

model 1a, 3a, 1b and 3b, it can be noted that credibility does not have a significant p-value.  

The conclusion that there is no difference between the low and high credibility posts with regard to their 

effect on intended WOM is somewhat surprising, since the literature suggests that this would be the 

case.  

 Hypothesis 2 

The following hypothesis was derived from the literature review in chapter 2.2.2:  

Posts that are perceived as creative receive a higher intended WOM. 
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The conclusion regarding this hypothesis is mixed. Firstly, with regard to intended offline WOM, no 

evidence in support of the hypothesis can be found. In the t-tests (Table 15) it has been noted that the 

means of low/high creative posts do not significantly differ with regard to offline WOM. This is further 

strengthened by the regression analysis, in which it is seen that in model 1a and 3a the p-values are far 

from significant (Table 17).  

It is notable that there is a clear difference between the scores of offline WOM and those of online 

WOM. The p-values of the model containing online WOM (Table 18) are much closer to significant 

levels than those in the model containing offline WOM. In model 3b a p-value of .095 has been noted. 

Although this is not significant, the difference between the models suggests that creativity of an 

Instagram post does not have an effect on offline WOM, it is however possible that it does have some 

effect on online WOM.  

It is also notable that the effect of creativity on online WOM becomes stronger in the full model, 

containing all the variables, including popularity as a moderating variable. In model 4b a p-value of .061 

is noted, which could suggest a connection between creativity and online WOM.  

 Hypothesis 3a  

The following hypothesis has been derived from literature review in chapter 2.3:  

An increased level of perceived popularity of a post/profile reduces the strength of the link between 

perceived credibility and intended WOM. 

With regard to offline WOM, it can be noted that both model 2a and 4a do not show any significant p-

values, with regard to the moderating effect of popularity on credibility. The lowest p-value related to 

this hypothesis is .181 and is thus far from the significance threshold. The adjusted R² in model 3a and 

4a also show that the model does not improve when adding the moderating variables perceived creativity 

* perceived popularity and perceived credibility * perceived popularity.  

With regard to online WOM the moderating effect of popularity can be dismissed as well. The lowest 

p-value is only equal to .266. It can be noted that the Adjusted R² does not improve when adding the 

moderating variables perceived creativity * perceived popularity and perceived credibility * perceived 

popularity to the model (from 1b to 2b and 3b to 4b).  

 Hypothesis 3b 

The following hypothesis has been derived from the literature review in chapter 2.3:  

An increased level of perceived popularity of a post/profile reduced the strength of the link between 

perceived creativity and intended WOM. 

In the regression models, shown in both Table 17 and Table 18, it can be noted that popularity has no 

significant moderating effect on the link between perceived creativity and intended offline WOM. While 
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model 2a shows a p-value of 0.1, the effect disappears when introducing the controlling variables, thus 

clearly disproving the hypothesis based on the regression analysis.  

With regard to online WOM, the claim for a moderating effect of popularity does not hold up either. 

Here the lowest p-value is 0.295, clearly refuting the proposed hypothesis. 

 Hypothesis 4 

In chapter 2.4 the following hypothesis has been formulated:  

A receiver’s personal Need for Popularity positively impacts intended WOM  

In the regression analysis it has been noted that NFP seems to be significantly related to intended offline 

WOM (Table 17). This can be noted by looking at the p-values within model 3a (.005) and 4a (.004). 

The mean-plots and ANOVA analyses in appendix 8.9.6 also show the connection between a higher 

NFP and a higher intended offline WOM. Based on the result it can be stated that NFP has a relationship 

with offline WOM. 

With regard to online WOM, no significant p-value has emerged and it can thus be said that a higher 

NFP is not a reliable predictor for online WOM.  
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6. Discussion  

In this chapter, the results of the research will be discussed. This concerns both the key findings and the 

implications on both theoretical and managerial level. Also, the recommendations for SmartGoals based 

on this research are provided.  

6.1. Key findings 

With regard to hypothesis 1, it is noticeable that the credibility of an influencer does not seem to have 

an effect on intended WOM. The literature review suggested that credibility would impact intended 

WOM positively due to prior literature suggesting that high credibility increases message acceptance by 

the receiver (Friedman & Friedman, 1979). Although this may be the case, credibility does not appear 

to increase intended WOM. This is surprising since it would make sense that a higher acceptance of a 

message would coincide with a higher likelihood to share and engage with content. Higher credibility 

would also coincide with higher persuasiveness based on the research of Ohanian (1990). This effect is 

thus also not found to affect WOM intention. The research therefore suggests that credibility plays a 

different role in social media (and specifically Instagram) then it does on other platforms.  

With regard to hypothesis 2, it is noticeable that creativity has a close to significant relationship with 

intended WOM when controlling for other variables (p = .061). This is in line with literature which 

suggests that usefulness and originality have a large impact on product perception (Modig & Rosengren, 

2014). The research performed by Modig also suggests that this impacts perceived product quality. This 

means creativity was predicted to be a driver of both advertising (Modig & Rosengren, 2014) and online 

blogs (Shiau, 2010). It can thus be stated that this result is in line with the literature review.  

With regard to hypothesis 3a and 3b, it has been found that no moderating relationship exists between 

popularity and intended WOM. None of the models which add a moderating effect of popularity 

experience an increase in r². It is thus concluded that the level of popularity has no effect on the intended 

WOM of the message receiver. This is in contrast with claims made by Markerly (2017), who suggest 

the number of followers has a connection with engagement rates. This research has provided reasons to 

believe that high engagement rates are more likely caused by other factors, which are most likely driven 

by follower base characteristics (such as age, interests, and Instagram use), and which cannot be directly 

linked to the size of the follower base of the influencer.  

Hypothesis 4 suggested that a connection exists between a high Need for Popularity and a higher 

likelihood of WOM. It has been found that this is partly true. The research found that people who score 

high on NFP provide a higher score with regard to intended offline WOM. This is noticeable since it 

was expected, based on the literature review, that people who score high on NFP would be more likely 

to interact with the content via online WOM rather than offline. This would be similar to the conclusions 

of Jin (2018) and Kim (2016), who found people who have a high NFP were more likely to perform 

certain social media actions, such as liking selfies. Based on this finding it is concluded that NFP is a 
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relevant predictor of offline WOM, but that it cannot be linked to online WOM. The effect of NFP on 

offline WOM might suggest that an emotional driver is at work which causes this effect. The research 

of Lovett (2013) found that different drivers drive offline and online WOM and thus it is possible that 

this the reason why NFP seems to significantly affect offline WOM but not online WOM.  

6.2. Implications 
In this paragraph the implications are provided. These are divided into three categories, theoretical 

implications, managerial implications and recommendations for SmartGoals.  

 Theoretical implications 

The findings largely agree with existing scientific literature which suggests that social media success is 

very difficult to predict. The result of the research also suggests that it could be more fruitful to focus 

on the receiver characteristics rather than the sender characteristics. In other words, the characteristics 

of the followers/friends of the influencer have a higher predicting value with regard to intended WOM 

than the characteristics of the influencer himself. This implies that it could be more relevant for 

researchers to focus on, for example, network effects. 

The findings of this research also suggest that the current trend toward micro-influencers might not be 

justified. The research performed by Markerly (2017) suggesting micro-influencers have a higher 

engagement rate in terms of followers and likes is likely biased. These higher engagement rates are more 

likely caused by the characteristics of their follower base than by the characteristics of the influencers. 

Based on the conclusion that both popularity and credibility do not effect WOM intention, it is unlikely 

that the higher engagement rates they noted are caused by attributes which are directly related to micro-

influencers, such as their popularity in terms of followers or their (often suggested) trustworthy/sincere 

appearance. It is, however, more likely that this difference is noted due to a higher interest in the subject 

by the followers, a more frequent use of Instagram or a higher average age. These attributes are however 

not exclusive to micro-influencers. 

 Managerial implications 

Based on the finding it is suggested that managers do not focus explicitly on either micro-influencers or 

macro-influencers. It is far better for managers to analyze the follower base of the respective influencer. 

Companies should prefer influencers which have a follower base which is already likely to be interested 

in the content provided by the company. The influencer’s credibility and popularity are then of lesser 

interest to the company. For highly specified products we suggest greatly looking into the follower base 

of the influencers to see whether they are relevant enough. A clear fit between the audience and the 

content is necessary in order to increase the likelihood to engage. This is especially relevant for products 

which have a high level of specialization. In this research, a football related product was used, and thus 

non-footballers seemed very uninterested in the content. A generic product would need far less scrutiny 
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since more people could be (somewhat) interested in the product. For more generic products the 

difference between micro-influencers and macro-influencers is thus less interesting. 

There is one other measure companies can take to increase their influencer related results. The research 

implies that creativity is likely to effect WOM intention. Thus companies should manage the content 

which is produced/posted by the influencers. This involves maximizing the perceived usefulness and 

originality of the content. It is likely that maximizing the perceived creativity leads to a higher intended 

online WOM. This coincides with research by Lovett (2013) who found that functional drivers are the 

main drivers for online WOM.  

 Recommendations for SmartGoals 

A number of recommendations are given to SmartGoals. Firstly, the micro-influencer strategy that has 

been used should be adapted. Any social media channel which has followers who are clearly interested 

in football should be seen as relevant. A clear recommendation is to ask trainers to post content, 

regardless of their style, popularity and profile appearance. Since these promotions are not paid, they 

should all be encouraged to post content and to contribute to social media presence of SmartGoals. 

Regarding paid promotions it is important to check whether the followers of the influencer are actually 

sports enthusiasts. Many athletes have a lot of followers who are in fact not interested in sports. Many 

athletes have clothing brands, a modelling career or other activities besides their sport which give them 

great popularity in other fields than sports. If the influencer is followed for a different reason, it is wise 

to not use paid advertisement, even if the reach of the channel is large. When applying a paid 

advertisement it would be much wiser to request a football critic, a trainer or a channel which concerns 

football training methods to do a sponsored post. These accounts are more likely to be followed purely 

for their sports related content. Currently, a French YouTube collective which reviews football 

equipment is working on a review video for SmartGoals. These types of initiatives should be used more 

frequently in the firm since their target audience is certainly interested in the content. The videos should, 

however, be clearly guided in order to avoid the pitfall described by Moldovan (2011). This research 

states that original products which do not seem useful will be viewed extra negatively by the viewers. It 

is thus important for the company to give clear instructions on how to portray the product, to ensure that 

the usefulness is clearly visualized in the content. 

Since it is difficult to predict which post/profile will be successful and which attributes the content 

should have, it is recommended to maximize the number of profiles that post SmartGoals related content. 

It is recommended to attain this goal by directly incentivizing the creation and sharing of content. A 

incentive program should be created. SmartGoals currently uses a website called SmartGoalGetters. 

This website can be used to incentivize users to post their content online. Users who post content should 

be requested to join the website in order to give them recognition for their work. Users who make content 

should also be reposted and clearly thanked for their videos. Lastly, a section on the website could be 

dedicated to social media users which post videos and photos of SmartGoals. By seeing the content of 
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others on SmartGoals’s website they could be inspired to make their own. Since the creativity appears 

to be important for the intention of WOM it is recommended to stimulate the creation of exercise videos 

in particular. These videos clearly show the use of SmartGoals. It is proposed to achieve this by 

requesting users directly via social media to share their most creative exercises and to place a banner on 

the exercise database that requests users to share their own versions and ideas with SmartGoals. 

6.3. Limitations and further research 

This study has several limitations due to the nature and structure of the research.  

Since the research has been performed in collaboration with SmartGoals, the findings are most relevant 

to its product, and by extension the (innovative) sports market. The findings can thus be best used in the 

context of this market. Since this market is rather specialized, further research could be conducted using 

a product which has a lower level of specialization. We expect the results to be different for a less 

specialized product, such as a fast moving consumer product. It can be interesting to conduct similar 

research using different product categories and to see whether results differ across industries. It is also 

possible that popularity and credibility are irrelevant in the sports market, but have an impact on the 

intended WOM for other product categories.  

In the research, Instagram was used as the platform of the mock-up posts. This was done because 

Instagram is well known for the presence of Social Media Influencers. It is, however, possible that a 

person’s WOM intention (especially online) differs across platforms. In future research, it can be 

interesting to see which platforms are most likely to achieve high levels of WOM. It has been noted by 

SmartGoals that LinkedIn and Twitter are also excellent sources of WOM and research which can lead 

to an optimized use of these platforms would thus be welcome. 

This study has been performed using the Dutch language in the survey and was thus only distributed 

among Dutch social media users. There is, however, reason to believe that social media use and 

engagement rates differ across countries/cultures (Statista, 2018). The results can thus not be generalized 

to each country. Since social media optimization is of global interest, it would be interesting to conduct 

an international research and also to see whether the results would differ across countries. 

In this research, it has been shown that receiver characteristics are far more important to intended WOM 

than sender characteristics and post content. It could thus be interesting to see what the research results 

would be when a highly selective sample would be used. In further research, it could be possible to use 

a sample which only includes people of a specific gender, age group, and level of Instagram use, which 

all follow the same influencer(s) and thus have very similar interests. By highly controlling the sample, 

and by using profiles of influencers they genuinely know, differences between WOM intention related 

to post content/credibility would be more likely to be found. This research would however be very labor 

intensive since it would cost a lot of time to find a sufficiently large sample size.   
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8. Appendices 

8.1. Mock-up posts 

 

Figure 7 High credibility, high creativity and high popularity  

 

Figure 8 High credibility, high creativity and low popularity 
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Figure 9 Low credibility, high creativity and high popularity  

 

Figure 10 Low credibility, high creativity and low popularity 
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Figure 11 High credibility, low creativity and high popularity 

 

Figure 12 High credibility, low creativity and low popularity 
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Figure 13 Low credibility, low creativity and high popularity 

 

Figure 14 Low credibility, low creativity and low popularity 
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8.2. Original construct and items 

 Need for popularity (Van den Abeele, Campbell, Eggermont, & Roe, 2014) 

1. I have done things to make me more popular even when it meant doing something I would not 

usually do 

2. I’ve neglected some friends because of what other people might think (excluded) 

3. At times, I’ve ignored some people in order to be more popular with others (excluded) 

4. I’d do almost anything to avoid being seen as a “loser” (excluded) 

5. It’s important that people think I’m popular 

6. Some times I’ve gone out with people, just because they were popular 

7. I’ve bought things, because they were the “in” things to have 

8. At times I’ve changed the way I dress in order to be more popular (excluded) 

9. I’ve been friends with some people, just because others liked them (excluded) 

10. I’ve gone to parties, just to be part of the crowd (excluded) 

11. I often do things just to be more popular with people at school (adapted) 

12. At times I’ve hung out with some people, so others wouldn’t think I was unpopular (excluded) 

 

 Intended offline WOM (Moldovan, Goldenberg, & Chattopadhyay, 2011) 

1. I intend to talk about the product (adjusted) 

2. I intent to tell friends about the product (adjusted) 

3. I intend to talk about the product on every occasion (adjusted) 

4. I intent to provide as many details as I can about the product (adjusted) 

 Intended online WOM (Jin & Phua, 2014) 

1. “I would like to follow him on Twitter” (adjusted) 

2. “I would like him to follow me on Twitter” (adjusted) 

3. “I would like to retweet his tweets” (adjusted) 

4. “I would like him to retweet my tweets” (adjusted) 

 Perceived credibility (Ohanian, 1990) 

1. Attractiveness (excluded) 

2. Trustworthyness 

a) Credible 

b) Honest  

c) Reliable (excluded) 

d) Sincere (excluded) 

e) Trustworthy (excluded) 

f) Convincing (excluded) 

g) Dependable (excluded) 

h) Unquestionable (excluded) 

3. Expertise 

a) Expert 

b) Experienced 

c) Knowledgeable (excluded) 

d) Qualified (excluded) 

e) Skilled 
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 Perceived creativity (Moldovan, Goldenberg, & Chattopadhyay, 2011) 

1. Usefulness 

a) Useful 

b) Necessary (excluded) 

c) Beneficial (excluded) 

d) Fulfils a need 

2. Originality 

a) Original 

b) Novel 

c) Unusual 

d) Unique (Excluded) 

  



 

 

 Manipulation test in Dutch 
Table 19 Pre-test questions in Dutch 

Construct Question Scale Reference 

General 1. Mijn leeftijd is: 

2. Ik identificeer mijn gender als zijnde: 

3. Mijn opleidingsniveau is: 

  

Perceived 

popularity 

4. Welke van de 2 opties is ‘populair’? Binominaal (Jin & 

Muqaddam, 

2018) 

Usage 5. Hoeveel gebruikt u Instagram? 

6. Hoe goed volgt u voetbal? 

5 point Likert 

scale 

 

Perceived 

credibility 

7. Betrouwbaar - onbetrouwbaar 

8. Eerlijk - oneerlijk 

9. Vertrouwbaar – Niet vertrouwbaar 

EXCLUDED 

10. Oprecht – onoprecht EXCLUDED 

11. Expert – geen expert 

12. Ervaren – onervaren 

13. Iemand met kennis van zaken – 

iemand zonder kennis van zaken 

EXCLUDED 

14. Gekwalificeerd – ongekwalificeerd 

EXCLUDED 

15. Bekwaam – onbekwaam 

7 point Likert 

scale 

(Ohanian, 

1990) 

Perceived 

creativity 

16. Nuttig 

17. Noodzakelijk EXCLUDED 

18. Bevorderlijk EXCLUDED 

19. Vervuld een behoefte 

20. Origineel 

21. Vernieuwend 

22. Ongewoon 

23. Uniek EXCLUDED 

7 point Likert 

scale 

(Moldovan, 

Goldenberg, & 

Chattopadhyay, 

2011) 
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8.3. Manipulation test 

 Manipulation test in English 

The following table shows the complete survey including all possible items. Some of those have been 

excluded in the Dutch survey for reasons which have been explained in the report.  

Table 20 Constructs questions 

Construct Questions Scale Reference 

General 1. My age is: 

2. I identify my gender as: 

3. My level of education is: 

Integer 

Binomial 

Ordinal 

 

Usage 4. How much do you use 

Instagram? 

5. On a scale of 1-5, how well do 

you follow football? 

Ordinal 

5 point Likert 

 

Perceived 

credibility 

6. Dependable – undependable 

7. Honest – dishonest  

8. Reliable – unreliable 

9. Sincere – insincere 

10. Trustworthy – untrustworthy  

11. Expert – not an expert 

12. Experienced – inexperienced 

13. Knowledgeable – 

unknowledgeable  

14. Qualified – unqualified 

15. Skilled – unskilled 

Likert (Ohanian, 1990) 

Perceived 

creativity 

16. Useful 

17. Necessary 

18. Beneficial 

19. Fulfils a need 

20. Original 

21. Novel 

22. Unusual 

23. Unique 

7 point Likert 

scale 

(Moldovan, 

Goldenberg, & 

Chattopadhyay, 

2011) 

Perceived 

popularity 

24. Which of the two images is 

popular 

Binominal (Jin & Muqaddam, 

2018) 



 

 

 Manipulation test in Dutch 

The following questions were asked in the manipulation test. The survey was based on the constructs 

that can be seen in appendix 8.2. This table also shows which items were excluded from the survey. 

Table 21 Manipulation test survey 

Construct Question 

General 24. Mijn leeftijd is: 

25. Ik identificeer mijn gender als zijnde: 

26. Mijn opleidingsniveau is: 

Usage 27. Hoeveel gebruikt u Instagram? 

28. Hoe goed volgt u voetbal? 

Perceived credibility 29. Betrouwbaar - onbetrouwbaar 

30. Eerlijk - oneerlijk 

31. Vertrouwbaar – Niet vertrouwbaar EXCLUDED 

32. Oprecht – onoprecht EXCLUDED 

33. Expert – geen expert 

34. Ervaren – onervaren 

35. Iemand met kennis van zaken – iemand zonder kennis van zaken 

EXCLUDED 

36. Gekwalificeerd – ongekwalificeerd EXCLUDED 

37. Bekwaam – onbekwaam 

Perceived creativity 38. Nuttig 

39. Noodzakelijk EXCLUDED 

40. Bevorderlijk EXCLUDED 

41. Vervuld een behoefte 

42. Origineel 

43. Vernieuwend 

44. Ongewoon 

45. Uniek EXCLUDED 

Perceived popularity 46. Welke van de 2 opties is ‘populair’? 

 

 Manipulation test in google forms 

1) Ik identificeer mijn gender als zijnde 

a. Man 

b. Vrouw 

2) Mijn leeftijd is 

a. …. 

3) Mijn opleidingsniveau is: 

a. Middelbaar 

b. MBO 

c. HBO 

d. WO 

4) Hoeveel gebruikt u Instagram 

a. Heel vaak 

b. Vaak 

c. Soms 

d. Bijna nooit 

e. Nooit 

5) Hoe Goed volgt u voetbal 
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a. Heel goed  

b. Goed 

c. Niet bijzonder goed 

d. Een beetje 

e. Niet 

De speller die u ziet in de volgende post is de nieuwe aanwinst van uw favoriete club in de Eredivisie! 

Bestudeer de post en het profiel goed! 

Eerste afbeelding, deze afbeelding zal nog 2 keer herhaald worden.  

 

 

1A/8  

U ben geïnteresseerd in het aanschaffen van het product. Vul na het bestuderen van het bericht en het 

profile de vragen in.  

Bestudeer deze afbeelding goed 

 

Selecteer wat voor deze speller en zijn profiel van toepassing is: 

Onbetrouwbaar 1 2 3 4 5 6 7 Betrouwbaar 

Oneerlijk 1 2 3 4 5 6 7 Eerlijk 

Geen expert 1 2 3 4 5 6 7 Expert 

Onervaren 1 2 3 4 5 6 7 Ervaren 
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Onbekwaam 1 2 3 4 5 6 7 Bekwaam 

1B/8  

U ben geïnteresseerd in het aanschaffen van het product. Vul na het bestuderen van het bericht en het 

profile de vragen in.  

Bestudeer deze afbeelding Goed 

 

Niet nuttig 1 2 3 4 5 6 7 Nuttig 

Vervuld geen behoefte 1 2 3 4 5 6 7 Vervuld een behoefte 

Onorigineel 1 2 3 4 5 6 7 Origineel 

Niet vernieuwend 1 2 3 4 5 6 7 Vernieuwend 

Gewoon 1 2 3 4 5 6 7 Ongewoon 

 

The questions for section 1a and 1b are repeated 8 times for each different mock-up profile that has been 

created. All of these photos can be seen in 8.1. 

 

 Popularity test in google forms 
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1) Welke van de 2 profielen/posts is van een populair persoon? 

a. Optie 1 (bovenste plaatje)  

b. Optie 2 (onderste plaatje 

 

 

2) Welke van de 2 profielen/posts is van een populair persoon? 

a. Optie 1 (bovenste plaatje)  

b. Optie 2 (onderste plaatje 
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3) Welke van de 2 profielen/posts is van een populair persoon? 

a. Optie 1 (bovenste plaatje)  

b. Optie 2 (onderste plaatje 
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4) Welke van de 2 profielen/posts is van een populair persoon? 

a. Optie 1 (bovenste plaatje)  

b. Optie 2 (onderste plaatje 
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8.4. Constructs and questions in English (survey) 

In this appendix both the pre-test is shown as the survey after making the adaptations which are based 

on the pre-test. 

 Pre-test survey 
Table 22 Survey used in the pre-test 

Construct Item Dutch translation 

General 1. My age is: 

2. I identify my gender as: 

3. My level of education is: 

1. Mijn leeftijd is: 

2. Ik identificeer mijn gender als zijnde: 

3. Mijn opleidingsniveau is: 

Usage 4. How much do you use Instagram? 

5. On a scale of 1-7, how well do you 

follow football? 

4. Ik gebruik Instagram: 

5. Ik volg voetbal: 

 

Select an option 6. Click on the following link and select 

the option that is shown to you on the 

website 

6. Klik op de onderstaande link en klik op de 

optie die voor jou aangegeven wordt op de 

website 

Offline WoM 7. I intend to talk about the product 

8. I intent to tell friends about the product 

9. I intend to talk about the product on 

every occasion 

10. I intent to provide as many details as I 

can about the product 

7. Ik ben van plan over het product te praten 

8. Ik ben van plan mijn vrienden te vertellen 

over dit product 

9. Ik ben van plan mijn vrienden bij elke 

gelegenheid te vertellen over dit product 

10. Ik ben van plan over elk detail van dit 

product te vertellen 

Online WOM 11. I would react to this post 

12. I would ‘like’ this post 

13. I would tag my friends in this post 

11. Ik zou op dit bericht willen reageren 

12. Ik zou dit bericht willen liken 

13. Ik zou mijn vrienden willen ‘taggen’ in 

deze post 

Need for 

popularity 

14. I have done things to make me more 

popular even when it meant doing 

something I would not usually do 

15. It’s important that people think I’m 

popular 

16. Some times I’ve gone out with 

people, just because they were 

popular 

17. I’ve bought things, because they were 

the “in” things to have 

18. I often do things just to be more 

popular with people  

14. Ik heb wel eens dingen gedaan die ik 

normaal Niet zou doen om zo populair 

over te komen 

15. Het is belangrijk dat andere mensen mij 

zien als populair 

16. Soms ben ik dingen gaan doen met 

mensen, alleen omdat zij populair zijn 

17. Ik heb dingen gekocht, alleen omdat ze op 

dat moment 'in' waren. 

18. Ik doe regelmatig dingen om populairder 

over te komen bij mensen 
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 Survey after pre-test 

Table 23 Survey used after the pre-test (changes marked) 

Construct Item Dutch translation 

General 1. My age is: 

2. I identify my gender as: 

3. My level of education is: 

1. Mijn leeftijd is: 

2. Ik identificeer mijn gender als zijnde: 

3. Mijn opleidingsniveau is: 

Usage 4. How much do you use Instagram? 

5. On a scale of 1-7, how well do you 

follow football? 

4. Ik gebruik Instagram: 

5. Ik volg voetbal: 

 

Select an option 6. Click on the following link and select 

the option that is shown to you on the 

website 

6. Klik op de onderstaande link en klik op de 

optie die voor jou aangegeven wordt op de 

website 

Offline WoM After seeing the post and profile it is more 

probable that I.. 

7. ..would talk about the product 

8. ..would tell other interested people 

about the product 

9. ..would tell other interested people 

about the product on every occasion 

10. ..would tell about every detail of the 

product 

Na het zien van de post en profiel is het 

waarschijnlijker dat ik.. 

7. ..zou praten over dit product 

8. ..andere geïnteresseerden zou vertellen 

over dit product 

9. ..andere geïnteresseerden bij elke 

gelegenheid zou vertellen over dit product 

10. ..over elk detail van dit product zou 

vertellen 

Online WOM 
11. I would react (positively) to this post 

12. I would ‘like’ this post 

13. I would tag my friends in this post 

11. Ik zou (positief) op dit bericht willen 

reageren 

12. Ik zou dit bericht willen liken 

13. Ik zou mijn vrienden willen ‘taggen’ in 

deze post 

Need for 

popularity 

14. I have done things to make me more 

popular even when it meant doing 

something I would not usually do 

15. It’s important that people think I’m 

popular 

16. Some times I’ve gone out with 

people, just because they were 

popular 

17. I’ve bought things, because they were 

the “in” things to have 

18. I often do things just to be more 

popular with people  

14. Ik heb wel eens dingen gedaan die ik 

normaal Niet zou doen om zo populair 

over te komen 

15. Het is belangrijk dat andere mensen mij 

zien als populair 

16. Soms ben ik dingen gaan doen met 

mensen, alleen omdat zij populair zijn 

17. Ik heb dingen gekocht, alleen omdat ze op 

dat moment 'in' waren. 

18. Ik doe regelmatig dingen om populairder 

over te komen bij mensen 
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8.5. Final survey in google forms 

Instagram research 

Beste respondent, 

In de volgende survey wil ik u enkele vragen stellen met betrekking tot uw social media gebruik. Uw 

antwoorden zullen met de vereiste discretie behandeld worden, wat betekent dat de resultaten volledig 

anoniem en Niet-traceerbaar zullen zijn. Ik ga de gegevens van de antwoorden gebruiken bij het 

opstellen van mijn masterscriptie voor mijn opleiding Innovation Management aan de technische 

universiteit van Eindhoven. 

Beantwoord de vragen alstublieft met eerlijkheid. Uw antwoorden zullen Niet herleidbaar zijn en het 

zal de kracht en de generaliseerbaarheid van de resultaten enorm ten Goede komen. 

Tevens wil ik u bij voorbaat danken voor uw medewerking. 

Algemene informatie 

1) Mijn leeftijd is 

a. 18-21 

b. 22 – 25 

c. 26 – 29 

d. 30 – 33 

e. 34 – 37 

f. 38+ 

2) Ik identificeer mijn gender als zijnde: 

a. Man 

b. Vrouw  

3) Mijn opleidingsniveau is: 

a. Middelbaar 

b. MBO 

c. HBO 

d. WO 

4) Ik gebruik Instagram 

a. Heel Vaak 

b. Vaak 

c. Soms 

d. Bijna nooit 

e. Nooit 

Klik op de onderstaande link en klik op de optie die voor jou aangegeven wordt op de website.  

5) http://smartgoalstraining.com/random/ 

a. Ik zie optie 1 op de site 

b. Ik zie optie 2 op de site 

c. Ik zie optie 3 op de site 

d. Ik zie optie 4 op de site 

e. Ik zie optie 5 op de site 

http://smartgoalstraining.com/random/
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f. Ik zie optie 6 op de site 

g. Ik zie optie 7 op de site 

h. Ik zie optie 8 op de site 

Vul de volgende vragen in alsof u geïnteresseerd bent in het aanschaffen van SmartGoals. Dit is het 

product dat weergegeven wordt in de social media post op de volgende pagina.  

Beeld u tevens in dat het profiel en de post die u ziet van een bekende speler in de Eredivisie zijn. 

Bekijk de onderstaande video als u SmartGoals Niet kent 

 

Optie 1 

LET OP: Vul de volgende vragen in alsof u geïnteresseerd bent in het aanschaffen van SmartGoals (de 

doeltjes die te zien zijn op de afbeelding). LET OP: Vul de vragen in alsof het profiel van een bekende 

speler in de Eredivisie is. 

6) Na het bestuderen van deze post en profiel is het waarschijnlijker dat ik... 

a. .. zou praten over dit product 

b. .. andere geïnteresseerden zou vertellen over dit product 

c. .. andere geïnteresseerden bij elke gelegenheid zou vertellen over dit product 

d. .. over elk detail van dit product zou vertellen 

i. Zeker Niet 

ii. Zeer waarschijnlijk Niet 

iii. Waarschijnlijk Niet 

iv. Neutraal 

v. Waarschijnlijk 

vi. Zeer waarschijnlijk 

vii. Zeker 

7) Ik zou (positief) op dit bericht willen reageren 

8) Ik zou dit bericht willen “liken” 

9) Ik zou andere geïnteresseerden willen "taggen" in deze post. 

10) Geef aan welke optie het beste bij jou past 

a. Ik heb wel eens dingen gedaan die ik normaal Niet zou doen om zo populair over te 

komen 
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b. Het is belangrijk dat andere mensen mij zien als populair 

c. Soms ben ik dingen gaan doen met mensen, alleen omdat zij populair zijn 

d. Ik heb dingen gekocht, alleen omdat ze op dat moment 'in' waren. 

e. Ik doe regelmatig dingen om populairder over te komen bij mensen 

i. Helemaal mee eens 

ii. Mee eens 

iii. Min of meer mee eens 

iv. Neutraal  

v. Min of meer mee eens 

vi. Mee oneens 

vii. Helemaal mee oneens 
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8.6.  Population description 

 Age 

 
Table 24 Age list of respondents 

Age groups Frequency Percent Valid Percent 

Cumulative 

Percent 

Valid 18-21 57 28,8 28,8 28,8 

22-25 96 48,5 48,5 77,3 

30-33 8 4,0 4,0 81,3 

34-37 1 ,5 ,5 81,8 

38+ 36 18,2 18,2 100,0 

Total 198 100,0 100,0  

 

 
Table 25 Age list per option 

  18-21 
 

22-25 
 

30-33 
 

34-37 
 

38+ 
 

Total 

Option 

HHH 6 19% 16 50% 2 6% 1 3% 7 22% 32 

HHL 8 31% 15 58% 1 4% 0 0.0% 2 8% 26 

HLH 7 29% 7 29% 2 8% 0 0.0% 8 33% 24 

HLL 9 33% 14 52% 1 4% 0 0.0% 3 11% 27 

LHH 9 41% 9 41% 0 0% 0 0.0% 4 18% 22 

LHL 6 29% 10 48% 1 5% 0 0.0% 4 19% 21 

LLH 9 36% 12 48% 1 4% 0 0.0% 3 12% 25 

LLL 3 14% 13 62% 0 0% 0 0.0% 5 24% 21 

Total 57 29% 96 49% 8 4% 1 0.5% 36 18% 198 

 

 Gender 

 

Table 26 Gender of respondents 

 Frequency Percent Valid Percent 

Cumulative 

Percent 

Valid man 135 68,2 68,2 68,2 

Woman 63 31,8 31,8 100,0 

Total 198 100,0 100,0  

 
Table 27 Gender per option 

 Man  Woman  Total 

 HHH 21 66% 11 34% 32 

HHL 16 62% 10 38% 26 

HLH 19 79% 5 21% 24 

HLL 20 74% 7 26% 27 

LHH 17 77% 5 23% 22 

LHL 12 57% 9 43% 21 

LLH 17 68% 8 32% 25 

LLL 13 62% 8 38% 21 

Total 135 68% 63 32% 198 
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 Education level 
Table 28 Education level of respondents 

 

Frequency Percent Valid Percent 

Cumulative 

Percent 

Middelbaar 7 3,5 3,5 3,5 

MBO 22 11,1 11,1 14,6 

HBO 75 37,9 37,9 52,5 

WO 94 47,5 47,5 100,0 

Total 198 100,0 100,0  

 
Table 29 Education level per option 

  Middelbaar   MBO   HBO   WO   Total 

Option 

HHH 2 6% 6 19% 13 41% 11 34% 32 

HHL 0 0% 3 12% 9 35% 14 54% 26 

HLH 2 8% 2 8% 8 33% 12 50% 24 

HLL 1 4% 4 15% 10 37% 12 44% 27 

LHH 0 0% 2 9% 9 41% 11 50% 22 

LHL 0 0% 1 5% 9 43% 11 52% 21 

LLH 1 4% 2 8% 11 44% 11 44% 25 

LLL 1 5% 2 10% 6 29% 12 57% 21 

Total 7 4% 22 11% 75 38% 94 47% 198 

 Instagram use 

 

Table 30 Instagram use of respondents 

 

Frequency Percent Valid Percent 

Cumulative 

Percent 

Nooit 42 21,2 21,2 21,2 

Bijna nooit 15 7,6 7,6 28,8 

Soms 32 16,2 16,2 44,9 

Vaak 70 35,4 35,4 80,3 

Heel Vaak 39 19,7 19,7 100,0 

Total 198 100,0 100,0  

 

Table 31 Instagram use per option 

  Nooit 
  

Bijna 

nooit   
Soms 

  
Vaak 

  

Heel 

Vaak   
Total 

Random option 

HHH 8 25% 1 3% 8 25% 9 28% 6 19% 32 

HHL 5 19% 2 8% 5 19% 9 35% 5 19% 26 

HLH 5 21% 5 21% 2 8% 5 21% 7 29% 24 

HLL 8 30% 0 0% 5 19% 9 33% 5 19% 27 

LHH 6 27% 1 5% 4 18% 8 36% 3 14% 22 

LHL 0 0% 3 14% 2 10% 13 62% 3 14% 21 

LLH 6 24% 1 4% 2 8% 7 28% 9 36% 25 

LLL 4 19% 2 10% 4 19% 10 48% 1 5% 21 

Total 42 21% 15 8% 32 16% 70 35% 39 20% 198 
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 Football interest 

 

Table 32 Football interest of respondents  

  

Frequency Percent Valid Percent 

Cumulative 

Percent 

Niet 55 27,8 27,8 27,8 

Een beetje 37 18,7 18,7 46,5 

Niet bijzonder Goed 21 10,6 10,6 57,1 

Goed 49 24,7 24,7 81,8 

Heel Goed 36 18,2 18,2 100,0 

Total 198 100,0 100,0  

 
Table 33 Football interest per option 

  Niet 
  

Een 

beetje 
  

Niet 

bijzonder 

Goed   
Goed 

  

Heel 

Goed 
  

Total  

Random 

number 

HHH 10 31% 4 13% 4 13% 6 19% 8 25% 32 

HHL 13 50% 3 12% 4 15% 5 19% 1 4% 26 

HLH 4 17% 3 13% 3 13% 9 38% 5 21% 24 

HLL 8 30% 4 15% 0 0% 10 37% 5 19% 27 

LHH 8 36% 6 27% 1 5% 3 14% 4 18% 22 

LHL 5 24% 7 33% 1 5% 7 33% 1 5% 21 

LLH 6 24% 3 12% 3 12% 6 24% 7 28% 25 

LLL 1 5% 7 33% 5 24% 3 14% 5 24% 21 

Total 55 28% 37 19% 21 11% 49 25% 36 18% 198 
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8.7. Factor analyses 

 Factor analysis for WOM and ROI 

 

Correlation Matrixa 
 ALGWOM1 ALGWOM2 ALGWOM3 ALGWOM4 ALGROI1 ALGROI2 ALGROI3 

Correlation ALGWOM1 1,0 ,832 ,720 ,692 ,629 ,596 ,468 

ALGWOM2 ,832 1,000 ,699 ,658 ,635 ,561 ,554 

ALGWOM3 ,720 ,699 1,000 ,790 ,578 ,533 ,466 

ALGWOM4 ,692 ,658 ,790 1,000 ,562 ,512 ,434 

ALGROI1 ,629 ,635 ,578 ,562 1,000 ,668 ,532 

ALGROI2 ,596 ,561 ,533 ,512 ,668 1,000 ,607 

ALGROI3 ,468 ,554 ,466 ,434 ,532 ,607 1,000 

Sig. (1-tailed) ALGWOM1  ,000 ,000 ,000 ,000 ,000 ,000 

ALGWOM2 ,000  ,000 ,000 ,000 ,000 ,000 

ALGWOM3 ,000 ,000  ,000 ,000 ,000 ,000 

ALGWOM4 ,000 ,000 ,000  ,000 ,000 ,000 

ALGROI1 ,000 ,000 ,000 ,000  ,000 ,000 

ALGROI2 ,000 ,000 ,000 ,000 ,000  ,000 

ALGROI3 ,000 ,000 ,000 ,000 ,000 ,000  

 

 

 

Component Matrixa 

 

Component 

1 2 

ALGWOM1 ,875 -,215 

ALGWOM2 ,873 -,132 

ALGWOM3 ,846 -,322 

ALGWOM4 ,821 -,352 

ALGROI1 ,805 ,217 

ALGROI2 ,777 ,412 

ALGROI3 ,696 ,532 
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 Factor analysis Need for Popularity 

 

Correlation Matrixa 
 NFP1 NFP2 NFP3 NFP4 NFP5 

Correlation NFP1 1,000 ,543 ,502 ,316 ,519 

NFP2 ,543 1,000 ,398 ,216 ,657 

NFP3 ,502 ,398 1,000 ,348 ,471 

NFP4 ,316 ,216 ,348 1,000 ,275 

NFP5 ,519 ,657 ,471 ,275 1,000 

Sig. (1-tailed) NFP1  ,000 ,000 ,000 ,000 

NFP2 ,000  ,000 ,001 ,000 

NFP3 ,000 ,000  ,000 ,000 

NFP4 ,000 ,001 ,000  ,000 

NFP5 ,000 ,000 ,000 ,000  
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8.8. Group statistics 

 Group statistics for creativity 

Group Statistics 

 CreaScore N Mean Std. Deviation Std. Error Mean 

WOM variance explained by 

creativity 

low 89 -,161 1,2257 ,1299 

high 107 ,007 1,4573 ,1409 

ROI variance explained by 

creativity 

low 89 -,201 1,4469 ,1534 

high 107 ,186 1,5603 ,1508 

 

 Group statistics for Credibility 

 

Group Statistics 

 CrediScore N Mean Std. Deviation Std. Error Mean 

WOM varience explained by 

credibility 

low 97 ,011 1,3197 ,1340 

high 99 -,207 1,3897 ,1397 

ROI varience explained by 

credibility 

low 97 ,094 1,4803 ,1503 

high 99 -,107 1,5351 ,1543 

 

 Group statistics for popularity 

Group Statistics 

 PopScore N Mean Std. Deviation Std. Error Mean 

WOM variance expleined by 

popularity 

low 94 -,082 1,2623 ,1302 

high 101 ,142 1,4151 ,1408 

ROI variance explained by 

popularity 

low 94 ,013 1,3454 ,1388 

high 101 ,011 1,6317 ,1624 
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8.9. ANOVA for controlling variables 

 Age 

 
Table 34 ANOVA for age-group 

ANOVA 

 Sum of Squares df Mean Square F Sig. 

AvWom Between Groups 15,469 1 15,469 8,354 ,004 

Within Groups 359,240 194 1,852   

Total 374,709 195    

AvROI Between Groups 15,483 1 15,483 6,808 ,010 

Within Groups 441,185 194 2,274   

Total 456,668 195    

 

 

 
Figure 15 Age category on WOM 
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 Gender 

 
Table 35 ANOVA for Gender on WOM and ROI 

ANOVA 

 Sum of Squares df Mean Square F Sig. 

AvWom Between Groups ,713 1 ,713 ,370 ,544 

Within Groups 373,996 194 1,928   

Total 374,709 195    

AvROI Between Groups 1,004 1 1,004 ,427 ,514 

Within Groups 455,664 194 2,349   

Total 456,668 195    

 Education 

 
Table 36 ANOVA for level of education on WOM and ROI 

ANOVA 

 Sum of Squares df Mean Square F Sig. 

AvWom Between Groups 21,646 3 7,215 3,924 ,010 

Within Groups 353,063 192 1,839   

Total 374,709 195    

AvROI Between Groups 20,047 3 6,682 2,939 ,034 

Within Groups 436,621 192 2,274   

Total 456,668 195    

 

 

Figure 16 Means plot for education level and WOMROI 



87 

 

 Instagram use 
Table 37 ANOVA for Instagram use on WOM and ROI 

ANOVA 

 Sum of Squares df Mean Square F Sig. 

AvWom Between Groups 8,162 4 2,040 1,063 ,376 

Within Groups 366,547 191 1,919   

Total 374,709 195    

AvROI Between Groups 29,196 4 7,299 3,261 ,013 

Within Groups 427,473 191 2,238   

Total 456,668 195    

 

 

Figure 17 Mean plot for Instagram use and ROI 

 Football interest 
 

Table 38 ANOVA of football interest on WOM and ROI 

ANOVA 

 Sum of Squares df Mean Square F Sig. 

AvWom Between Groups 43,400 4 10,850 6,255 ,000 

Within Groups 331,309 191 1,735   

Total 374,709 195    

AvROI Between Groups 41,488 4 10,372 4,772 ,001 

Within Groups 415,180 191 2,174   

Total 456,668 195    
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Figure 18 Mean plot of Football interest and WOMROI 

 Need for popularity 

 
Table 39 ANOVA table for NFP on WOM and ROI 

ANOVA 

 Sum of Squares df Mean Square F Sig. 

AvWom Between Groups 28,817 5 5,763 3,166 ,009 

Within Groups 345,892 190 1,820   

Total 374,709 195    

AvROI Between Groups 20,384 5 4,077 1,775 ,120 

Within Groups 436,285 190 2,296   

Total 456,668 195    

 

 
Figure 19 Mean plot for NFP and WOM 
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Figure 20 Mean plot for NFP and ROI 
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8.10. Step-wise reduction model summaries 

 WOM 

 

 ROI 

 
Model Summary 

Model R R Square 

Adjusted R 

Square 

Std. Error of the 
Estimate 

Change Statistics 

R Square Change F Change df1 df2 

Sig. F 

Change 

1 ,278a ,077 ,072 
1,4739 ,077 16,204 1 

194 ,000 

2 ,359b ,129 ,120 
1,4358 ,052 11,437 1 

193 ,001 

3 ,414c ,171 ,158 
1,4039 ,043 9,892 1 

192 ,002 

a. Predictors: (Constant), Football interest 1=niet, 2 =een beetje, 3=niet bijzonder goed, 4=goed, 5=heel goed 
b. Predictors: (Constant), Football interest 1=niet, 2 =een beetje, 3=niet bijzonder goed, 4=goed, 5=heel goed, Insta use 
Nooit=1, Bijna nooit=2, Soms=3, Vaak=4, Heel vaak=5 
c. Predictors: (Constant), Football interest 1=niet, 2 =een beetje, 3=niet bijzonder goed, 4=goed, 5=heel goed, Insta use 
Nooit=1, Bijna nooit=2, Soms=3, Vaak=4, Heel vaak=5, Age category 

 

 

 
 

Model R R Square 
Adjusted R 
Square 

Std. Error of the 
Estimate 

Change Statistics 
R Square Change F Change df1 df2 Sig. F Change 

1 ,300a ,090 ,085 1,3258 ,090 19,175 1 194 ,000 

2 ,349b ,122 ,113 1,3057 ,032 7,035 1 193 ,009 

3 ,394c ,155 ,142 1,2838 ,033 7,614 1 192 ,006 

4 ,419d ,176 ,158 1,2717 ,020 4,676 1 191 ,032 

a. Predictors: (Constant), Football interest 1=niet, 2 =een beetje, 3=niet bijzonder goed, 4=goed, 5=heel goed 
b. Predictors: (Constant), Football interest 1=niet, 2 =een beetje, 3=niet bijzonder goed, 4=goed, 5=heel goed, Age 
category 
c. Predictors: (Constant), Football interest 1=niet, 2 =een beetje, 3=niet bijzonder goed, 4=goed, 5=heel goed, Age 
category, Insta use Nooit=1, Bijna nooit=2, Soms=3, Vaak=4, Heel vaak=5 
d. Predictors: (Constant), Football interest 1=niet, 2 =een beetje, 3=niet bijzonder goed, 4=goed, 5=heel goed, Age 
category, Insta use Nooit=1, Bijna nooit=2, Soms=3, Vaak=4, Heel vaak=5, Average NFP 
 


